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Annmarnma: byn makananma skacTtap CHASHTiIHIH Ka3ak TiliHiH 5KOJOTUSICbIHA acepi
KapacTeipbliafbl. COHFBI KbLIZAPHI JKAacTap apachlHIa JKaHa TiNAiK KyObLIbICTAPAbIH GelIceHpi
TYpHAe KaJbIIITacybl Oajikanambl. OJIeyMeTTiK KejiJiepaiH, MHTePHETTiH JXKoHe aKIapaTThIK
TeXHOJOTUsIapAblH, KAaPKbIHAbI JaMybl sKacTapAblH CO3MiK KOpbIHA aiTapJ/bIKTail e3repicrep
oKkenmi. JKaHa yreIMIap MeH KbICKApThUJIFAH CO31ep KMi KoJOAaHbICKa eHill, A8CTYp/ai Tilgik
HOpMaJjapaaH aybITKy 6alikanambl. Bys KyObIIbIC TiAAiH maMyblHA BIKIIAJ €Te Me, 9JiJle OHbBIH,
JIEKCUKAJIBIK KoHEe IPaMMAaTUKaIbIK KYPbIIBIMbIHA KAyill TOHZipE Me — 3epTTeY/iH HeTi3ri Maceseci
OCBbIFaH apHajaabl. MaKaaama Tii 9KOJOTUSIChI YFBIMBIHBIH, TEOPUSIJIBIK, HETi3/Iepi KapacThIPbUILIII,
’KacTap CASHTIHIH TiJAi JacTay HeMece OHbI XaHApTy TYPFbIChIHAH Kajail bIKIIaJ eTeTiHi
capajiaHajapl. 3epTTey OapbIChIHAA TaJAAy, CAJBICTBIPMAJbl 9Jic, cayaJiHaMa XYprizy >koHe
KOHTEHT-Ta/IIay diCTepi KOJAMaHbUIAbI. JKacTap CAHTIHIH KOFaMIaFbl PeJii, OHBIH T ©3repTy
MYMKiHZiKTepi )XoHe 6oJanakTa Ka3ak TiTiHiH JaMy YpAiciHe acepi TanmaHaabl.

TyiiiH ce3aep: skacTap CJI3HTI, TiJl 9KOJIOTUSICHI, TIIIK ©3TepicTep, MHTepHET-eKCHUKa, Coiiiey
MOJeHMeTi, Ka3ak TiJi.

Kasipri rtingmix skargaii skacTap TiJi MeH O9CcTypJi omeb6u Hopmajaap apacblHIarbl
6arimaHbICTApAbI KaHAIA KapacThIpyabl Tamatn etefi. XKactap ciasHri — 6enrimi 6ip xkac TonTapbsiHa
TOH GeiipecMy TIMAIK KOJJaHbICTAPIAbIH JKUbIHTBIFbI. OHbIH Maiiga 60/1ybl MHTEPHET KeHicTiriMeH,
9JIeYMETTIiK ’KejijiepMeH >XKoHe FaJaMIObIK aKIapaTThIK aFbIHMEH TiKejei OaitaaHbICThI. By
KYOBLJIBIC TEK Ka3ak TiJiHIae raHa eMec, 6acka ma Tingepnae 6aiikananmbl. XKacTap apacblHAAFbI
KOMMYHMKaIMSIA KeH TapajfaH )kaHa ce3/iep MeH KbICKapTy/ap TUIAi KeHil api bIHFAMIbI eTyTe
OarpITTAJIFaHBIMEH, OJIAp Kejiae IacTyp/li HopMasiapFa Kaiiibl Kejiemi. MaKaaaHbIH HETi3ri MaKCaThl
— >KacTap CJI3HTiIHIH Ka3ak TiMiHiH 9KOJOTMSICbIHA TUTI3ETiH 9CePiH 3epTTey, OHBbIH OH XK9He Tepic
’KaKTapblH aHbIKTay. By MaceseHi jkaH-)KaKThl KapacThIpy YIIiH OipHelle 3epTTey amicTepi
KOMaHbLIAbl. KOHTEHT-Ta/Nmay 9/1ici apKblJIbl MHTEPHETTETI KacTapAblH TiAiK KOJIAAaHbICTAPbI
TaJAJaHbII, 0JIapAbIH KYpPbLIbIMbI MEH Ma3MyHbI capanTananbl. CalbICThIPMaJIbl Ta/JAAy apKbIIbI
CJISHT CO37epiHiH A9CTyp/i Ka3ak TimiMeH GaiiaHbIChl KapacThIpbUIAbl. COHBIMEH KaTap, sKacTap
apachlHIa cayaJHaMa >XKYpPri3ijiin, osaphblH CA9HTKe Ke3KapacTapbl aHbIKTaAAbl. OChl 8AicTepAiH
KOMeTiMeH skacTap TiJli MeH Ka3ak TiJliHiH 9KOJOTMSUIBIK JKaF[aibl apachbIHIAFbl 63apa OaiilaHbIC
aliKbIHIAJIIbI.

JKacTtap CISHTiHIH Heri3ri epexinesyikTepiHiH 6ipi — OHBIH XbIIZAM ©3repyi skoHe >kaHa
ce3nepAiH maiima 60y KapKbIHbI. OJ€YMETTIK KeJlijieplie, MeCCeHIKepiaepe koHe 6elipecMu
opTaja XK1i KOJIAHbLIATBIH CO3Mep Kelime TYpaKThl TiIIiK KOPAbIH Oip OejiriHe aiiHaaagbl, al
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Kelibipeysepi yakpIT ©Te KeJjie YMBIThUIBII KeTei. MyH1ai KyObLIbICThI IMHTBUCTUKAIBIK, TYPFbITAH
IVHAMMKAJIbIK ©3TepicTep peTiHae KapacTeIpyFa 6osambl. [lereHMeH, JKacTapablH coiiiey TimiHe
eHTi31/IreH jKaHa ce3aep MeH KbICKapTyJiap Keiae AoCTypJIi rpaMMaTUKAJIbIK, KYPbLIbIMIbI Oy3a/Ibl.
Til 3KOJOTMUSICHI YFBIMBI TiJIAiH TaGUFM HaMVybIH, OHBIH ilIKi yijgeciMainirin skeHe mypbIC
KOJITaHbUTYbIH Ginpipeni. Erep skactap CJIsHIi o1e6y HOpMajapra 3MsIH TUri3eTiH 6oJica, oHOa 6y
TUIIIK 9KOJIOTUSIHBIH, Oy3bUTybIHA 9Kemyi MyMKiH. Fampimmap C. KackabacoB koHe P. CbhI3IbIKOBA
TUIIiH Ta3aJbIFbl MEH OHBIH AYPbIC KOJJTAHBLIYbI YITTHIK MOIEHMETTiH MaHbI3Ibl 66JIiri eKeHiH
arar eTkeH [1, 76]. OnapaplH MmiKipiHiIe, TiAi TacTaiThiH (aKTOPIApAbIH 6ipi — CO3/iK KypaMHbIH
IIIEKTEH ThIC ©3Tepyi JKoHe MarbIHAJbIK aybITKY/IapIbIH OPbIH aTybl.

Keiibip 3eprTTeyiuizep skacTap CASHTIH TiAAiH JaMyblHa OH BIKIIAJ €TEeTiH KYObLIbIC [eIl
ca”aigpl. Oyap kaHa cesmep Tiai 6alibiTaabl JKOHE OHbI 3aMaH TajJaObIHA caii MKeMAeiai geimn
ecenTeiigi. Bya TyprbImaH ajdraHpga, skactap Tili GeiipecMM KapbIM-KaTbhIHACcKa MKeMi,
IVMHAMMKAJIbIK Kypasl peTiHae KapacThIpbliaabl. MbIcaibl, Kasak TiliHAe OypbIH OoJMaraH, 6ipak
OYriHri TaHIa KacTap apachlHa KeH TaparaH «ro», «Tyca», «<KPUHK» CUSIKTBI CO3Ep TiIi JKaHapTy
MIpoIleciHe yJiec KOChIM XaTbIp. [lereHMeH, MyHai co3AepAiH y3aK Mep3iMIi mepcrneKTMBama Kasak
TiniHIH KypbLIbIMbIHA KaJlail ocep eTeTiHi aJIi Ae 3epTTeyAi KakeT eTefi. backa ranbiMaap skactap
CJISHTIHIH apThIK KOJIJAHBICHI TiJl MoIeHMETiHIH TOMeHeyiHe a/lbIl Kejiefi Aen caHaliabl. MbIcasibl,
6enrini auuarsuct II. Kypmau6aiyabl Tinmik HopmaJapAblH caKTaJMaybl MeH OeilipecMu
KOJITaHbICTAPIbIH Kebeloi o1ebu TinmiH G6emeniHe HyKcaH KedTipeTiHiH aiTansr [2, 88]. On
>KacTapbIH peCMM OpTaja Ia CJISHT CO3AepiH MaiganaHysl TiIAi >KeHIAAeTill KaHa KoliMali, OHbIH
KYPbIIBIM/IBIK €peKIle/liKTepiH a/icipeTyi MYMKiH eKeHiH aTall eTei.

Tin sxosorusicbl — Oy TiNAiH TaOGUFM HaMybIH, OHBIH iIIKi yisieciMAiMiriH koHe DypbIC
KOJITAHbUTYbIH KapacThIPAThIH FhIIbIMM OarbIT. Ka3ak TisliHe jkacTap CJI9HTiHIiH 8CcepiH TYCiHY VIIIiH,
aJIIbIMEeH OChl YFBIMHBIH MaHbI3bIH aHbIKTAy KaxkeT. Ka3ak JMHTBUCTUKACBIHBIH KOPHEKTI OKiji
Po6ura ChI3IBIKOBA TiJi 9KOJOTUSICBIHBIH, HETri3Ti KarumajapblH KapacTbhIpa OTBIPBIMN, TiJeTi
esrepicTepiH TabUFY KoHEe KacaHIbl (paKTOpIap apKbLIbI JKYPETiHiH aTarn eTefAi. OHbIH MiKipiHIIe,
TIIAIK KOpAArsl kaHa KyObUIbICTAp, erep ojap KOMMYHMUKAUMSIUIBIK KasKeTTi/likTepre kayarn 6epce
’KoHe ameby HopMasiapabl 0y36ait, Tijzai 6aiibITca, OHIA OJapabl TUINIK AaMyIObIH 6ip O6eJiri peTiHme
Kabbpmayra 6omanpl. JlereHMeH, CJAHT TeH JKapTOHAApIbIH II€KTEH ThIC KOJIAHBICHI TiJ
MoJieHMeTiHe Kepi acep eTill, agebu TinAiH 6emeniH TeMeHAeTyi MyMKiH [3, 102].

JKactap CJISHTiHIH Til 9KOJOTMSChIHA BIKIAJbI Typasibl ITiKipTasacrap kanracyna. Keiibip
3epTTeylIijiep OHbI CO3MiK KOPAbl KEHENTY Kypasbl peTiHJe KapacThipca, eH/i 6ipeysiepi Tiimiy
KYPBUIBIM/IBIK, TYPaKThIIBIFbIHA KAYill TOHIiIpeai merr caHalimbl. VIBaHOBA ©3 3epTTeyiHAe JKacTap
CJI9HTIHIH, KaJbITITACYbIH 9JIEYMETTIiK JKoHe TeXHOJIOTUSIIBIK (aKTopiaapMeH 6GaiaaHbICThIPAIbI.
OHbIH aiiTybIHIIA, 3aMaHayy KOFaMJa KOMMYHMKAILMS KbUIAAMIbIFBIHBIH, apTybl aJaMIapIbIH
KbICKa, OelipecMyu ce3mepmi KMi KOJAJaHybIHA aJbIll Kejai. Byi, e3 KeseriHme, CI9HTTIH KeH
TapaJiyblHa JXK9He OHbIH KYHMEJiKTiI TUIAIK Toxkipubeme OpHBIFybIHA BIKIAJ eTTi. ViBaHOBa
’KacTapAbIH CJISHTIH TLMAiH JaMybIHBIH TabuFM MMPoIleci Jemn KapacThipaabl, 6ipak OHbIH FhUIBIMU
’KoHEe pecMu opTara eHbOeyi Kepek eKeHiH eckepTeni [4, 95].

JKacTtap ChA3HTiIHIH apTbhIK KOJAAHbUIYbl TiJIJiH JeKCUKAJbIK >XoHe TpaMMaTUKaIbIK
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KYPbIIbIMbIHA KaH/Iali ocep eTeTiHi Typasbl Petrova e3 3epTTeyiHme TokTanraH. OJ Kasipri 3aMaHFbl
CJIDHTTIH 6aCThI €peKIIIesTiTi — OHbIH YaKbITIIA KyObUTbIC eKEHIITiH aifTanbl. KentereH ciasHr ce3aepi
Oesriai 6ip yakbIT apa/bIFbIHIA FAHA KOJOAHbICTa 00JIabl KoHe KeiiiH YMBIThUIBIN KeTefdi. Petrova
Oy KYOBIJIBICTHI «JIMHIBUCTUKAJBIK 3PO3USI» AEIl CUIIATTaiObl, ©MTKEeHi CJI3HI OBCTYpJi
rpaMMaTHKaJbIK epeskesiep/i aifHabIIl OTill, coiiiey TiTiHIH KapanaibIMJIaHybIHA 9Keyi MYMKiH.
OHbBIH OJBIHINA, TUIIIH Y3aK Mep3iM/Ii TYpPaKTbUIBIFBI YIIIiH 97€61 HOpMaapabl CaKTay MaHbI3[IbI,

aJI )kKacTap TiJli ocbl HOpMaJlapra 3UsTHbIH TUrizbeyi kepek [5, 107].

JKacTapablH ce3/iK KOpbIHA 8cep eTeTiH Tarbl 6ip gakTop — Oy 8JIeyMeTTiK opTa MeH
KOMMYHMKAIMS Kypaagapbl. Vasilyev skacTtap Tisii MeH OHbIH KOFaMIaFbl PeJii TypaJibl 3epTTeyiHAe
9JIeyMeTTiK XXejiJiepHiH TiiAre bIKMaJdblH aTtan kepceteni. OHBIH MiKipiHIIe, FaaaMTOp
riaTopmManapbiHbIH, 8Cepi sKacTapAblH TiAAIK JardbliapbliH ©3repTyie Heri3ri pes aTkapasibl.
OJIeYMETTIK sKeJlijiepaeri KbIcKa XxabapjiaManap MeH MeCCeHJKepiepe KOJTAaHbUIAThIH CO3MIiK
KbICKAPTYJIap AACTYPJIi TpaMMaTHKa MeH CMHTAaKCUCTi ©3repTyre aKeayi MyMKiH. Vasilyev 6yn
YPAOicTi «TUIiH KeHiNAeTiTyi» el cuIaTTaiabl JKoHe OHbIH CaJgapbl PeTiHe sKacTap/blH 9/1e6m
TUIAI TYCiHY JleHTeliHiH TeMeHIeyiH aTan eTeni [6, 115].

By mikipiiepai eckepe OTBIPHIIL, JKacTap CASHTIHIH Ka3ak TiiHiH 9KOJIOTMSChIHA 9CepiH OipHerle
TYpPFbIZAaH KapacThIpyFa 6ojaabl. BipiHIIigeH, CJISHT KacTap apachbIHAAFbl KOMMYHMKALVSIHbBI
KeHigeTeTiH Kypana peTiHae KbidmeT eTefi. OHbIH KOMeriMeH akliapaT Te3 JXeTKi3iseni, an
KbICKApThUIFAH CO3Jep KapbIM-KaTbhIHACThI OeiipecMuiaeHmipeni. By, acipece, mHTepHeT
KeHicTiringe 6enceHi 6aiikanaapl. JlereHMeH, OHBIH IIEKTeH ThIC KOJJAAHBIIYBI 971€0M TiamiH
MaHbI3bIH TOMEH/IETIIT, OHbIH HETi3Ti HOpMalapbIHbIH OY3bUTybIHA AJIbITT KeJTyi MYMKiH.

ExiHmigeH, cJsHT TinmiH e3repyiHe cepriH 6GepeTiH KYObUIBIC peTiHAe KapacThIpbLIabl.
KerTeren skaHa ce3qep yakbIT ©Te KeJjie TYpaKTaHbII, TUIAIK HOpMara aiHaaybl MyMKiH. Ka3zak
Tininge me GYPBIHFBI CJ9HT CO3IEPiHiH KelfiHHeH JKaJIlbl KOJIAHbICKA eHIreH MbIcajagaphl Oap.
Anaiiga, 6y mpoiiecc TabuUFy KoHe 0ipismi 6osybl Tuic. Erep c/JI9HT KeHiHeH KOJIAaHbLIbIII,

KZIACCUMKAJIBIK I'PaMMaTUKAJIBIK epexKejiepre oCep eTce, oHaa TiJI 9KOJIOrMSIChIHA KaYiH TGHYi MYMKiH.

YwiHmigeH, skactap CA9HII Ka3ak TiliHiH 6acka TiigepMeH OaiiaHbICBIHA 1a 9Cep eTemi.
ocipece, OpbIC KOHE afbUIIIbIH TiJiepiHeH eHTreH Ce3JepmAiH KeIlTell KOJOaHbLIYbl TilmiK
acCUMMISIIMSIFA 9Keyi MyMKiH. Bysl Ka3ak Ti/iHiH ©3iHe ToH epeKIlesikKTepiHiH ajicipeyiHe bIKIasl
eteni. ChI3ABIKOBA aTal ©TKeHA e, TIIAIK SKOJTOTUSIHBI CaKTay YIIiH HIeT TiAAiK 3JeMeHTTepIiH
peTTeNreH KOJOaHbIChI MaHbI3Abl [3, 110]. 3epTTey HaTUXKeaepi >KacTaplblH CIJHITI Xui
KOJIJAHAaThIHBIH KepceTce MAe, oJapablH 6achkiM 6eJiri OHbIH pecMM KapbIM-KaTbIHACTa
KOJIIAHbUIYbIH KYIITaMaliAbl. Bya CI9HITIH TeK GeiipecMyM KaTbIHAC KYpPaJibl PeTiHAe Kaly
MYMKIiHJIITiH KepceTei. [lereHMeH, yaKbIT ©Te KeJjie Keibip CJI9HT co3epiHiH SKalbl KOAAAHbICKA

€HY BIKTMMaJIObIFbI )KOFaphl.

JKacTap CA9HTiHIH TiJl 3KOJOTUSChIHA BIKIIAJAbIH SKaH-KaKThl 3epieJiey VIIiH TeK TeOPUSIBIK,
Heri3JepMeH IeKTe/JIMel, HaKTbl MbICaJAap MeH MPaKTUKAJIbIK MaTepuangapra CylieHy KaskeT.
Ocsl opatina 3eptTeyre Instagram ajeyMeTTiK >KelTiCiHAeri KacTapAblH TiJliHe KaThICTHI MiKipaep
MeH >ka3bajap, KOJJAaHYLIbIIap apachlHAAFbl KOMMEHTAapuiiJiep apHaiibl KOHTEHT-Taagay oici

apKbIJIbIl KapacThIpbIAABI. Byn anay Kasipri Tagga skactap apacbhliHOAFbl €H TaHbIMaJ
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KOMMYHUKAIMUSIBIK KYpaJIgapabiH 6ipi O0JbIN caHasaabl sKkoHe OJIapAbIH TiAAiK epeKIIeTikTepin
IIoJI KepceTyre MyMKiH/IK 6epefi. Instagram maTdopMachIHAa KYPri3iareH 6akpuiay 6apbIiChbIHIA
Ka3aKTiaai skacTap >kKui KOJTaHaTbIH CJA9HT CO3Aep MeH TipKecTep aHbIKTaAAbl. MbIcabl, «Kpalll»,
«TOY», «IYIIEBHO OTTi», «6a3ap KOK», KKPUHXK», «PECIIEKT», «CTOPUTE Cajl», «peas He iCTell JXypCiH»
CUSIKTBI TipKecTep kui Kesmecemdi. Bys ce3mep mikip ska3y 6apbIChIHIA SMOIMSIHBI KbICKA 8pi HYCKa
KeTKi3y YIIiH KoJamaHbiambl. KOHTEHT-Talmay KepCceTKeHJei, CJIIHT 3JIeMeHTTepi acipece
6elipecMu kazbasap MeH CcTopuiepre Iikip 6inmipyne KeHiHeH TapasaraH. [ajimasaHynIblIapabIH
apacbiHza «MbIHa 06pa3 Kpamr Koii», «OChl TJoKauMsiga TyCy KYIITi ©TTi», «CTopure caaMaiicbiH 6a?»
IereH CUSIKTBI CO3 TipKecTepi >kui Ke3zgeceni. MyHaan TipkecTep Ka3ak TiliHiH CMHTaKCUCTIiK
KYPbUIBIMbIHA TOH €MeC sKoHe 0JIapIbIH OPbIC He aFbIIIIbIH TiliHEH KaJbKa apKbIJIbl €Hill OThIPFaHbI
Gaiikaaambl.

Ochl KOHTEHT Heri3iHAe cayajHaMa KaiiTa KYpbLIbIIl, HAKThl 8pi TYCiHiKTi cypakTapMeH
TOJIBIKTBIPBLIAbI. CayasiHama oHuaiiH ¢opmarTta 16-24 kac apaabirbiHgarel 100 pecrmoHIeHTTiH
KaTbICybIMEH XYpri3isigi. Anramkbl cypak «Ci3 KyHOemiKTi KapbIM-KaTblHAaCTa CJASHT CO3Iepmi
KOJIZaHachI3 6a?» men KOibLIabl. PecrionmeHTTepdid 84%-bl «Mo» Oell skayan 6epai, an 12%-bl
«Kerige», Tek 4%-bl «>KOK» Jlell KepceTTi. By mepek >kacTap apacblHIa CJISHITIH, KeH KOJIJaHbICTa
eKeHiH Jaenaeini.

Keneci cypak «Ci3fiH olibIHbI31IA, CJIOHT Ka3akK TijJliHe Kepi acep eTe Me?» HereH Ma3sMyHAa
6osabl. By cypakka skayarl 6epreHaepais 37%-bl «usi, o1 91e6u Tinai 6ysanbl» gece, 41%-bl «<KOK,
OJI T/ 6alibITambl» JEeM sKayar 6epai, KairaH 22%-bl «6imMeiiMiH» mern kepceTkeH. OcChI JkayanTap
’KacTap apachIHa Tijre JereH eKi’kaKThl Ke3Kapac KaJabIITaCKaHbIH 6ajikaTadpl. XKacTapabiy 6ip
6eJtiri CJISHTTI 3aMaHayM TUIAIH 37eMeHTi peTiHAe Kabbligaca, eKiHili 6eJiri OHbIH 3USHbI 6ap

eKeHiH cesiHep|.

«CJI9HT ce3mepi pecMy JKaFmaiaapaa Kouganyra 6o1a Ma?» JereH Cypakka pecioHAeHTTepIiH,
6acbhIM OeJiri, IFHU 79%-bl «KOK» Hem skayar 6epni. By onapabiH 6eiipecmu koHe pecMM TiIIiK
KeHiCTiKTepai askbIpaTa ajaTbIHbIH, CJISHITI Oesriii 6ip mekapaga yCTaliiThIHBIH KepceTei. by
sKayar kacTap/blH TiJl MaJleHMeTiHe JereH yKayanKepIIijliriH skoHe CJ9HTITi TeK KapbIM-KaTbIHAC
SKeHUIIeTeTiH Kypasl peTiHIe KOpeTiHiH masenmeimii.

CayanmHama 6apbiceiHma «Kait cJIsHT ce3mepmi skmi KOJAJaHAChI3?» ereH allbiK Cypak Ta
KoVibUIABI. JKayanTapblH illliHEH «TOy», «Kpalll», «4aTTar, «XeiTep», «Tyca», «CTOPU», «MHCTaFa
cai», «Masa XXOK», «peaji», «KbIHIbI» JereH ce3aep kui KaliTasaHabl. By cesgepiH KeMiairi
OpBIC HEMeCe aFbUINIbIH TiIiIHEH TiKeJieii aJblHFaH. ATall eTepIIiK KaiT, Keiibip pecrioHgeHTTep
e3Jepi KoJJaHaThIH CJISHT CO3JepiHiH MarblHAChIHA HAKThI TYCiHiK Gepe ajimaraH. byn skarmaii
CJI9HITiH >kKail FaHa CoHTe aliHajFaH, Keige MarbIHAcbhli3, 6ipak acepsi opma peTiHae TapabIll
’KaTKaHbIH Ginmipesi.

JKuHanraH mepexkTepre cylieHe OTBIPbII, KacTap CJAJHTiHe JereH KaTbhIHACThI YII OarbITTa
6aranayra 6osaabl. BipiHiIigeH, cJISHT — KacTapablH 63iHIiK 60JIMBICBIH OIIAipy TOCiIi, CTWIIb MeH
epKiHIiKTiH KepiHici. Osap oCkl TiIAIK Kypal apKblIbl 9JI€yMETTiK OpTaa 63 OPHBIH TaOyFa, TOI
ilmiHmeri colikecTiKTi HBIFAITyFa ThIpbicaabl. EKiHIIImeH, CJI9HT 6eiipecMy KaTbhIHAC TiJli peTiHme

SKeHUIIIK 6epefi, SMOIMSIHBI XKbIIAAM KEeTKi3yAiH TUiM/Ii TacimiHe aiiHamampl. YIIiHITiAEH, IeKTeH
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ThIC KOJJaHbIJIFAH JKaFmaliia ol TUIMIK MafeHMeTKe Kayill TeHAipeni, acipece AaCTypJli CMHTaKCUC
TeH JIeKCMKaHbI BIFBICTBIPBII IIBIFAPY KAyIli 6ap.

i ChnsHr ceafepai kyHAENikT KonoaHace3 Ga? 106 CnaHr Kasak TiniHe kepi acep eTe me? 1(Olé'lzn-cr'n pecmn kaFpainapaa kongaHyra Gona ma?

a0 B0 aa

a0 B0 a0

40 40 40

PacnakfenTTen (%)
PecnongentTep (%)
PecnarpeHTTEn (%)

20 20 20

na Mok, Eacka Wa WOk, Backa [ Mok, Backa

Instagram cexijizi a/ieyMeTTiK JKeminepaeri TinAik KoamaHbICTapabl 6aKblIay apKbLIbI JKacTap
TiiHIH AMHAMMKAChIH HAKThI Kepyre 6ojaabl. OHmA KaJbIITACKAaH TUIAIK ypAicTep Kasak TiTiHiH
Oosamlak mamy GarbpIThIHA 8Cep eTyi MyMKiH. Op Iikip MeH 3ka36a, ap6ip CAHT €63 kacTap
apacbhlHAAFbl JUMHTBUCTUKAJBIK MiHe3-KYJBIKTBIH KOpiHici peTiHAe KapacTbIPbLIYbl THiC.
CoHJIBIKTaH MYHIal maaT@opManapaarbl KOHTEHTTI FBUIBIMM TalIAay — TiJl 9KOJOTUSACHI YIIiH
©3eKTi MiHgeTTepAiH 6ipi 60JbIII Kaia 6epe/i.

Tin 5KOJIOTMSCHIH caKTay YIiH OYTiHri jkacTap TiiHiH epeKIIeliKTepiH TepicKe IIbIFAPy eMec,
oJlapabl TYCiHiM, 6esnrini 6ip meHbepae 6arpITTay MaHbI3bl. JKacTap CA3HTIH TOJBIKTAM IIEKTEY
MYMKiH eMecC XKoHe KaxkeT Te eMecC, ajaiiga OHbI Tilai 6alibITyAbIH Kypajabl PeTiHOe YThIM/IbI
najigasaHy — TiJI casicaTbl MeH OiliM 6epy sKyiieciHiH algblHAA TypFaH Herisri MingeTTepmiy Gipi.
Ocpbl 6arpITTa SIEYMETTIK JKeJTijiepie Til MoJeHMeTi MeH cayaTThIIBIKThI HACMXATTaiThIH JKobaap,
KOHTEHTTE]D, YeJIeHKIep YibIMAACThIPY — KacTapabl 9e6u Hopmara OGeifiMaeynmiH THiMai
SKOJITapbIHbBIH, 6ipi 60/IMaK.

KopbiTa aiiTKaHaa, >kacTap CJA9HTI — 3aMaH TajabblHa caii KaJbIITaCKaH Ti/IIiK KyObLabic. OHBIH
TiJT 9KOJOTUSICbIHA TUTi3eTiH acepi eKi kaKTbl. bip >karblHAaH, OJ1 KapbIM-KaTbIHAC TACiAmepiH
SKeHIJIeTim, )XacTapAblH 63iHAIK CTUJIb KaJbIITACThIPYbIHA bIKMAaM eTeli. EKiHIII >KaFbIHAH,
CJISHITIH, apThIK KOJTAHBLIYbI TIMAIK MOAEHMETTi TOMEHIETiN, oafe6y HopMaaapablH, OY3bLITybIHA
aJIbIIl KeJIyi MYMKiH. 3epTTey HoTMKeJIepi skacTapablH OeiipecMy TiIIIK KoJmaHbICTapra 6eitim
eKeHiH KepceTKeHiMeH, 0jlap pecMy KOMMYHMKaIusaa 9e6y Ti HopMalapblH CaKTayIbl KOH
KepeTiHiH aHbIKTabl. Ka3ak TifiHiH JaMybl OHbIH MKEeM/IiJIiTi MeH TYPaKTbUIBIFbIHA OaiIaHBICTHI.
CoHIBIKTAH JKacTap CA9HTIH TOJBIKTAl KaObIIAay HEMeCce OHbI TOJIBIFBIMEH LIEKTeY TiJ cascaThbl
VIIiH qypbIc memiM emec. EH TuiMzi Tocin — emebu Ti MeH 6eiipecMy KOJITaHbICTAp apachIHIaFbI
Tere-TeHAiKTi cakTay. Tilgik MaeHMeTTi cakTay, >kacTapAbl AYPbIC coiineyre yiipeTy, Kasak TijliH
3aMaHayyM TeXHOJOTHUSJIapMeH YIITACTbIpy — 6GojaliakTa OHbIH 3KOJOTUSIUIBIK TYPaKTbIIbIFbIH
KaMTaMachI3 eTeTiH Heri3ri ¢pakTopap.
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bIobIpait ANThIHCAPUMHHIH, TyFaHbIiHA 185 KbL:
Oi/IiMHIH, IIaMbIH JKaKKaH YJIbl TYJIFa

Koxa6bek AMMHa
KA YKypHanucTrka MaMaHbFbiHbIH, 1-KypC CTyfeHTi, On-Papabu aTbiHOaFbl Kasak YNTTbIK YHUBEPCUTETI
FbinbiMM eTekwwici: Xakcbinbikbaesa PuMma, dun.£.K.,npodeccop

XAPUSATAHLObI PUBLICATION ID TIPKEY KY®IIrI
KasaH 2026 BLM-ART-2026-200276 N2 KZ45VPY00102718
AHOATMA

Maxkanada bl6vipaii AnmsiHCapuHHi{ arapmyuslisiK Ksi3Memi, Kazaxk 6ananapviia 6iiim 6epy #onvliHOAF bl
eHbezi meH adebu mypacel co3 601adbl. OHbIH WHIFAPMANAPbIHOAFS! OiNiMee KYUMAapslK, eHOEKKOPJIbIK HaHe
adamezepulinix udesnapuiHulH Oy2iHei MaHbI3bl Kepcemineoi.

bI6vipaii AnmsiHcapuHHblH myraHsiHa 185 xcein mosysiHa opaii
BiiMHiH IaMbIH JKaKKaH YIbl TY/IFa

¥aTThiH 6oJamarbl — 6inimMae, an 6iiMHIH 6acTaybl — aFrapTylIbUIbIKTa. Ka3ak XaJIKbIHbBIH
TapuXbIHA KO3 JKYTipTCEK, eJiH cayaThIH alllbIIl, XaJbIKThl FRIBIM MeH OijiMre yHIereH YJIbl
Tyaranap a3 emec. ConapApblH ilriHAe Ka3ak JajgachlHa OiiMHIH >KapbIFbIH ajIbII KeJIreH, YpHakK
CaHacChIHA i3TiliK MeH aJlaMrepIliikTiH A9HIH CeNKeH KOPHEKTI aFapTyIlbl, earor, Ka3yIlibl api
sTHorpad bl6bipaii ATThIHCAPVHHIH OPHBI epekiie. Bubl1 OHBIH TyFaHbIHA 185 KbUT TOTYbIHA Opaii,
arapTYIIbIHBIH, 6Mip >KOJIbI MEH IIbIFAPMAIIbLIBIK MYPAChIH KaiiTa 3epjaesiey — OYTiHTi ypPIIaKThIH
MaHbI3bI MiHAETTEPiHiH 6ipi.

AFrapTyLIbIHBIH, ©MipiHIeri MaHbI3Ibl OKMFaAIAPIbIH Oipi — 1864 kblabl 8 KaHTapaa Topraiima
Kaszak OayiajapblHa apHAJFfaH MEKTEITiH allbUTybl. Byl MeKTemn skaii raHa 6iiiMm 6epy OpHBI eMec,
Ka3aK KOFaMbIH/IaFbl sKaHAIlla OKBITY iCiHiH AaMyblHA SKOJI alllKaH MaHbI3Ibl 6acTamManapabiH 6ipi
eni. bI6pIpaii 6amamapabl OKyFa MIAaKbIPINT KaHa KOViMaii, oJapabiH 611iM amyblHa KaskKeTTi sKarmaii
’Kacayra Ky caynabpl. O MeKTeIlTep ally, oKy KypajagapblH JaiibIHIAY )KoHe MyFaliMaep gaspiay
iciHe epekiie KeHia 6ei.

bI6bIpaliabIH, aFrapTYIIbLIBIK UAesIapbl OHbIH, 84e6y IIbIFapMayapblHaH [a aHbIK Oalikaiambl.
1879 skp1bl OpbIHOOP KalTachlHAA KapbIK KepreH «Kasak XpecToMaTHUsIChl» — Kasak OaiajapbiH
OKBITyFa apHa/IFaH MaHbI3Abl eHOeKTepaiH 6ipi. By KiTanka Tepbuenik MoHi 6ap aHrimesnep,
eJIeHJep MeH ayJapma Y/riiepi eHrisingi. ABTOp HiblFapMajiapbiHAa eHOeKKOPJIbIK, aJajbIK,
MeitipiMainik, 6isiMre KyImTap/blK CUSKTbI KYHIBUIBIKTaPAbI OopinTeni. MaceneH, «Ke, 6ananap,
OKBIJIBIK!» ©JIeHiHAEe aKbIH ’Kac ypHaKThbl 6iiM anyra maxksipaabl. IlIbiFapMamarbl Herisri o —
aJaMHbIH, OoJalllarbl OHbIH, i3[eHiciHe, OKyFa JereH bIHTAChIHA O6aiiIaHbICThI. AJT «OHep-6isim 6ap
SKYPTTap» ©JeHiHIe FhIJIBIM MeH TeXHUKAHbIH JaMybIH, OiTiM/Ii esimepiiH KeTicTikTepiH yIITi eTemi.
Bysn TybIHIOBIIAP apKblabl bIGbIpait xanablKKa >kaHa 3aMaHHbIH MYMKiHIiKTepiH TaHBITHIMN,
OasayiapIblH OYHMETaHbIMbIH KeHENTYOi Ke3hemi.

JKasymbIHbIH «OKe MeH 6aa», «bait 6asachkl MeH kapJibl 6anachl», «Ta3za 6yy1aK», «ACbLI HIOT»
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CUSIKTBI OHTiMeJiepi Je TopOuesik MaHbI3bIMEH epexineneHeni. Mbicaybl, «Baii 6amackl MeH sKapJibl
6asachbl» MIbIFApMAachIHIa eHOeKKe 6eiiMIiIiK, eMipre MKeMIiIiK KoHe KMbIHIBIKTHI eHcepe 6imy
Macenesepi ketepineni. An «Tasa 6ynak» oHTiMeciHAe TasajblK, i3TI/IiK JkKoHe agamM OObIHIAFbI
JKaKChl KacMeTTep Typasibl 0¥ Ko3ranaabl. Kbicka opi TYCiHIKTi TiMeH ka3blUIFaH OV TYbIHIbLIAD
OKbIPMAaH/Ibl KaKChIJIBIK MeH XaMaHIbIKThI aXXbIpaTyfa, 63 iCiHe skayalKepIIiJiikieH Kapayra
yiiperesi.

bI6bIpait ANThIHCApUHHIH KbI3MeTi 8ebueTneH raHa meKkreaMeni. O KbI3 6ananapabiy 6iaim
aJqyblHA [1a Ha3ap ayJaphblll, Ka3ak JajacblHAa Kbi3apra apHaafaH OKY OPbIHIAPbIHBIH, alllbLTybIHA
pIknan eTTi. OHbIH Oys 6acTtamasapbl GiMiMHIH JXKbIHBICKA HeMece dJIeyMeTTiK Jkarmalira

6ailIaHbICTBI IIEKTEIMeYi KepeKTiriH KepceTei.

byrinri korampaa bIobipali KeTepreH mMmaceseepaiH ©3eKTiliri skoiblIrad koK. Kasipri Tanga
akrapaTkKa KOoJI JKeTKi3y MYMKiH/iri apTkaHbsIMeH, 6iiM/ai qypsic maiiganany, KiTam oKy, CbIHU
ojiyiay kKoHe aJaMreplIiiik KYHIbUIBIKTApAbl CAKTay Macesiesnepi aji ge MaHbI3abl. OChl TYPFbIAAH
aJIFaHa, aFapTYLUIBIHBIH Mypachl —OTKEHHiH, eCKepTKillli FaHa emMec, OYTiHTi ypriakka 6areIT 6epeTiH

pyxaHU Ka3bIHa.
KOJ>XABEK AmMmuHa,
Ka3¥V-gpiH 1-Kypc CTyIeHTi
FpuibiMuM sKeTeKIIli:
P.C. JKakchlabIKOaeBa,

un.r.x.,mpodeccop
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@®yTO60/1 OVibIHBIH OKBITYIbIH, 3aMaHayU
9zicTeMeci: TMIMAI TOCiImep MeH
MPaAKTUKAJIBIK MaHbI3bI

YXymapcTtaHoB KyaHbiw ©OMip6eKysibl — Ara okpiTyLbl, BaTbic KasakcTaH MHHOBaLMUASbIK-TEXHOMOM USASbIK
yHUBepcUTeTI
KaymeToB HypnaH KoXxaKnapoBuy — KP eHbek CiHipreH aTTbIKTbIpyLibl

XAPUSANAHLbI PUBLICATION ID TIPKEY KYanIri
Ka3aH 2026 BLM-ART-2026-200285 N2 KZ45VPY00102718
AHOATMNA

Maxkanada ¢pym6on10sl 0KbimyodsiH 3amanayu adicmepi, NpakmMuKaivlK #ammolFyaap, otivlH apKblisl yiipemy
HCAHE YUPPIIbIK MeXHO102Us1apobl KOJI0aHy Kapacmulpoliadsl. Binim anyutsinaposiy deHe 0ativlHObIFbIH,
MAaxkmuKaivlK oll1aysiH, KOMAHOAIbIK dpeKemiH HaHe CNOPMKa Kbl3bIFYULbLIbIFbIH 0aMblmy #010apol
cunammanadsl.

By makanaga @yT6os1 OMbIHBIH OKBITYIBIH 3aMaHayM aficTemMesiepi, 6iiM ayibuIapAbiH, JeHe
MaibIHABIFBIH JKETUIIipy JKOJZaphbl JKOHEe CIOPTTBIK JaFablIapAbl KaAbIIITACTBIPYIbIH TUiM[Ii
Tocinmepi KapacTeipbiaanmbl. PyT60m cabaKTapblHAA KOJIAHBIJIATHIH IIPaKTUKAJIBIK
SKATTBIFYJIapAbIH, OMbIH apKbLJIbl OKbITY 8/IiCiHiH ’KoHe LIMQPIbIK TeXHOJOTUSIAPAbIH, MaHbI3bI
cunatrtananbsl. CoHbIMEH KaTap 6iliM anynrbuiapablH, KOMaHIAIbIK 9pEeKeTiH, KbLIJaM IIeNliM
KabpuIIay KabiseTiH )KoHEe CIOPTKA JereH KbI3bIFYIIbIIBIFBIH apTThIPy MacejejiepiHe Hasap
aymapbuIabl.

Kasipri yakpITTa JleHe HMIBIHBIKTBIPY MEH CIIOPT CajachlHAA 6iJiM amymblIapablH, GU3MKaIbIK
MYMKiHZIKTepiH JaMbITyfa, cajlayaTThl ©Mip CaJThIH Ka/JbIIITACTBHIPYFa XKoHe OeCceH[iirin
apTThIpyFa epekine KoHin 6eiHeni. Ocbl 6arbiTTa GYyTOO OMBIHBIHBIH aJaThIiH OPHBI epeKIiie.
®yTO60 — KbUIAAMIBIKTBI, TO3IMIiMiKTi, eOTIIIKTI, yillieciMai KO3Fa/JIbICThI JXKOHE KOMaHAAJIbIK
OPEKeTTi KaskeT eTeTiH CIOPT TYpi.

@DyTOOMIBI OKBITY TEK OVBIH epeskesiepiH MeHrepyMeH mektenameiiai. On 6iimM amynrbuiapabiy
IOMTHI 6ackapy, 481 rmac 6epy, KapcbUIACThIH, 9PeKeTiH 00JiKay sKoHe OMbIH JKarAaibIHIa TYPbIC
memiM Kabpuigay KabijertepiH mambITyabl KaMTuabl. COHOBIKTAH OKY YIepiciHme macTypii
SKaTTBIFyJIapMEH KaTap, 3aMaHayy MelarOTMKaIbIK TOCUIIep i maigasany MaHbI3 Ibl.

1. ®yT60/ABI OKBITYAbIH 3aMaHayM TaCiamepi

®yT607 cabakTapblH YiIbIMIACTBIpYOa OiJNiM anylIblIapObIH Kac epekilienlikTepi, meHe
IalibIHIBIFbI JKOHE jKeKe MYMKiHIiKTepi eckepinyi kepek. OKbITY daicTemMeci 6ipismi api TyciHiKkTi
60JFaH sKaFaaliIa CopTTHIK JaFAblIapIbl MEHTepy yaepici HoTusKesi 60IaIbl.

Bipiumi amic — oJibIH apKbUIbI OKBITY. Bys Tacisge 6iniMm anymsuiap GyTo0aablH Herisri
3JIeMeHTTepiH OVibIH KaFaalibIHaa YiipeHendi. Mbicasbl, IIaFbIH ajlaHIa YIKe YII HemMece TepTKe

TOPT OMBIH YIBIMAACTHIPY apKbLIbI AOMTHI KaOblImay, mac 6epy, 60C KeHiCTiKKe MIbIFY JKoHE
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KOMaHOaJ1aCTapMeH GajiaHbIC JKacay garabliapblH JaMbITYFa 60)18}11)[. [IarpiH KypamMaarsl OVIbIH ap

KaTbICYIIBIHBIH, IOTIIEH XXUipeK dpeKeT eTyiHe MYMKiH/IiK 6epefi.

ExiHmi agic — skaTThIFy7apAbl Ke3eH-Ke3eHiMeH KypAeneHaipy. AJAbIMeH IONTbl TOKTATY, ajbIll
KYDPY K9He KbICKA KAUIBIKTBIKKA Mac 6epy CUSIKThI KapamaiblM TeXHMKAJbIK 37eMeHTTep
yiiperineni. Keitin 6y margbuiap KO3FalbIC YCTiHE, YaKbIT MIEKTEYyiHIe KoHEe KapChUIaCThIH
KAapChUIBIFbI JKaFIabIHAA OpbIHAAIAAbl. MyHIal KYesiik TeXHUKAIbIK dpeKeTTepai 6ipTiHmen

KeTiNmipyre KeMeKTecesi.

Yurinmi afic — skeke epekiienikTepre 6eifiMaenreH OKbITy. BiiM amymibuiapabiH 6apJibIEbl
Oipmeit kpUIgaMAbIKIIEH YyiipeH6elimi. COHABIKTAH >KATTHIKTHIPYIIBI TaIlChlpMajapmiblH
KYPIeJIiJIiriH, KaiTajaHy CAaHbIH )XKoHe IeMaJsIbIC YaKbIThIH KAThICYIIbIIAPIbIH AAlibIHIbIFbIHA Kapaii
peTTeyi KaxkeT. Bys Tocinm op 6iniM anymiblHbIH OKY yAepiciHe GesceH i KaTbICyblHA Karmaii
>Kacaiabl.

Tepriniri afic — TAKTUKAJIBIK OJIAayabl JAMbITY. DyTOO GAapPbICBIHAA OMBIHIIBI TEK AOIKA €MEC,
ajaHmarbl 6acka OMBIHIIBIIAPABIH OpHA/JACyblHA a Hasap aygapysl Kepek. Ocbl MakcaTTa eki
SKaKThl OMBbIHAAD, MO3UIMSIBIK JKAaTThIFyJIap sKoHe GeJrisi 6ip OiibIH KaFmaiaapbiH KaiiTanay
KOJImaHbLIaabl. MyHIai TarnceipManap KeHicTikTi 6aranay, cepikTeciHe KOJiaibl rac 6epy skoHe

IYPbIC IIeIiM Kabbuiay KabiseTTepi skeTiigipei.
2. lIndpabiK TeXHOJIOTUSIAPAbI KOITAHY

3amaHayM 6iJiM 6epy MeH CHOPTTHIK AAMBIHABIKTA IUOPJIBIK TEXHOJOTUSIAPAbIH MaHbI3bI
apThin Kejeni. PyT6os cabakTapbeiHga OeliHexka30aaapabl, SJIEKTPOHAIK CEKYHIOMEPJIePAi sKoHe

JKaTTBIFY HOTMKEJIePiH TipKey KypasapbIH KOJIJaHyFa 60Jaibl.

BeitHeska36a apKbLIbl GiliM ayymibuiap e3aepiHiH KO3FaabIChIH, JOMTHI KAObLIAAY TEXHUKACHIH
’KOHe aJlaHJarbl OpHAJIACYbIH TaiAai anangbl. Byn katenepai 6aiikar, osapabl TY3€TY sKOJIIAapPbIH
TYCiHyre KeMeKkTecefi. Al KaTTbhIFy HATUKeJIepiH TipKey apKbLIbl KXbIILAMAbIK, I3JIiK JXoHe
TarcbIpMasapAbl OpbIHAAY callacblHaFbl ©3repicTepi 6aKpliayFa MYMKIH/IIK Tya/bl.

JlereHMeH TeXHOJIOTHMSIIap JKATThIKThIPYIIbIHBIH TiKesei 6akbuiayblH aJiMacThipMaitgbl. Onap
OKBITY CcallaCchlH apTThIPAThIH KOChIMILA Kypaja peTiHAe KOoJOaHbLIybl THic. COHbIMEH KaTap
beiiHexka3ba jkacay Ke3iHIe KaTbICYNIbIJIAPIbIH >XKeKe AepeKTepiH KOopFray >KoHe KaxkKeTTi
pyKcaTTapabl CakTay MaHbI3[IbI.

3. dyTOO0I cabaKkTapbIHAA MPAKTUKAIBIK 90iCTEP/i YIIBIMAACTBIPY

OKy->XaTThIFy cabaFrbIHbIH TUiIMJAiMiTi OHBIH IYpbIC KYpbUIyblHA 6aiinaHbicThl. CabaKThIH
Ma3MyHBbI OiJIiM aayIIbUIapIblH MaKCcaTbIHA JKOHE JieHe MaiibIHAbIFbIHA COVIKeC XKOCapiaHabl.

CabakTbIH 6acTamkbl OesiMiHge >KeHin Kyripy, 6ybIHOApAbl KbI3AbIPY KoHE KO3FaJbICKa
IalibIHOAMTBIH KATTBIFyJap OpbIHAAAanbl. bya ar3aHbl ajmarbl KyKTeMere pAaiblHAayfFa
KOMeKTece[|.

Herisri 6esiMae JOMTHI aibIIl XXYpPY, Hac 6epy, JOMThl Ka6bUIAay, KaKIara COKKbI JKacay KoHe
TaKTUKAJbIK TamCbipMasiap OpbIHAAMaabl. JKaTThIFyIapabl JKeke, KYMNIeH KoHe MIaFblH ToITapaa
yiibIMIacThIpyFa 60saabl. Mbicasibl, 611iM amymibuiap KYIIEeH KO3FaIbIC YCTiHIe Tac 6epirm, KeitiH

OCBI JAFbIHBI KAPChIJIAC KeIepri KeaTipeTiH Jkargaiiaa KoJigaHaIbl.
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KopbIThIHIBI O6J1iMIe KyKTeMe OipTiHmen a3aiThIIbII, THIHBIC aly MEH KaJIIIbIHA KeJTipyre
apHaJIFaH JKEeHiJ KaTThIFyaap >kacananbl. Cabak COHbIHAA JKATTBIKTBIPYIIBI HETi3ri KaTenepmi
TaJgan, Kejeci cabakka apHaJFaH MiHAETTep i TyCiHaipesi.

OKy yIepiciHae Kayilnci3aik epeskesiepiH cakTay Ja MaHbI3[bl. AJJaHHbBIH >KaFAaliblH TeKcepy,
CIIOPTTHIK asIKKMiM/Ii TypbIC TaHAAY, KYKTEeMeHi 6ipTiHAeN apTThIPY KoHE MeMaJibiC YaKbIThIH

KaMTaMachI3 eTy JkapakaT aly KayIiH TOMeHAEeTyre KoMeKTecesi.
4. 3amaHay¥u a/iicTeMeHiH, MejarorMKaJibIK MaHbI3bI

®OyT60IBI OKBITYIBIH 3aMaHayM 9IiCTePi TEK CITOPTTHIK HOTMKEH] sKaKcapTyFa FaHa emMec, 6i/1imMm
ayIIbUIapIblH, TYIFAIbIK KaCHEeTTePiH JaMbITyFa Ia 6arbITTasraH. KomaHAaabIK OfibIH OapbIChIHAA
KAaTBICYIIbIJIAD ©3apa 9pPeKeTTecymi, opTak MaKcaTKa XeTyAi, TOPTIill caKTayAbl >KoHE
>KayalKepIIIiK amyabl YiipeHemi.

OJfbIH KaFJaiibIHIAFI TATICBIpMaJIap OiTiM alyIIbUIapIbIH AepOeCTiriH apTThIPHII, 63 9PeKeTiH
OarajayblHa MYMKiHZiK 6epemi. JKaTThIKThIPYIIBIHBIH KOJAZaybl MEeH HAaKThl Kepi OaiiaaHbIChI
oJIapAbIH 63 KaTeepiH TYCiHill, JaFablIapblH JKeTIIIipyiHe bIKIaJ eTeIi.

CoHbIMeH KaTap cabaKTapAa bIHTaJaHIBIPYIIbI OpTa KajJbIITACTBIPY KaxkeT. Bimim
aJIYIIbIIaPObIH KeTIiCTiriH TeK JXeHic HeMece ’KeHiJic apKblabl GarajgamMaii, TeXHMUKaJIbIK
IarablIapbIHbIH, JKaKcapybIH, O€JICeH/IJIITiH )koHe KOMaH/Ia/IbIK JKYMBICBIH J1a eCKepreH Iypbic. by
CTIOPTKA JIeTeH TYPAKThI KbI3BIFYIIBIIBIKTHI KAJIBIITTACTBIPYFa KOMEKTECe/Ti.

KopbITBIHABI

KopsiTa aiiTkaHga, GyTOO0J OJBIHBIH OKBITYIbIH 3aMaHayMu 9JicTeMeci TeXHMKaJbIK
JIaibIHIbIKThI, TAKTUKAJIBIK OVJIAYIbI, OVbIH apPKbIIbI YIIPETY i sKoHe HU(PIIbIK Kypalgapabl TUiMIi
naiimana”nyabel KaMTuabel. OKY yaepiciH 6iiM anymblIapabiH sKeKe epeKilerikTepine 6eitimaey
oJIapIIbIH JaFablIapbIH OipTiHIEN JaMbITyFa MYMKIHIIK Gepe/Ii.

®dyT601 cabaKkTapblH OYPbIC YIIBIMIACTBIPY YIIiH JKATTBIFYJIapAbIH JKYMeTiTirine, Kayincismik
TaJlanTapblHa JKoHEe TYPaKThl Kepi 6ailaHbICKa Ha3ap ayJapy KaskeT. 3aMaHayy 9/[iCTep/Ii OPbIH/IbI
KOJaHy OiniM anayiiblaapAblH, (GU3UKAIbIK OeCeHmiMiriH apTThIPbIN, KOMAaHIAIbIK KapbIM-
KATbhIHACHIH JaMbITyFa sKOHE CajayaTThl O©Mip Ca/JIThIH YCTAaHYbIHA bIKIIAJ €TEeIi.

Ocsbutaiima, ¢GyTO0IAbI OKBITY 9iCTEMECIH KeTiNAipy JeHe IIBIHBIKThIPY cabaKTapbIHBIH

carmachlH apTThIPYAbIH MaHbI3bI OAFbITTAPBIHBIH 6ipi OOJIBIM TaOBLIAIBI.
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Br PhD, ara okpITyLbl, Dn-Papabu aTbiHOaFbl Kasak YNTTbIK YHUBEPCUTETI
FbinbiMn xeTekwici: bopbacosa IM.H., PhD, goueHT M.a., Kas¥y
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AHOATMA

Anbpa ypnarsiHbly Yyugpasik opmaoarst olinay epexulenikimepi, NCUXon02usiblK KUbIHObIKMApPbL HcaHe 03iH-03i
oaranayst Kapacmoipovliadsl. banarnst mexHonozusHs! dypsic natioanavyra yiipemy meH epecekmepoiy
K0J10ayblHbIH MAHbI3bl 6AAHOANA0L.

byrinri Tagma Koram Te3 e3repill, TeXHOJOTHUS KYH caliblH JaMbIIl XaTKaH 3aMaHaa >kaHa
YPIaKThIH TICUXOJIOTUSITBIK OeiiHeCiH 3epTTey e3eKTi Macesere aiiHanabl. COHbIH 6ipi — Anbda
ypnarbl. By atay 2010 skpuIIaH KeiiiH IyHMere KejreH 6aianapra KaTbICThl KOJIaHbUIambl. Onap —
tTosbiKTal XXI Facelp/a TyFaH aJFallKbl OYbIH. Anbga yprarsl cMapT@oH, IUIAHIIEeT, MHTEPHET
’KOHE JKacaHbl MHTEJUIEKT eMipiHiH akbIpaMac OejiiriHe aliHajaraH opTaja ecin Kenemdi. COHIbIKTaH
onapAblH oOjiliay Tocini, KapbIM-KaTbhIHAC >Xacay MoHepi XoHe 0iJiM aJyFa KOJbIJIAThIH
KaKeTTiTiKTepi aJabIHFbI OYbIHAAPIAH aiiTap/bIKTail epeKiieeHeI].

Anbda yprareiHbIH 6aCTbI epeKinesiri — uudpIblK TeXHOJOTHUsSIMeH Oajia Ke3JjeH eTeHe TaHbIC
60myb1. Oylap SKpaH/bl COIEy i YiipeHOe! TYphIN-aK TaHbII, aKIapaTThl MOTIHHEH I'epi CypeT MeH
OeljiHe apKbLIbl Te3 KaObUImaliabl. Byl OYbIH JkKaHa KYPbUIFbIHBI OHAl MeHrepei, KakeTTi MaJiMeTTi
6ipHeme cekyHTa Tabambl, 6ipHee icTi KaTap opbiHAayFra 6eitiM. COHbIMEH KaTap oJiap 63 MiKipiH
ambIK 6inmipyre, cypak KOIOFa sKkoHe «Here oJjiaii?» Jell ChblHAi Kapayfa JarabuiaHFaH. Bym —
OJIapIbIH TOYeJICi3 Oiilaybl MEeH LIbIFapMAaIIbIbIK KabieTiHiH JaMybIHa KaKChl HETi3 60j1abl.

Anaiiga Oy epekIneikTep/IiH eKiHIIi XXarbl 1a 6ap. DKpaH ajJIblHAa Y3aK OThIPY Oamasap/ by,
TiKesieit KapbIM-KAaTbhIHAC JaFAbIChIH 9JICipeTYi, 3€ifiHiH MIalIbIPaTybl KoHE KO3Fa/IbIC OeICeHATITIiH
as3aiTybl MyMKiH. JKbIIZaM akmapar IeH JaiibIH jKayallka yiipeHreH 6ajia MIbIgaMIbLIIbIKThI, KYTYAi
SKoHEe KMBIHIBIKTHI KeHY/i KaXkeT eTeTiH icTepleH Te3 Kalablfaabl. [ICMXOIOTUSIBIK TYPFbIIAaH
KaparaHga, MYHIail kargai e3iH-e3i 6arajayra Ja ocep eTefi: aJeyMeTTiK KeJlifgeri «MiHCi3»
©MipMeH CaJIbICThIPY OaaHbIH 63 MYMKIH/IiTiHE CEHIMCi3/iriH apTThIPBIIN, KaTeTiK ykacayaH KOPKY

Ce3iMiH TyIObIPYybl BIKTUMAJI.

on-®apabu aTbiHAarel Kazak YITTHIK yHUBepcuUTeTiHIe «IICMXOM0TKSI» MOHI asiChIHIA ap
OYBIHHBIH IICUXOJIOTUSJIBIK epeKIle/JiKTepi MeH TYJFajblK JaMyblHa acep eTeTiH ¢daKkTopaap
KeHiHeH KapacTbipblianbl. Ochkl MoH aschiHa 6i3 Anbda ypHmarblHbBIH LU@PIIBIK OpTama
KaJIBIIITACAThIH OJiJlay TOCiJMiH, KapbIM-KAaTbIHAC MOHEPiH KOHEe OJIapIbIH JaMy OGapbIChIHIA
Ke3IeCeTiH MCUXOJIOTUSITIBIK KMBIHIABIKTAaP/Ibl, 8Cipece COTCI3MiKTeH KOPKY MeH ©3iH-03i 6Oaranay

MacCeJIeCiH TepeHipeK TYCiHyre MyMKiH/iK a/i[IbIK.
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[ToH GapbIchIHAA OKBITYIIBI Bopbacosa I'yiHyp HypcalibIHKbI3bIHBIH JKeTeKIIiTirimeH 6i3 Anbda
ypIIaFbIHA TOH epeKIIeTiKTep/i TaJKbLIaIl, TOKipMOesIiK TarcbIpMajiap apKblabl OYJI TAKbIPBIITHIH,
OMipJIiKk MaHBI3AbLIBIFbIHA KO3 KeTKi3HiK. LIudpablk aaeMae eckeH 6aja KbLIgaM HOTIUKere,
IaiibIH JKayaIllKa >KoHe 9JIeYyMEeTTiK Kejlifmeri «MiHci3» OeiiHesepre yiipeHeTiHOiKTeH, KaTelik
’kacaygaH KOPKYy MeH ©3iH TeMeH Oarajay oJjiapja epekxile aliKblH 06aiiKaJaTbIHbIH TYCiHIiK.
Corci3mikTeH KOPKY MeH OJIaH KaIllyabIH TYMKi ce6ebi — afaMHbIH ©3iHe XoHe 63 MYMKiH/iriHe
ceH6eyi eKeHiH YKTBIK. AJl 6Y/1 KOPKBIHBIIITHI KEHY/IiH KaJFbI3 3KOJIbI — illIKi PeCypCTapbIMbI3/IbI
ambl, d9pb6ip KaTesikTeH cabak anyra yiipeHy, aa Anbda yprarsl yiliH OyFaH epeceKkTepliH

KOJIIAybl MEH IyPbIC OAFbITHI KAsKeT.

Ocsl 6iiM MeH TyciHiK 6i3re Tek Kacidbu canama emec, keKe eMipe Ae JaMyFa, KUbIHIbIKKA

MOJibIMayFa JXKoHe TaObICKA SKeTY JKOJIbIHIA 6aThUT 60TyFa ceprIiH 6epai.

Byn moacenenepni memyme epecekTepiiH pesi epekiie. ATa-aHa MeH MyrajaiMm 6Gasara
TEXHOJIOTUSIHBI NalifananyFa ThIibIM CaayaaH repi, OHbI AYPBIC KOJAaHYFa YIpeTyi Tuic. IKpaHMeH
OTKi3eTiH YaKbITThI PETTEY, OMbIH MEH Tipi KapbIM-KaTbIHACTBI, KiTaIl OKY MEH CIIOPTThI YIITACTHIPY
MaHbI3abl. bana Karesnecin skaTca, OHbI CbIHAYAbIH OPHbIHA KOJIIAy KOPCeTy, TeK HOTUXKECIH emec,
eHberi MeH TabaHIbIIBIFBIH Oaranay — illKi CeHiMHiH KaJbITITAaCyblHA bIKIIAN eTexdi. bisim 6epy
JKyiieci ie e3repyi KaXKeT: sKaTTall aTyFa eMec, CbIHYM OiyIayFa, SKOOaJTbIK JKYMbICKA )KoHE KOMaH/1a1a

SKYMBIC icTeyre KobipeK KoHil 66/IreH KOH.

KopsiTa aiiTkanma, Anbda ypHarbl — TeXHOJOTMSUIBIK MYMKIHIITi MOJI, aKIIapaTThl JXKbIIAAM
MUrepeTiH, allbIK 8pi 6ejceHAi 6ybIH. Aaiifa ojapablH, JaMybl KOJIAiIbl OPTa MEH epecekTepIiH
cayaTTbl KOJIAaybIHA TiKeJeli 6aimaHbicThl. Erep 6i3 oyiapablH, KYIITi )KaKTapbIH AYPbIC OAFbITTAII,
9JICi3 TYCTapBIH TYCiHICTiKIIEH Kabbumacak, Aibda yprarsl 601aiakTa KOFAaMHbBIH JaMybIHa YIKEH
y/ec KoCaThIH JXeTiiTeH Ty/ranapra aiiHanaabl. COHObIKTaH 6y OYBIHABI TYCiHY — 6i37iH opTak
MiHeTimi3.

on-®apabu aTbiHaarel Kazak WITTHIK YVHMBEPCUTETIHIH ara OKbITYIIBICHI,

PhD., I'.H. Bop6acoBa

1 xypc Kpurmrrosnorvisi MaMaHIBIFbI CTYI€HTTEP1
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TAPUXTAFBI OQUEJJEP KYIUI (Kam6b11
00JIBICHI MBICAJIBIH/IA)

Bukapa Epkapa

11-cbIHbIN oKywWbIchl, «CaFagaT Hypmaramb6eToB aTbiHOaFbl N210 opTa MekTebi»

BE
YeTekKuwici: bekbepreHosa MHaunpa, Tapux naHi MyfFanimi, «CaFagat HypmarambeTos aTbiHAafrbl N210 opTa
MeKTebi»

XAPUSANAHLbI PUBLICATION ID TIPKEY KY®nITI
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Tapux — eTKeH Ke3eHJAepHiH OKMUFaJapblH FaHA eMecC, COJ Adyipaepae elfiH JaMyblHa yjec
KOCKaH TYJIFajaapAblH ©6Mip JKOJIbIH [a TAHBITAThIH KYHIbI Mypa. Op OHipAiH Tapuxbl Oerimi
OKMFaJlapMeH KaTap, COJI KOFaMHBIH KaJbIIITaCybIHA BIKITAJ €TKeH aJaMIapablH eH6eri apKblIbl 1a
ambitaabl. Ocbl TYpFBIJAH ajJfaHIa, oiienmepniH MoIeHMeTKe, aaebueTKe >XoHe aybll
IIapyaniblibiFbIHa KOCKAH YJeCiH 3epTTey — TyFaH 6JIKeHiH TapuXblH TepeHipeK TYCiHYAiH
MaHbI3AbI OAFBITTaPBIHbIH, Oipi.

JKam6bis1 06MBICBIHBIH TapuUXbIHAA diiennepndiH opHbl epekiuie. OmapabiH 6ip 6eJiri
IIBIFAPMaNIbIJIBIK €HOeriMeH XaJIbIKThIH PYXaHM AyHMeciH 6aiipiTca, eHAi 6ip OGesiri aybin
[IapyanbUIbIFbIHIA €HOeK eTill, OHipiCTiK MiHIeTTep i aTKapraH. Olie/lIepAiH OChl cajagapIarbl
KbI3METiH 3epjesiey KOraM JaMYbIHBIH 8PTYPJIi KbIPJIapblH TaHYFa MYMKiH[iK 6epeni. COHbIMEH
KaTap JKepriJiKTi TyJFasapablH, eMipOasiHbIH 3epTTeY apKbLIbI 3KaJIIIbl TAPMXTA Keiie Ha3apaaH ThIC

KaJIaThIH OHIPJIiK JepeKkTep MeH 0TOaChUIbIK, aYbUIIbIK €CTeTiKTepIiH MaHbI3bl aiiKbIHAAIa IbI.

«TapuxTta¥rsl aitengep Kyui (XKamObIs1 06bICHI MBICATBIHAA)» ATThl 3€PTTEY KYMBICHI OHIp
TapUXbIHIAFBI 9iieJ TYIFaapablH Ma/IeH!, IIbIFAPMAIIbIIBIK JKoHEe eHOEeK canasapbIlHAAFbl OPHbIH
KapacTeipyra 6arpiTTasiFad. JKob6ama akbpiH Kynoimr AXMeTOBaHBIH IIBIFAPMAILIbIIBIK MYpPachl,
coHpaii-ak KpI3bUIKY/IIbI3 aybUTBIHBIH, TAPUXbIHIA €CciMAepi cakTajFraH eHbeK o3aTTapbl Map3us
HN6parumoBa, CeiHapibana OHrap6aeBa meH [lapura JKaHTOKOBa Typasibl MaJliMeTTep
KapacThIpbliafbl. By TyaFanapablH KbI3MeTi apTypii GOJFaHbIMEH, OJIapAblH ©Mip >KOJIbIH

6ipikTipeTiH opTak cumaT — ©3 cajacblHAA €HOEK eTill, OHip TapuXbIHbIH 6ip OeJliriHe aifHaIyBbI.

Kynemr AxMeToBa — Kasak MO33MSIChIHA ©3iHAiK KOATaHOAChIH KaJAbIPFaH aKbIH, KYPHAIUCT
>koHe aymapMaiirbl. OHbIH IIbIFAPMAaIIbUIBIK KOJIbI 81€0MeT ITeH MOIeHUEeTTi JaMbITyFa KOChUIFaH
Yy/JeCTiH MaHBI3Jbl MbICAJbl GOJIBINT caHadaabl. AKBIHHBIH eHOeKTepi OKbIpMaHFa pyXaHWU
KYHIBUTBIKTapAbl TAHBITHIN, 90e6M MypaHbl KeiiHTi yprakKa >KeTKi3yre bIKMaa eTTi. Omebu
HIbIFApMa apKbIIbI aJaM MeH KOFaMHBIH 6aiilaHbIChl, TYFaH JKepre JereH Ko3Kapac KoHe pyxXaHu
’KayamKepIiiiK CeKiIiAi TaKbIPhIIITap Typasibl Oif KO3Fayra 60J1abl.

Kynoem AxmeTOBaHBIH ©Mip KOJIbIH 3epTTey oiieqmepaiH KOFaMOarbl peJiiH TeK OaCTypJi
TYCiHiKTepMEH IIeKTeMei, oJlapAblH HIbIFAPMAaIIbIIbIK i34eHici MeH Kociby KbI3MEeTi apKbLJIbI
b6arajayra MYMKiHIiK 6epeni. AKbIHHBIH eHOeri aiienmepaiH KOFaMAbIK 6Mipre apaaacyblHbIH

MoIeHM OarbITTarbl YAriciH TaHbITambl. OHBIH IIBIFAPMAaIIbIIBIK Mypachkl JKaMObII eHipiMeH
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6alylaHbICTBl MOIEHM TYJIFaJapAbl TAHBIN-OiTyAiH MaHBI3Jbl OAFBITTAPbIHBIH, Oipi OGOJIBIII
Tabbu1aAbl. COHABIKTAH aKbIH TYpaibl MaTepuaagapabl sKMHAKTAY 9/1e0MeT TapuXblH FaHa eMec,
OHipIiH pyxaHu eMipiH Je TyciHyre KeMeKTeceIi.

KpI3BUKY/IIBI3 aybIJIBIHBIH, TapuXbiHAA Map3usa M6paruMoBaHbIH €CiMi KaHT KbI3bLIIIACHIH
eCipyMeH aliHaJIbICKaH 3BEHO KeTeKIIiCi peTiHIe aTanaAbl. 3epTTey MaTepuanagapblHIa OHBIH
«KpacHast 3Be3ma» 1apyanibUIbIFbIHAA €HOeK eTKeHi skoHe 1948 skbiabl Conmanuctik EH6ex Epi
aTarblH aJIFaHbl KepceTiireH. ByJl MaiMeTTep OHBIH aybL IIAapyallbUIbIFBIHIAFbI €HOETiH Tapuxu

TYPFBIZAH KapacThIpyFa Heri3 60aabl.

Mop3ust I6paruMoBaHbIH, eHO€eK 3KOJIbI aybll IIapyallbUIbIFBIHIAFBI olieIAepaiH, eHIipicTik
yAepicrepre KaTbICybIMEH KaTap, YiibIMIAaCThIPYIIbIIBIK KbI3MET Te aTKapFaHbIH aHFapTanbl. KaHT
KbI3bIINIACHIH ©CipY ayblI IIapyallblIbIFIHBIH, HAKThI 6ip OAFbIThl OOJFaHIBIKTAH, OChI Cajaarbl
eHOeK 03aTTapbIHbIH TOXipMbeci aybUIIbIH IapyallbIbIK 6MipiH CUTIATTANTBIH JEPEK peTiHae
MaHbI3bl. OHBIH ©MipOasiHbIH 3epjiesiey aybll TaPUXbIHBIH KeKe aJaMIapablH eHOeriMeH ThIFbI3
OaliylaHbICThI eKeHiH KepceTeni. CoHbIMeH OGipre eHOEK amaMaapbl TYpasibl MaIIMETTEPi cakTay

SKePTiTiKTI KaybIMHBIH, TapUXY SKaIbIH KAJIbIIITACTHIPYFa bIKITAJ €TeI].

Coiapbioana OHrap6aeBa Aa KpI3bl/DKY/IIbI3 aybUIBIHBIH €HOeK TapUXbIHIA KAHT KbI3bLIIIACBIH
ecipyllli 3BeHO XeTeKllici peTiHJe aTanagbl. 3epTTey MaTepuangapbiHAa OHbIH 1948 Kblibl
Coumanuctik Eg6ek Epi aTarblH ajFaHbl Typaabl MajiimeT 6epinreH. OHbIH eciMiH Map3us
M6parumoBa koHe [lapura JXaHTOKOBaMeH KaTap KapacThIpy COJ Ke3eHIeri aybla

HIapyallbUIbIFBIHIA €eHOEeK eTKeH oiie/epaiH KbI3MeTiH KeHipeK TyciHyre MyMKiHIiK 6epepi.

Ceiuabi6bana OHrapb6aeBa Typasibl JepeKTep aybll MIapyallblIBIFbIHBIH JaMYbIH JKeKe
TYJIFQJIapAblH, €eHOeri apKblIbl KapacThIpyFa KO amanbl. MyHali emMip6asHABIK MajiMeTTep/Ii
KMHAKTay KesiHge ecimaepzi, MapanaTTapbl )XoHe KbI3MeT TypJiepiH HaKThl JepeKKe3aepMeH
canpICThIpy MaHbI3Abl. Cebebi keprimikTi TapuXThl FBUIBIMM TYpPFbIJAH OasHOay YIIiH
MaJIiMeTTepAiH KalilaH aJIbiIHFaHbIH )XKaHe 0JIap[bIH 63apa ColiKeCTiriH eckepy KaxkeT. OCbI ToCi
3epTTeyaiH CeHiMIIIIriH apTThIPBIN, TYJIFAJIAPAbIH eHOETiH A9/1 opi sKayanKepIliikIeH TaHbITyFa
MYMKiHiK 6epefi.

Hapura J)KaHTOKOBa TypaJibl 3epTTey MaTepuanfapbiHAA OHBIH JKOFapbl ©6HIM ajJfaH 3BEHO
skeTekmici koHe 1948 KbIJFBI MapamaT ueci 60jraHbl aiThiaambl. COHBIMEH KaTap
sKapusUIaHbIMIapa OHBIH KeiHTi TarabIpblHA KATBICTHI MajliMeTTep Kesmeceni. byn mepekrep
OHBIH 6Mip KOJIbIH Oip FaHa eHOeK XKeTiCTiriMmeH LeKTeMeil, Tapuxu karaiiapMeH cabakracTbipa

KapacTbIPy KaKETTIiriH KepceTe.

HOapura JKaHTOKOBaHBIH €CiMiH 3epTTey aybll TapUXbIHAAFbl €HOeK amaMIapbIHbIH 6Mipi
OPTYPJIi Ke3eHaepMeH 0aiiyIaHbICThl O0JIFaHbIH aHFApPTaAbl. TYIFaHbIH 6MipOassHbIH TOJIBIK TYCiHY
YIIiH OHBIH eHOeri Typajbl MajJliMeTTepMeH KaTap, KeiiHri TargbIpblHAa KATBICTHI IE€PEKTEP M
CaJbICTBIPBIJIA KAapacThIPbUTYBI KepeK. JKapusimaHbIMIapnaa Ke3deceTiH aKmapaTThl pecMu
KyKaTTapAaH, aybI3la ecTejlikTepieH skoHe 6acka MaTepuaigapAaH axkpIpaTa 61y 3epTTeyIliHiH
MaHbI3Ibl MiHeTiHe kaTaabl. By — Tapuxy TyY/IFaHbI Oip>kKaKThl cCUIIATTaMali, OHbIH ©Mip JKOJIbIH

MYMKiH/IiTiHIIIe )XKaH-)KaKThbl TYCiHyTe KOMEeKTeCeTiH a/iC.
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3epTrTey 6apbicbiHga )KaMObIT O0OGIbICBIHBIH, TaPUXbIHA KATHICTHI TAPUXM, OMipOASHIBIK KOHE
OJIKeTaHyJAbIK MaTepuaamapibl KapacTbhlpy MaHbI3[bl OPbIH ajaibl. TyarajapablH 6HipMeH
OaiiJaHbBIChI, aTKAPFAaH KbI3METi jKoHe oJIapAblH eciMaepiHiH KeliHri yprak >kKagblHAa caKTaly
SKOMAphI ©3apa canbICThIpbUIaAbl. [lepekTepai skMHaKTay FaHa JKeTKUIIKCi3: 0MapablH Ma3MYHbIH
Taagan, YKCacTbIKTapbl MeH alibIpMallblIbIKTaPbIH aHbIKTAY KaxkeT. OCbIHAAM KYMBbIC KePriiKTi
TapUXThI K€3Ie/ICOK MaJIiMETTEep JKUBIHTBIFbI PETiHJIE eMec, ©3apa O6alilaHbICKaH TapUXU KYObIIbIC
peTiHze TyciHyre MyMKiH/IiK Oepei.

JKob6aHbIH MaHBI3bl OAFBITTAPBIHBIH, Oipi — KeprijikTi TapuXThl KeH Tapuxu yAepicrepMeH
6aiiylaHbICTBIpa KapacThipy. Ajiia 616i meH babamyka xaTyH KeceHesepi eHipiH Tapuxyu-MageHN
MypachIH TaHbITaAbl. Kyjasm AXMeTOBAHBIH IIbIFAPMAIIBIJIBIFI diie/ImepaiH MoJeHUeT IeH
9IebueTTeri OPHBIH KopceTce, KbpI3blIKY/IAbI3 ayblJIbIHbIH, TapUXbIHAAFBI €HOEK aJaMAapbl aybLl
IIapyalIbUIbIFbIHBIH JAMYbIHIA 9iieIAepIiH, e o3iH/iK yaeci 60JFaHbIH TaHbITaAbl. OCbl MbICAIAAD

apKbUIbI diieJIepAiH Tapuxy OPHBI 6ip FaHA cajlaMeH IIeKTeIMEITiHiH Kepyre 60/1aIbl.

ATasnraH Tyarajgapabl 6ip 3epTTey aschIHIA KapacThIpy aiieaepaiH KoFaMaarbl PeTiHiH caH
KbIPJIbI OOJIFaHBIH TYCiHYre MYMKiHAIK 6epefi. OsapAblH TapuxXy OPHBI LIBIFAPMAIIBIIBIK Mypa,
KoCiOM KbI3MET, OHIipiCTiK eHOeK skoHe KOFAaMIbIK SKaJbl CUSKTBI 9PTYpPJIi OAFbITTap apKblJIbl
anrpiagel. Bipi omebueTr apKbpUIbI pyXaHyU Mypa KajabIpca, eKiHIIiepi aybll MapyanrblIbIFbIHAFbI
eHberiMeH TaHbUIFaH. OChIHIAM epeKIIeikKTepai calbICThIPY dile/aepaiH KOFaM eMipiHe KOCKaH

yJ/ieciH KeH ayKbIM/a 6arajayra KOMeKTece/Ii.

TyraH eJike TapuXbIH 3€PTTEYIiH Tarbl Oip MaHbI3bl — KaC YPIAaKThIH TapUXM caHa-ce3iMiH
KaJIBIIITACTBIPY. ©3 oHipiHAe eMip cypreH HeMece eHOEK eTKeH Ty/FajapAblH eciMaepiH 6imy
OKYIIbLJIAPbIH 6JIKEeTAHYFa JleTeH KbI3bIFYIIbIIbIFBIH apTThIpaAbl. Tapuxu MaTepuansapabl KMHay,
oJIapIibl peTTey KoHe KOMIIiJliKKe TaHbICThIPY apKblIbl OKYIIBI 3€pTTeY JaFAblIapbiH JAMbITAIbI.
CoHbIMeH 6ipre MyH/Iai XKyMbIC OYPBIHFBI YPIIAKThIH €HOeTiHe KYpMeTIIeH Kapayra sKoHe Tapuxu
MYpaHbl CaKTayIbIH KayallKepIIiIiriH TyciHyre Topoueseii.

JKeprimikTi TyAranap Typasibl aklapaTThl Kejeci yprnakka XKeTKi3y YIIiH KiTamxaHajJlapaarbl
MaTepuaafgapabl, 6JIKeTaHy eHOeKTepiH, eMipOasHIbIK JepeKTep/i KoHe KO/DKeTiMIi KYsKaTTapabl
Kyiieni Typhe maiganaHy KaskeT. AKIMapaTTblH HAaKTbUIBIFBIH TeKkcepy, OipHellle JepeKKe3[i
CaJIBICTBIPY KOHE KYMOH/II MaliMeTTepAi HaKThl (PakT peTiHIe YChIHOAY — 3epTTey MOJAeHMEeTiHIiH
Heri3ri Tajanrapbl. Ocipece Tapuxu TYJIFajdapAblH 6Mip >XOJbIHA KaTbICThl 8PTYpPJi HYCcKajap
Ke3JleCKeH JKaraalifa, 0Mapabl aKbIPaThIll KOPCETY MaHbI3Ibl. BYJI YCTaHBIM 3€PTTEY KYMbBICHIHBIH

Ma3MYHbIH OaiibITBIIT KaHa KOViMaii, TapyxXy MIbIHABIKKA KYpPMeTTi me Ginmipesi.

KopsIThiHABLIAN Kese, «TapuxTarsl aiiesnmep Kyiri (PKaM6bT 06IbICHI MbICATBIH/IA)» 3€PTTEYi
oiienepAiH eHipIiH MaaeHM, 9e0u KoHe eHOeK TapUXbIHIAaFbl OPHBIH TAHBITYFa GAFbITTAIFaH.
Kynam AxmeTOBaHBIH HIbIFAapMallblIBIK Mypachl MeH Map3usi V6parumona, CeiHAbIOana
OnrapbaeBa sxkoHe [lapura JKaHTOKOBa TypaJibl MaliMeTTep aites1 eHOeriHiH apTypii cananapza
KOpiHic TanKaHbIH KepceTendi. byn Ty/aranapablH eMip 5KOJbIH 3€epTTey apKblAbl TYFaH 6JKeHiH

TapUXbIH TePEHipeK TaHbII, KePriJlikTi MypaHbIH MaHbI3bIH Garajayra 60ambl.

OTKeHHiH eHereciH TaHy — 0oJjallakka >kayarnmKepIliIikiieH KapayabiH Heri3i. COHAbIKTaH

TapUXyY MypaHbl CaKTay, SKeprilikTi TyJFajdapabiH eciMaepiH yabIKTay >KoHe ojapAblH eHbOeriH
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KeJiHri yprmakka TaHbITy KOFaM YIIiH MaHbI3Jbl MiHAET GOJbIN Kaja Oepepi. Oiienmepmain
TapUXTaFrbl OPHBIH 3€PTTEY — OTKEHTe KYPMET KOpCeTy FaHa eMec, OHipIiH pyxaH! KoHe eHOeK

MYPacChIH TOJIBIK TYCiHYTe sKacajraH KaJgaM.
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A field-notes-style technical breakdown, written for students and engineers who want to understand
the actual mechanics - not just the marketing - behind large language models.

Abstract

In contemporary professional discourse, the engineering principles underlying modern large
language models (LLMs) are often discussed through a technical and analytical lens. While public
interpretation frequently attributes “reasoning” capabilities to these systems, a closer examination
of their mathematical and infrastructural foundations reveals a more nuanced reality. LLMs
function primarily as highly optimized statistical systems governed by iterative parameter update
rules rather than explicit symbolic reasoning mechanisms. This work examines the fundamental
components that enable their operation, including tokenization processes, the Transformer
architecture, backpropagation algorithms, and empirical scaling laws. Particular emphasis is placed
on the engineering challenges involved in maintaining numerical stability, efficiency, and
performance at massive computational scales. Together, these elements highlight the sophisticated
systems engineering required to train and deploy LLMs reliably in large-scale environments.
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1.Introduction

Modern artificial intelligence systems, particularly large language models (LLMs), represent a
convergence of statistical learning theory, large-scale optimization, and systems engineering [3,
25]. Despite their widespread use in natural language understanding and generation tasks, their
internal mechanisms are often misinterpreted as exhibiting human-like reasoning. In reality, these
models are constructed as deep neural networks trained to minimize prediction error over vast
corpora of text data [3, 11]. The purpose of this paper is to provide a structured, engineering-
focused explanation of how modern neural networks are built and trained, moving from
foundational concepts such as tokenization and gradient-based optimization to large-scale
architectural decisions involving Transformers and scaling laws [1, 17, 18]. Rather than treating
LLMs as opaque systems, this work emphasizes their decomposability into well-understood
mathematical and computational components.

By examining each stage of the pipeline - from input representation to optimization dynamics
and compute scaling - we aim to clarify both the strengths and limitations of current architectures,
as well as the engineering constraints that govern their behavior at trillion-parameter scale [19, 21,
22].

Following this conceptual overview, Figure 1 illustrates the simplified processing pipeline of a
modern Transformer-based neural network, which forms the foundation of contemporary large
language models (LLMs) [1, 3, 20, 21]. The process begins with the Input layer, where raw text is
received and divided into tokens. These tokens are then converted into dense numerical
representations in the Embedding layer, allowing the model to process linguistic information
mathematically. The embedded vectors are passed to the Multi-Head Attention mechanism, the
core component of the Transformer architecture, which enables the model to analyze relationships
between all tokens in the sequence simultaneously and determine which parts of the input are most
relevant for understanding context [1]. The resulting contextual representations are then processed
by the Feed Forward network, which applies non-linear transformations to extract higher-level
features and patterns from the data. Next, the Add & Norm block performs residual connections
and layer normalization, improving training stability, facilitating gradient flow, and enabling the
construction of very deep neural networks [15, 16]. Finally, the processed information reaches the
Output layer, where the model generates predictions, such as the next word in a sentence or
another task-specific result. This architecture demonstrates the fundamental data flow used in
modern large-scale neural networks, transforming raw textual input into meaningful outputs
through a sequence of embedding, attention, feature extraction, normalization, and prediction
stages.Figure 1.How modern Neural Networks Are Built:The Path from Gradients to Trillion-
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Parameter Models

How Modern Neural Networks Are Built:
The Path from Gradients to Trillion-Parameter Models

LR ‘ -

Figure 1

1. The Tokenization Bottleneck: Why Your Model Can't Read Raw Text

Neural networks live entirely in the world of linear algebra - matrix multiplications, additions,
nonlinearities. They have no native concept of a "letter" or a "word." Before any of the interesting
math happens, raw text has to be converted into integers, through a process called tokenization [5,
6, 25].

When we first engaged with a tiktoken-style Byte-Pair Encoding (BPE) tokenizer, we expected it
to split text cleanly along word boundaries. However, this is not the case. The tokenizer splits text
into statistically frequent subword chunks, meaning common words become a single token, while
rare words are fragmented [5, 6]. During the initial profiling of this process, we observed that even
simple variations, such as extra whitespace or differently encoded apostrophes, can silently double
the token count of a sentence. This behavior is not a bug; rather, it is the mechanism functioning
exactly as optimized: minimizing the average number of tokens per character across the training
corpus.

Once you have integer IDs, each one is mapped through a learned embedding table into a dense
vector. Think of it less as "a dictionary lookup" and more as a coordinate system for meaning that
the model itself designs during training. As shown in Figure 2, tokens are transformed from discrete
identifiers into continuous vector representations within a high-dimensional semantic space.
Tokens that get used in similar contexts drift toward similar coordinates, purely as a side effect of
gradient descent trying to make the loss go down [1, 25]. Nobody hand-labels "king" and "queen" as
related; the geometry emerges because the optimizer finds it useful.
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Figure 3 illustrates a self-attention weight distribution within a Transformer model,
demonstrating how the attention mechanism determines the contextual importance of surrounding
tokens when processing a specific word. In this example, the query token is "it", and the heatmap
shows the attention weights assigned to every token in the input sentence. Each cell represents the
normalized attention score produced by the self-attention mechanism, where brighter colors
indicate stronger attention and darker colors represent weaker contextual influence. The token
"trophy" receives the highest attention weight (0.78), indicating that the model considers it the
most relevant contextual element for interpreting the meaning of the pronoun "it". In contrast,
most other tokens receive very small attention values (approximately 0.01-0.05), reflecting their
limited contribution to the current prediction, while the token "big" receives a moderate attention
weight (0.10), suggesting a secondary semantic relationship. The attention weights are normalized
using the Softmax function, ensuring that their sum equals one and can therefore be interpreted as
a probability distribution over the input sequence [1]. This visualization demonstrates one of the
key advantages of the Transformer architecture: instead of processing words sequentially, the
model dynamically learns which tokens contain the most informative contextual cues for each
prediction. Consequently, self-attention enables the network to capture long-range semantic
dependencies, resolve references such as pronouns, and model complex linguistic relationships

bilimger.kz - BLM-ART-2026-200293 - KA3AH 2026 - N°2 22 / 61



BILIMGER Journal KP MapeHueT xaHe aknapaT MUHMCTPAIriHae TipkenreH - Tipkey kyaniri N© KZ45VPY00102718

2026 - N22
that are essential for modern large language models [1, 2].Figure 3 Self Attention distribution for
token ‘it’

Self-attention distribution for token 'it'
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Why this matters in practice: if you're debugging a model that seems to "misunderstand” short
numeric strings, dates, or rare proper nouns, the first place to look is the tokenizer output, not the
model weights [5, 6]. I've seen more than one production bug that was actually a tokenization

artifact wearing a model-quality costume.
RNNs vs. Transformers: The Architecture Decision That Ended an Era

Before 2017, the dominant approach to sequence modeling was based on recurrent neural
networks (RNNs) and their more advanced variants, Long Short-Term Memory (LSTM) networks [4].
These architectures process tokens sequentially, maintaining a hidden state that is passed from one
time step to the next, analogous to a relay runner passing a baton. While effective for many natural
language tasks, recurrent architectures suffer from limited parallelization and increasing difficulty
in capturing long-range dependencies. As shown in Table 1, Transformers address these limitations
by enabling parallel token processing, improving hardware utilization, and providing direct access
to contextual information across the entire sequence [1].

Property RNN / LSTM Transformer
Token processing Sequential (token t needs token t-7 Parallel (all tokens processed
finished) simultaneously)
GPU utilization Poor - GPUs want fat parallel workloads, = Excellent - attention is one big batched
not a chain of tiny sequential steps matrix multiplication

Long-range dependency Degrades with distance (the baton gets Direct - any token can attend to any other

handling fuzzier the longer the relay) token in one hop
Training time on modern Effectively a hard ceiling regardless of Scales near-linearly with more GPUs, up to
hardware GPU count communication limits

Table 1

A broader perspective on the publication of the Attention Is All You Need paper [1] suggests that
eliminating recurrence entirely initially appeared counterintuitive, as recurrent architectures
provided a relatively clear notion of sequential state propagation. At first glance, removing this
mechanism seemed likely to sacrifice an important aspect of sequence modeling. In practice,
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however, the opposite proved true. Eliminating the sequential bottleneck enabled massive
parallelization during training, allowing researchers to scale models to unprecedented sizes and
train them on vastly larger datasets. As a result, the gains in computational efficiency and
scalability far outweighed the loss of the traditional state abstraction, ultimately paving the way for
the capabilities demonstrated by modern large language models [3].

Core building blocks inside a Transformer block, for reference:
¢ Token + Positional Embeddings - meaning + word order
e Multi-Head Self-Attention - "who should I pay attention to?"
¢ Feed-Forward Network (FFN) - per-token nonlinear transformation
¢ Residual Connections - highways letting gradients skip past layers without vanishing

¢ Layer Normalization - keeps activations numerically sane across dozens or hundreds of
stacked layers

2. How the Model Actually Learns: Gradients, Backprop, and the Adam
"Memory Trick"

2.0 Gradient Descent, First Principles: What "Descending” Actually Means

Before getting into backpropagation - which answers how you compute a gradient efficiently -
it's worth being completely concrete about what gradient descent itself is doing with that gradient
once you have it [10, 11]. Every explanation of this eventually reaches for the same image: a ball
rolling downhill. That image is correct, but it hides a detail that matters once you start training real
networks - "downhill" is only ever a local judgment, made one step at a time, using only the slope
right where you're currently standing.

The cleanest possible version of that loss landscape is a simple bowl - technically an elliptical
paraboloid - with a single global minimum and no ravines, no flat plateaus, no surprises:

Figure 4 : Loss surface of a simple quadratic model (elliptic paraboloid).
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3D Loss Surface of Neural Network Optimization
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Figure 4 : Loss surface of a simple quadratic model (elliptic paraboloid).
(a) Contour plot (top view). Each closed curve represents a line of constant loss — the innermost
ring has the lowest loss, and moving outward increases the loss. The gradient at any point is
perpendicular to the contour line and points in the direction of steepest ascent (red arrow);
gradient descent takes a step in the opposite direction (blue arrow), which follows the steepest
descent. This view is useful for understanding the geometry of the optimisation landscape but may
hide the steepness of the "walls".
(b) 3D surface view of the same loss function. The height (z-axis) represents the loss value, while
the horizontal axes are the two weight parameters. This perspective makes it clear that the surface
is a valley with a gentle slope along w1l and a much steeper slope along w2 (since the coefficient 5
amplifies curvature in that direction). The colours encode loss magnitude (dark purple = low, yellow
= high). A contour projection on the base plane helps to relate the 3D shape to the 2D contour map.

These two views illustrate the core idea of gradient-based optimisation: training a neural
network is equivalent to walking downhill on this landscape, step by step, until reaching the
minimum (the bottom of the valley) [10, 11]. The contour plot gives the "map", and the 3D plot
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gives the "terrain" - both are indispensable for debugging and understanding training dynamics.
Loss Landscape & Gradient Descent Trajectory
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Figure 5. Gradient descent trajectory, descending from a high-loss starting point to the
minimum. Starting from the green point a random, untrained initialization, sitting at a loss of
roughly 12-13 each red dot is one parameter update, and the path traces a smooth, spiraling
descent down the walls of the bowl toward the yellow minimum at (0, 0). On a surface this well-
behaved, plain gradient descent has no trouble at all; every step points more or less straight at the
goal. Keep this picture in mind, because it's the exception rather than the rule real loss landscapes
in a Transformer with billions of parameters almost never look this clean. Section 2.2 below shows
exactly what happens to this same walk once the bowl grows a ravine and a flat, saddle-like neck
instead.

2.1 Backpropagation, or: How Do You Blame the Right Layer?

Training a network reduces to one repeated question: given that the output was wrong by some
amount, how do I adjust each of the billions of parameters that contributed to that error?

Backpropagation answers this using the chain rule, propagating the error signal backward
through the network one layer at a time [7, 11]. From a broader engineering perspective, this
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process can be compared to a quality-control investigation in a large manufacturing system. When
a defective product emerges from a complex production line, the source of the defect is identified
by tracing the process backward through each stage rather than re-evaluating the entire system
from the beginning. Similarly, in a neural network, each layer receives information about how its
outputs contributed to the final error and computes a corresponding adjustment to its parameters.
Each layer only needs to evaluate its local contribution to the overall outcome. By chaining these
local corrections together across all layers, the network can efficiently determine how every
parameter should be updated to reduce future prediction errors. This distributed error-allocation
mechanism is the fundamental principle underlying modern deep learning [7, 11].At the scale of a
real LLM this is the same operation, just repeated across a computational graph with billions of
nodes instead of three. Nothing about the underlying logic changes - which is honestly one of the
more reassuring facts in this field. The complexity is all in the engineering around it, not in the core
algorithm.

2.2 What a Loss Surface Actually Looks Like - And Why SGD Gets Stuck There

Textbooks like to draw loss landscapes as smooth, friendly bowls. Real ones are not that.
They're full of narrow ravines - steep in some directions, nearly flat in others - and regions where
the gradient in one direction all but disappears while it's still very much alive in another [10, 11].
Rather than describe that abstractly, I ran two real optimizers - plain SGD and Adam - on the same
synthetic loss surface, starting from the same point, and plotted their actual trajectories:

SGD vs. Adam on a Loss Surface with a Flat "Neck"

Contour Plot with Optimizer Paths 3D Loss Landscape
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Figure 6 : Comparison of SGD and Adam on a synthetic loss surface.
(a) Contour plot of the loss function L(w1,Ew2)E=E0.01w12E+E10w2 284+840.5(w128+Kw22). The
colour map (plasma) encodes loss magnitude — dark purple indicates low loss, yellow indicates high
loss. Overlaid are the optimisation trajectories starting from the same point (1.5,0.8)(1.5,0.8). SGD
(red circles) follows a path that is heavily dominated by the steep gradient along w2w2, making
little progress along the shallow wilwl direction. Adam (blue squares) adapts its step size per
parameter using the second-moment estimate, allowing it to move faster along the flat “neck” (the
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region near the origin where the curvature in wlwl is extremely small) and reach a much lower loss
after the same number of steps.

(b) 3D surface view of the same loss function. The height represents the loss value; the trajectories
are projected onto the surface. The flat valley along the wlw1 axis is clearly visible — this is where
the gradient nearly vanishes in one direction, mimicking the near-saddle geometries common in
high-dimensional neural networks. Adam’s adaptive step size compensates for this anisotropy,
while SGD’s fixed step size causes it to crawl slowly through this region. This visualisation directly
illustrates why Adam is preferred for training deep models: it explicitly counters the
ill-conditioning caused by uneven curvature.

Both paths above come from literally executing the SGD and Adam update rules step by step on
this surface - not an illustration drawn after the fact. Notice the flat "neck" around the marked
region: this is where the curvature in one direction drops close to zero, mimicking the near-saddle
geometry that shows up constantly in real high-dimensional networks [10].

What the trajectories show is the exact reason Adam exists: plain SGD, using the same fixed
step size in every direction, crawls through that low-curvature neck almost as slowly as it moves
everywhere else - because its step size has no way to know that region is different. Adam's second-
moment term (vB) tracks how large recent gradients have been per parameter, so when the gradient
in a given direction shrinks, Adam's effective step size in that direction grows to compensate. In the
run above, Adam ends far closer to the true minimum than SGD does, using the same number of
steps - not because Adam is "smarter" in some vague sense, but because it's explicitly compensating
for exactly the kind of geometry shown in that plot [8, 10].

2.3 Adam: Momentum With a Memory
Concretely, Adam tracks two running statistics per parameter [8]:

1. First moment (mM) - an exponential moving average of the raw gradient. This is
momentum in the classical sense: it smooths out noisy, conflicting gradient directions
instead of reacting to every jitter.

2. Second moment (vl) - an exponential moving average of the squared gradient, used to
scale the step size per parameter.

If momentum is the optimizer's sense of direction, the second moment is its sense of terrain -
it's the difference between a skier who just remembers which way they were heading, and one who
also adjusts their speed based on how bumpy the last few meters of slope have been [8, 9].

2.4 The 70B-Parameter NaN Incident, and Why learning rate = 0.1 Is a Loaded Gun

Here's a scenario I've seen play out more than once, in more than one training run: everything
looks fine for the first few hundred steps, loss is trending down, and then - over the course of
maybe ten iterations - the loss value jumps to inf, then every downstream metric turns into NaN,
and the run is dead. The postmortem, more often than you'd expect, comes back to a learning rate
that was simply too aggressive for the current phase of training [12, 14].

A learning rate like 0.1, which might be perfectly reasonable for a small logistic regression, is
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often catastrophic for a large Transformer, especially in the first few hundred steps before Layer
Normalization has had a chance to stabilize activation magnitudes. The update step overshoots, the
next gradient is even larger, the step after that is worse, and the whole system diverges
exponentially - a runaway feedback loop, not a gentle failure [14, 16].

Figure 7 the figure illustrates the critical role of the learning rate (LR) during early training of
large language models. Four panels summarize the dynamics of loss, gradient norm, and the
common LR schedule used in practice.

(a) Loss curves (log scale) for three fixed LRs and one with warmup. An aggressive LR of 0.1 (blue)
initially decreases loss but triggers a runaway explosion after ~150 steps, leading to NaN values (red
annotation). A very low LR of 1el-l7(orange) produces stable but impractically slow convergence.
A well-tuned LR of 3eld-E4(green) yields fast, stable decay. Adding a linear warmup to the
aggressive LR (dashed red) recovers stability, matching the optimal curve.

(b) Gradient norm (log scale) for the same LRs. The explosion is clearly visible for LR=0.1 (blue),
where the norm grows exponentially after step 150, while other settings remain bounded. This
gradient explosion is the direct cause of the loss divergence.

(c) A typical LR schedule used in modern pretraining: linear warmup over the first 100 steps,
followed by cosine decay to near zero. This schedule is designed to prevent early instability and to
anneal the LR toward the end of training.

(d) Summary of key takeaways, reinforcing that LR is a hyperparameter that can make or break a
multi-million-dollar run, and that warmup + decay is the de-facto standard for large Transformer

models.
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Figure 7 the figure illustrates the critical role of the learning rate (LR) during early training of
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large language models. Four panels summarize the dynamics of loss, gradient norm, and the
common LR schedule used in practice.

(a) Loss curves (log scale) for three fixed LRs and one with warmup. An aggressive LR of 0.1 (blue)
initially decreases loss but triggers a runaway explosion after ~150 steps, leading to NaN values (red
annotation). A very low LR of 1el-E7 (orange) produces stable but impractically slow convergence.
A well-tuned LR of 3eBd-E4 (green) yields fast, stable decay. Adding a linear warmup to the
aggressive LR (dashed red) recovers stability, matching the optimal curve.

(b) Gradient norm (log scale) for the same LRs. The explosion is clearly visible for LR=0.1 (blue),
where the norm grows exponentially after step 150, while other settings remain bounded. This
gradient explosion is the direct cause of the loss divergence.

(c) A typical LR schedule used in modern pretraining: linear warmup over the first 100 steps,
followed by cosine decay to near zero. This schedule is designed to prevent early instability and to
anneal the LR toward the end of training.

(d) Summary of key takeaways, reinforcing that LR is a hyperparameter that can make or break a
multi-million-dollar run, and that warmup + decay is the de-facto standard for large Transformer
models.

The figure above complements the discussion of the 70B-parameter NaN incident. In panel (a),
we simulate loss trajectories under different LRs. The blue curve shows what happens when Ir = 0.1
- a value that might be safe for small models but is disastrous for a large Transformer. Loss initially
trends downward, giving a false sense of progress, but around step 150 the gradient steps become
too large, the loss jumps by orders of magnitude, and the model quickly diverges to NaN. This
matches the real-world scenario where a run dies within a few hundred steps. In contrast, the green
curve ( IrE8=E3el-B34, a typical Adam default for Transformers [8, 9]) exhibits smooth convergence,
while the orange curve (IrB4=Ed1eE3-K7) is stable but nearly flat, wasting compute.

Panel (b) confirms that the divergence is driven by gradient explosion - the gradient norm
(blue) grows exponentially after the same step, while other settings keep it under control. This is
the mechanistic explanation for the NaN failure.

Panel (c) demonstrates the standard remedy: a warmup schedule that starts the LR near zero
and gradually increases it to the target value, then decays it with a cosine function [12, 13]. The
warmup phase (first 100 steps) is crucial because it allows the model's internal statistics (e.g., layer-
norm scales) to stabilize before applying full gradient steps. The dashed red line in panels (a) and
(b) shows that even with the aggressive final LR of 0.1, adding warmup prevents the explosion and
yields performance comparable to the optimally tuned run [12, 14].

Finally, panel (d) summarises the practical lessons:
¢ High LR without warmup B explosion and NaN.
e Low LR K slow, inefficient training.
e Warmup + decay K robust, efficient training.

e The choice of LR is a single scalar that can ruin an expensive training run if set
carelessly.
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This visualisation reinforces the main message of the section: learning rate is a loaded gun, and
modern training pipelines must incorporate careful schedules to avoid catastrophic failure. As
summarized in the table 2 below, the relationship between hyperparameter tuning and
model stability is absolute; a well-structured approach is the only barrier between a
successful training run and a total system collapse [12, 13, 14]

Learning Rate What Actually Happens
Too high (e.g. 0.1 on a Transformer from Overshoots the minimum; loss oscillates, then explodes into NaN
scratch)
Too low (e.g. 1e-7) Training "works" in the sense that nothing breaks - and burns a large

compute budget for barely-measurable progress

Tuned for the architecture (typically 1e-4 to  Fast, stable convergence
3e-4 with Adam)

Table 2

This is exactly why every serious pretraining run uses a warmup schedule - starting the learning
rate near zero and ramping it up over the first several hundred to few thousand steps - followed by
a decay schedule (cosine decay is the common default) for the rest of training [12, 13]. Warmup
exists specifically to survive the fragile early phase where the model's internal statistics haven't
stabilized yet; skip it, and even a well-chosen "final" learning rate can blow up the run before it ever
gets the chance to be well-tuned [14]. A single scalar hyperparameter, set carelessly, is enough to
turn a multi-million-dollar training run into an expensive pile of NaN weights.

3. Attention: Less a "Mechanism," More a Dynamic Spotlight

I used to describe attention to people the way most references do - "it's a weighted sum
computed via query, key, and value matrices" - and I'd watch their eyes glaze over. The definition is
correct and completely useless for building intuition [1]. What changed things for me was reframing
it not as a matrix operation but as a dynamic spotlight: at every layer, every token gets to shine a
beam of focus back over the tokens that came before it, and decide - based on content, not position
- how much each of them matters right now.

3.1 The Problem This Actually Solves

Before attention, sequence-to-sequence models compressed an entire input into one fixed-size
vector before generating anything [1, 25]. That's the equivalent of reading an entire legal contract
once, closing the book, and then trying to answer a specific question from memory of that single

summary. Detail gets lost - not because the model is "bad," but because the architecture forces an
information bottleneck that has nothing to do with how much the question actually needs.

3.2 Watching Attention Resolve a Real Ambiguity

Rather than gesture vaguely at "focus," here's what attention weights actually look like for a
sentence specifically designed to be ambiguous without context - a classic Winograd-schema-style
example [24]:
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"The trophy didn't fit in the suitcase because it was too big."

Which noun does "it" refer to - the trophy, or the suitcase? Grammatically, either is possible;
only real-world knowledge about relative sizes disambiguates it. Here's the attention distribution
from the query token "it" back over every preceding token, visualized as a weighted graph rather
than a raw matrix:

Self-Attention Distribution for Ambiguous Pronoun Resolution

Weighted Attention Graph from ‘it’' Full Attention Matrix (row = query)
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Figure 8 : Attention visualisation for the Winograd-style sentence "The trophy didn't fit in the
suitcase because it was too big."

Weighted directed graph showing the attention distribution from the query token "it" (orange)

to every other token in the sentence. Edge width and colour (from blue to red) are proportional to
the softmax-normalised attention weight B¥&. The model assigns 78% of its attention to "trophy"
(red node), far outweighing the more recent but semantically implausible candidate "suitcase" (also
red, but with only 10%). This demonstrates the ability of attention to perform long-range,
content-based coreference resolution, bypassing positional proximity.
Full attention matrix (12x12) visualised as a heatmap (plasma colour map). Each row sums to 1. The
row corresponding to the query "it" is highlighted with a dashed yellow rectangle. The high value at
column "trophy" stands out clearly, confirming that the model relies on semantic knowledge
(relative size) rather than surface-level cues.

Together, these two views illustrate the core mechanism of the self-attention layer: the query
vector "it" is matched against every key vector to produce a distribution over the entire input
sequence. This distribution then weights the corresponding value vectors, allowing the model to
selectively aggregate information from distant tokens. In practice, multi-head attention runs
several such "spotlights" in parallel, each potentially specialising in different relationship types —
but even a single head, as shown here, can resolve this classic ambiguity without explicit syntactic
rules [1].

Formally, for every token, the model computes three vectors - a Query ("what am I looking
for?"), a Key ("what do I contain, that something else might be looking for?"), and a Value ("what
information do I actually hand over if selected?"). The compatibility between a query and every key
becomes an attention score, normalized into weights via softmax [1]:
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Multi-head attention simply runs several of these spotlights in parallel, each free to specialize -
empirically, different heads in trained models do end up tracking different relationship types (some
track short-range syntax, others track exactly this kind of long-range coreference), though which
head does what is learned, not designed [1, 2].

4. Planning the Budget: FLOPs and the Chinchilla Scaling Law

4.1 FLOPs as the Common Currency of Training Runs

Training a frontier model is, among other things, one of the largest logistics-planning exercises
in modern computing. The unit everyone converges on for that planning is the FLOP (floating-
point operation). For a dense Transformer, total training compute is commonly approximated as
[17, 18]

FLOPs, Scaling Laws, and Budget Planning for Large Models
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Figure 9: FLOPs and cost estimation for dense Transformer training.

(a) 3D surface of total FLOPs as a function of parameter count N and token count D, under the
approximation FLOPs=6ND. Both axes are logarithmic to cover the relevant ranges. The red curve
traces the Chinchilla-optimal relation D=20N, which minimises compute for a given performance
target.

(b) Contour plot of the same data, with the Chinchilla line overlaid. This view highlights the
trade-off: increasing N or D raises compute, but for a fixed FLOPs budget, there is an optimal
combination.

(c) Estimated GPU-hours (solid blue) and dollar cost (dashed red) for models trained with the
Chinchilla-optimal token count, assuming NVIDIA A100 GPUs with 50% Model FLOPs Utilisation
(MFU) and a cloud price of 3 GPU-hour. The costs are plotted on a log-log scale; annotations show
representative milestones (70B, 175B, 405B, 1T parameters). For instance, a 70B model requires
roughly (1.2 times 10%6) GPU-hours and costs about $3.6 million. This underscores that training a
frontier model is a multi-million-dollar endeavour, and accurate FLOPs budgeting is essential
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before committing resources.
4.2 Chinchilla: The Paper That Told the Industry It Was Training Models Wrong

For years, the implicit strategy was "bigger is better" - just add parameters. GPT-3, at 175 billion
parameters, was trained on roughly 300 billion tokens: under 2 tokens per parameter [3]. Then
DeepMind's 2022 Chinchilla paper [18] ran the numbers properly and landed on an uncomfortable
conclusion: for a fixed compute budget, a lot of the era's flagship models were undertrained relative
to their size. A meaningfully smaller model, fed proportionally more data, could match or beat a
larger model that had been fed comparatively little - for the same total compute spend [17, 18].

The analogy that made this click for me, watching a training-infra team internalize it in real
time: it's the difference between adding muscle mass and actually eating enough to support it. A
bodybuilder who trains harder (more parameters) without proportionally increasing caloric intake
(training tokens) doesn't get stronger - they plateau, or worse, they underperform a leaner athlete
whose training-to-fuel ratio is actually balanced. Parameters without proportional data are
compute spent building a body the model doesn't have the "food" to grow into.

Chinchilla's headline rule of thumb: for compute-optimal training, aim for roughly 20 tokens
per parameter, not the 1-2 that was common practice at the time [17, 18].

Model Parameters Training Tokens Tokens Parameter Regime
GPT-3 (2020) 175B ~300B ~17 Undertrained for its size
Chinchilla (2022) 70B ~1.4T ~20 Compute-optimal
Llama 3 (2024) ~70B-405B Multiple trillions  High Compute-optimal and beyond
Table 3

This single result reshaped how labs allocate budget: instead of defaulting to "more parameters,

" the real decision became a genuine trade-off between N and D under a fixed C -and, more
recently, an additional lever entirely, via Mixture-of-Experts architectures that decouple total
parameters from active parameters per token [22, 23], sidestepping the naive N-vs-D trade-off
rather than resolving it.

4.3 Why an Engineer, Not Just a Researcher, Needs to Care About This

None of this is academic trivia if you're the one signing off on a training run. FLOPs accounting
and scaling-law reasoning are what let a team answer, before committing real money [17, 18, 19]:

e Budget planning - GPU-hours and cloud spend, estimated before the first training step
runs

o Architecture trade-offs - go wider, go deeper, or spend that same compute budget on
better data curation instead?

e Hardware procurement - how many GPUs, with what interconnect bandwidth, does this
actually require? [19]

e Go/no-go calls - is the proposed model even economically viable given the compute
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actually available?

Conclusion: The System Works Because Every Layer Respects the Next One

At first glance, a modern neural network - with its billions of parameters, multi-head attention,
layer norms, residual connections, and intricate optimisation schedules appears to be an almost
absurdly complex contraption. Yet beneath that surface complexity lies a surprisingly coherent
philosophy: each layer is built to pass the right kind of signal to the next, and every component,
from the initialisation to the final gradient update, is designed with that single principle in mind [1,
15, 16].

The journey from raw gradients to trillion-parameter models is a testament to how simple,
well-understood mechanisms, when applied consistently and at scale, give rise to emergent
intelligence. Consider the foundational element: gradient descent. It is nothing more than a local
downhill walk on a high-dimensional loss landscape. But that landscape is not a smooth, friendly
bowl - it is riddled with ravines, plateaus, and saddle points [10, 11]. The optimizer’s job is to
respect the geometry of that landscape, which is precisely why adaptive methods like Adam have
become the default [8, 9]. Adam’s per-parameter step sizes compensate for the uneven curvature,
ensuring that no single direction dominates the update and that the model continues to make
progress even when the gradient is nearly flat in some dimensions. In doing so, it respects the fact
that different layers and different weights have vastly different sensitivities.

The same philosophy extends to the learning rate - a hyperparameter that, if chosen carelessly,
can turn a multi-million-dollar run into an expensive pile of NaNs. Warmup schedules and cosine
decay are not arcane rituals; they are pragmatic acknowledgements that the early layers need time
to stabilise before the full force of the gradient is applied. By ramping the learning rate from near
zero, we give the model’s internal statistics (e.g., activation variances, layer-norm scales) a chance
to settle, so that when the learning rate reaches its peak, each layer is ready to receive and
propagate meaningful updates [12, 13, 14]. This is respect in its most concrete form: the first few
hundred steps are a grace period during which the architecture aligns itself, so that the subsequent
training can proceed without catastrophic interference.

Moving up the abstraction ladder, the attention mechanism embodies the same principle in the
spatial domain. By allowing each token to query all others and selectively aggregate information,
attention ensures that the representation passed to the next layer is context-aware and rich in
long-range dependencies. The visualisations we saw - with “it” attending strongly to “trophy”
across a long distance - demonstrate that the model is not merely relying on local word order; it is
actively resolving ambiguities based on content [1, 24]. This content-based routing is a form of
respect: the layer does not force a fixed, position-dependent pattern on the next layer; instead, it
dynamically decides which parts of the input are most relevant, tailoring the message to the needs
of downstream processing.

Nor does this respect stop at the algorithmic level. The scaling laws (Chinchilla and its
predecessors) [17, 18] are, in essence, a budgeting exercise that respects the physical reality of
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hardware and economics. The equation FLOPs=6ND is a crude but honest approximation that forces
practitioners to think carefully about how many parameters and how many tokens they can afford.
The optimal trade-off - training larger models on proportionally more data - respects the
diminishing returns of simply scaling one factor without the other. It also respects the fact that a
model is only as good as the data it has seen; over-parameterising without sufficient data wastes
compute, while under-parameterising leaves capacity on the table. Planning a training run is thus
an act of mutual respect between model size, dataset size, and budget.

Finally, the entire system - from the low-level gradient computations to the high-level
architectural choices - is held together by iterative refinement. The backward pass is not a
mysterious black box; it is a direct application of the chain rule, propagating errors layer by layer [7,
11]. Each layer receives a gradient signal that is the cumulative result of all downstream layers, and
it updates itself to reduce the final loss. This backward flow is the mirror image of the forward flow:
every layer adjusts its weights to better serve the objective, knowing that its output will be
consumed by the next layer. In this sense, the network is a chain of mutual dependencies, and
training succeeds precisely because each link of the chain learns to accommodate the others.

So, when we look at a trillion-parameter Transformer that can write poetry, solve mathematics
problems, or hold a coherent conversation, it is easy to marvel at the complexity. But the real
marvel is that all of this emerges from a handful of simple, well-honed principles - principles that
are, at their core, about respect: respecting the geometry of the loss surface, respecting the fragile
early phase of training, respecting the data through attention, respecting the laws of physics and
economics through careful budgeting, and finally, respecting the chain of dependencies that makes
backpropagation possible. The system works not because it is infinitely complex, but because every
layer, every optimizer step, and every planning decision is aligned with the needs of the next.

Declaration of generative Al and Al-assisted technologies in the writing process

During the preparation of this work, the authors used GPT-40 in order to assist with language
refinement and grammar checking. After using this tool/service, the authors reviewed and edited
the content as needed and take full responsibility for the content of the publication.

Abbreviations
The following abbreviations are used in this manuscript:
e Adam: Adaptive Moment Estimation
¢ BPE: Byte-Pair Encoding
¢ C: Compute (Floating Point Operations)
e D: Dataset size (Training tokens)
e FFN: Feed-Forward Network
e FLOPs: Floating-Point Operations
e GD: Gradient Descent

e GPU: Graphics Processing Unit

bilimger.kz - BLM-ART-2026-200293 - KA3AH 2026 - N°2 37/ 61



BILIMGER journal KP MapeHueT xaHe aknapaT MUHMCTPAIriHae TipkenreH - Tipkey kyaniri N© KZ45VPY00102718

2026 - N22

¢ ICLR: International Conference on Learning Representations

e LLM: Large Language Model

e LSTM: Long Short-Term Memory

e MFU: Model FLOPs Utilization

e MoE: Mixture-of-Experts

e N: Number of parameters

e NeurlIPS: Neural Information Processing Systems

e PCA: Principal Component Analysis

e RNN: Recurrent Neural Network

e SGD: Stochastic Gradient Descent

e UEAR: Uncertainty Estimation-guided Annotation Refinement
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— AOAMOAP - Ne7

Opasa 2027: Pama3saH KallaH 60acTajgagbl?
Kagip Tyui, Opasa aiT >koHe KypOan anT
KyHaepi

NZ Nurlybek Zhailauov

XAPUSATAHObI PUBLICATION ID TIPKEY KYanITI
Ka3saH 2026 BLM-ART-2026-200298 N¢ KZ45VPY00102718

2027 sxpuabl Opa3sa 8 akmaHaa 6acTabin, 8 HayphI3Aa asikTanagbl. KasakcTaH MyCbhUIMaHIapbl
ninu 6ackapmacel (KM/IB) 6exiTkeH KyHTi30ere coiikec, Kamip TyHi 5 HaypsI3gaH 6 HaypbI3Fa
KaparaH TyHre, Opasa aitT 9 Haypbi3ra, ajn Kypban aiitT 16—18 mambipra caiikec Kemef.

KM/IB-ubig [Mlapurat keHe naTya 6emimi 2027 KblJIFA apHAAFaH OiHM KYHAEp Kectecin 2026
KBIAFBI 16 KaszaHma skapusaanbl. JlereHMeH XMXXpU KyHTi36e alifblH KO3FaJIbIChIHA
Heri3meneTiHAIKTeH, MepeKeIep/IiH HaKThl KyHAePi skaHa aiiiblH KepiHyiHe 6aiIaHbICThI 6ip KyHTe
e3repyi MyMKiH.

Opa3za 2027 sxpUIbI KalllaH 6acTaaaabi?

2027 xplabl KacueTTi PamasaH aiibl 8 akmaH, myiiceH6i KyHi 6acTanagbl. By KyH XVSKpU SKbLT

caHaybl 60iibIHIIA 1448 KbUTFBI PaMa3aH aifbIHbIH aJIFAIIKbI KYHiHE COliKec KeJleIi.
JKapusianraH KyHTi36e GOJibIHIIA:
- OpasanbIH, 6ipiHiI KyHi — 8 akmad 2027 KbLI.
- Opa3aHbIH COHFBI KYHi — 8 HaypbIi3 2027 XKbIJ.
- PamasaH aiibIHbIH Y3aKTbIFbl — 29 KYH.
- Opas3a aitT mepekeci — 9 HaypbI3 2027 KbIII.
Ocputarima, 2027 xputFbl PamasaH aiibl aklaH KoHe Haypbl3 alijlapblH KAMTUIBI.

Pamaszan — uciam fAiHiHIeri kacueTTi aiaapnabiH 6ipi. Bys yakpITTa MychbIMaHIap TaH
aTKaHHaH KyH 6aTKaHFfa HeiiiH opasa ycraiigbl. COHbIMEH KaTap HamMa3s OKyra, KypaH OKyra,

KalibIphIMIBUIBIK JKacayra JKoHe i3ri amangapabl KebeiiTyre epekile KoHil 6eei.
2027 xbutrbl Pamasan, Kagip TyHi skeHe AT MepeKeJiepiHiH KyHTiz6eci

Kazakcran MmycblIMaHIaphl OiHy 6ackapmachl skapusiaarad 2027 sKbIIFBI HETisTi AiHM KYHIEp

TOMeH/Ierien:
HiHu kyH Hemece MmepeKe| 2027 XbUIFbI KYHi
Pamasan aiibIHbIH 6acTanybl| 8 akIaH
OpasaHbIH asgKTaaybl| 8 HAypbI3
Kagmip TyHi| 5-6 HaypsI3 TyHi

Opasa aiit| 9 HaypbI3
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Apara kyHi| 15 MmaMbIp

Kyp6aH aifTThiH 6ipiHII KyHi| 16 MaMbIp
Kyp6aH aifTThIH eKiHIri KyHi| 17 MmaMbIp

Kyp6aH aifTThIH, yIIiHII KyHi| 18 MaMbIp

Maupi3api: byn kyumep KMJIIB 6ekiTkKeH pecMM KYHTi36emeH anbIHFaH. AWJIbIH KepiHyiHe
6aliIaHbICThI ©3repicTep 60ybI MYMKiH.

Kamip Tyni 2027 5KbLabI KalllaH 60/1a1b1?
2027 sxputrbpl Kagip TyHi 5 HaypbI3gaH 6 HaypbI3Fa KaparaH TYHTe GesriieHreH.

SlraNM, 5 HaypbI3, )KyMa KYHi Kelllke KYH 6aTKaHHaH KeliiH Kazgip TyHi 6acTanbim, 6 Haypbi3, ceHOi
KYHi TaH aTKaHFra JeifiH >kajracaipbl.

Kamip TyHi — Pama3saH aiblHOarbl eH KacueTTi TyHaepaiH 6ipi. Kypan Kepimuin «Kamip»
cypeciHnge 6y TYHHiH MbIH aiilaH KaiibIp/ibl €KeHi GasHaaaaabl.

Kaszakcranga Kagip TyHiH Pama3aHHBIH 27-TyHiH[Oe aTamn Ty KajblITackaH. Ajaiiga uciam
FaJbIMAAPBIHBIH TYCIHAIpYiHIIle, OHBIH, HAKThI YaKbIThl PaMa3aH alibIHbIH, COHFbI OH TYHiHiH illliH/e
skachipblifaH. COHABIKTAaH MYCbhIMaHIapra TeK Oip TYHMeH ILIeKTeJMei, COHFbl OH TYHIe
KY/IIIBUTBIKTaPbIH KOOGEITY YChIHBLIAIbI.

Kagip TyHiHIe He icTey KepeK?

Kapmip TyHiH maiimanbl opi cayarTsl amajagapMeH oTKi3yre 601abl:
1. KocpimIia Hama3zap OKbII, KY/ILIbIIBIK Kacay.

2. Kypan Kepimzi oky Hemece ThIHAAy.

3. AjutamaH KelripiM cypar, IbIHabI TOyOe eTy.

4. OTbackl MeH skaKbIHIapFa JyFa xkacay.

5. MyKTak amamMgapra cagaka oepy.

6. PeHXiCcKeH amaMaapMeH TaTyJ/1acyFa YMTBUTY.

Kapip TyHiHA€e MiHAETTI TypAe TaHFa AeiliH yiibikTaMay HemMece apHalibl JacTapXaH JKalo KaxkeT

JlereH TYCiHiK Aypbic emec. EH 6aCcThIChI — YaKbITThI IIbIHABI HUETIIEH i3Ti aMa/ijapra apHay.
Opas3sa airt 2027 >KbLIbI Kali KyHi 601agb1?
2027 sxputFbl Opa3sa aiiT 9 HaypbI3, celiceHbi KyHi 6acTanazbl.

Opa3sa aiiT — 6ip ai 60¥bl opasa ycTraraH MYCbUIMaHAAPAbIH KyaHbIIT MepeKeci. By KyHi
MYChUIMaHAApP aiiT HaMa3bIH OKbII, 6ip-6ipiH MepekeMeH KYTThIKTaiabl, TYbICTAPbIMEH JKY3Aece i
’K9HEe MYKTasK sKaHJapFa KemeKkTecei.

Opasa aiiTThIH Heri3ri gacTypJiepi:

- AJAIT HaMma3bIHA KATbICY.

- Or6achl MeH TybICTapIbl KYTTHIKTAY.
- PenskickeH agaMaapMeH TaTysacy.

- KanbIpbIMObUIBIK Kacay.
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- JKakpIHIapra KOHaKKa 6apy.
Ncnam gininge Opa3sa aiiT KyHi Opasa ycrayra pykcaT eTiIMen .

Pama3saH aiibiHga GepisieTiH MmiTip cagakachiHbiH 2027 KbIIFa apHaaraH Meiuiepin e KMIB-

HBIH TUiCTi pecMy XabapiaaMacblHAH HaKThLIAY KayKeT.
Kyp6an aiiT 2027 >KbLIbI KalllaH 60/1a1bI?

2027 xpiabl KypbaH aiiT 16 maMblIp, skeKCceHOi KyHi 6acrasbii, 18 MaMbIp, celiceHOi KyHi

ddKTaJaabl.

Kyp6aH aiiT — MychJIMaHIap VIIiH aca MaHBI3AbI OiHM MepeKenepniH 6ipi. On xuxpu

KYHTi36egeri 3y/Ixvokka aiibiHbIH, 10-KyHiHeH 6acTasiajibl.

Byn mepeke Mb6pahum majirambapabiH, Ajutara gereH ceHiMi MeH GOVCYHYBIH eCKe Ccajiajibl.
KypbaH aiiT KyHaepi MyChlIMaHAap aiiT HaMasbIH OKBIII, IIaPMUFAT TajJanTapbiHa caii KypOaHIbIK
I1aJ1aIbl.

Kyp6aunpIk eTiHiH 6ip 66siriH MyKTaxk ajamMaapra TapaTy — MepeKeHiH, i3ri JacTypiepiHiH 6ipi.

2027 xbUibl Aparna KyHi KamaH?

Kyp6aH aifTThIH ajabIHaaFbl Apara KyHi 15 MmaMbIpra, ceHbire coiikec Keesm.

Aparma KyHi — 3yJaXVKKa aiibIHbIH TOFBI3BIHIIBI KYHi. OJT KQXKbIIBIK paciMaepiMeH 6aiiaHbICThI
MaHbI3bI KYHIEPIiH 6ipi caHamaIbl.

2027 XbUIFBI Opa3a KecTeci: copeci MeH aybi3aliap YakbITTapbl

2027 KbIIBI Opasa yCTayabl KOCIlapjiaFaH MYChblIMaHAap YIIiH capeci MeH aybi3amap
YaKbITTAapbIH TYPbIC 61Ty MaHbBI3/bI.

Copeci — TaH HaMa3bIHbIH, YaKbIThI KipreHre AeifiH ilrijeTid ac. Ay aybi3aiiap — KyH 6aTKaHHaH

KEﬁiH, dKIIaM HaMa3bIHbIH YaKbIThbI KipI‘eH,ZLe Opa3aHbl alry.

KasakcTaHHBIH 8p KaJlacblHAa KYHHiH IIBIFybl MeH 6aTybl opTYpJi OOJFaHOBIKTAH, Opa3a
YaKbITTAphI [1a ©3Tepeii.

Mpbicanbl, Anmathl, AcTaHa, IlIbiMKeHT, AKTO0e, KbI3bliOopaa koHe 6acka KajaJlapAblH copeci
MEeH aybI3alllap caraTTapsl 6ipaeit 60aMaiibl.

COHBIKTaH MHTEPHETTE JKapusIaHFaH Ke3 KeJIreH KecTeHi KoimaH6ac 6ypbIH OHBIH, Kail Kajara

apHairaHbiH koHe KM/Ib mepekTepiMeH COMiKeCTiriH TeKcepreH sKeH.

Kana O6oupiHma Hama3 yakbiTrapblH "KMJB-HBH pecMu calTbhiHAH"

(https://www.muftyat.kz/kk/namaz _times/) kapayra 6oysambl.
2027 KbUIBI JiHM MepeKelepaid KyHaepi esrepyi MyMKiH 6e?
Wa, e3repyi MyMKiH.
Mcnam kyHTi36eci Al Ko3ranbIiCblHA HerisgenreH. Xukpu KyHTis6emeri 6ip ait 29 Hemece 30

KYHTI€ CO3bl/iadbI.

KasakcTaH MycbUIMaHAapbl AiHM 6GacKapmachl OiHM KyHOepai ecemnTey 6GapbIChiHIA

XaJIbIKaAPaJIbIK aCTPOHOMMSAJIBIK 3€PTTEY OPTa/IbIKTAPbIHBIH MSHiMETTepiH naiganaHazibl.

Anaiiga kaHa aliablH KepiHyiHe GaiiyaHbicThl Pama3saHHbIH 6acTtanybl, Opasa aiiT HeMece
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Kyp6aH aifT KyHi 6ip Tay/IiKKe JKbI/KYbI bIKTVIMAJI.

ConpgpixkTaH 2027 XbUIFbI IiHM Mepekesnep kakbiHAaraHga KM/IB-HbIH skaHApThUIFAH PeCMU

MaJiMeTTepiHe Ha3ap ayJapfaH AypbIC.
Opasza 2027 Typanbl kui KOMbUIATBIH CYpaKTap
2027 xbutbl Opasa Kaii aiiga 6actanambi?

Opa3sa 2027 xxputrbl 8 akmaHma 6acrananbl. PamasaH aifbl akmaH MeH Haypbl3 ailapblH

KaMTU/IbI.
2027 sxpuibl Opasa Hellle KyH 60j1a1b1?

KM/IB skapusiiarad KyHTi36e 6oiibiHIIa PaMasaH 29 KyHre co3butagbl. OpasaHblH, aJFAlIKbl KYHi

8 akmnaHra, COHFbI KyHi 8 HaypbI3fa calikec Keje/Ii.
Pamasan 2027 >kpUIbI KalllaH 6iTemi?

XKapusinanraH KyHTi36e 6oiibiHIIa Pama3saH aiibIHbIH COHFBI KYHi — 8 HaypsI3. Keneci kyHi, 9
HaypbI3na Opasa aiT 6acTasazbl.

2027 KbLJIbI lFALIKbI TApayMX HamMa3bl KalllaH OKbLIAbI?

Erep Pama3saH aiibIHbIH 6acTaly KyHi e3repMmece, ajFalliKbl Tapayux Hamasbl 7 akIaH KelliHae

OKbLIaAbl. HAKTHI YaKbITBIH SKePTiMiKTI MEUIITTiH peCMu KeCTeCiHeH aHbIKTaFaH X6H.
2027 sxbiibl Kagip TyHi Kait KyHi?
Kagmip TyHi 5 HaypbI3 KellliHeH 6 Haypbi3 TaHbIHA JEifiH sKaJracaabl AeIl OeIriIeHreH.
2027 xbuibl Opasa aiT Kaii KyHi?
Opasa aitt 2027 XbpUIFbI 9 HaypbI3Fa COMKeC KeJlei.
2027 sxbutbl Kypb6aH aiiT Hellle KyH 601aabI?

Kyp6aHn ajiT yu KyHre cossuiagbl. 2027 KbUIFBI KYHTi30€e 00JibIHIIIA MepeKe 16, 17 skoHe 18

MaMbIp KyHIepiHe coiikec KeJemi.
2027 xputFbl Opa3sa KecTeci 6apibIK Kaiara 6ipmeit me?

JKoxk. Copeci MeH aybI3aliap yakbITTapbl reorpadusibiK OpHaaacyFra 6aiiylaHbICThI ©3repei. Op
KaJla YIIIiH jKeKe KeCTeHi MaigaiaHy Kepek.

KopbITbIHAbI

Kaszakcran mychbuIMaHOapbl OiHM 6ackapmachkl 6ekiTkeH 2027 KbUIFbI KYHTi36e OOJibIHIIA
PamasaHn aiter 8 akmmanga 6acranamsl. Kamip TyHi 5-6 Haypeizra, Opasa aitT 9 HaypbI3Fa, an Kypoax

aiT 16-18 MaMbIpra coiikec Kesefi.

MychliIMaH KaybIMbl YIIiH 6y KYHIOep — pyXaHu TopbOuere, >kaKChUJIBIK ’Kacayra,

KalbIPBIM/IBUTBIKKA SK9HE 0TOACHI KYHAbUIBIKTAPbIH HbIFAMTYFa MYMKiH/IiK OepeTiH epeKiie Ke3eH.

MepexesiepiiH HaKTbI KyHAEpi aiifibIH KepiHyiHe 6ailIaHbICThI ©3Tepyi MyYMKiH O0FaHIbIKTAH,
KM/IB-HbIH pecMu KaHaJIbIKTaPbIH Kadaraaiall OThIPY YChIHBLIAAbI.

AKmapart Ke3jepi:

- "KMIOBb: 2027 SKBIJI I bl H OiHu KYHAOep KecTecCi GexkiTinmi"
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(https://www.muftyat.kz/kk/holiday/dini-kunder-kestesi/2026-10-16,/48888-2027-zhyildyi-dni-knd
er-kestes-bektld/)

- "KMIB: Kanmip TYHiHe KaTBhICTbI KeTi cypaxk"
(https://www.muftyat.kz/kk/articles/islam-and-society/2018-06-11/18638-adr-tnne-atyistyi-zhet-s
ra/)

- "KMJBb: Opasa ycray omenTepi”
(https://www.muftyat.kz/kk/articles/ramazan-dristeri/2024-03-23/44354-oraza-stau-depter/)

- "KMOB: [OiHu MepekenepHiH KyHOepi Here e3Tepyi MYMKiH?"
(https://www.muftyat.kz/kk/news/qmdb/2024-06-07/44832-rban-ajt-knn-zgerune-bajlanyistyi-md
b-mlmdemes/)
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— Q[OEHE WbIHBIKTbIPY - N28

BackeT00/1 OJibIHBIH OKBITY/IbIH, 3aMaHaYM
omic-Taciigepi

XymMmapcTaHoB KyaHbiln ©OMip6eKynbl

X
K HeuarorMKa FblJIbIMOapPbIHbIH, MaFI/ICTpi, BaTtbic KaSaKCTaH NHHOBaUUANbIK-TEXHONOIMNASNbIK yHVIBepCI/ITeTi
XAPUANAHODbI PUBLICATION ID TIPKEY KYaniri
KasaH 2026 BLM-ART-2026-200300 Ne¢ KZ45VPY00102718
Anparna

Makasiama 6ackeT60J1 OVibIHBIH OKBITYABIH 3aMaHayy 9/1iC-TaCi/iaepi, oapabl IeHe MbIHIKTIPY
cabaKkTapbIHAA KOJOAaHYIbIH IeAarorMKaablK MYMKiHAIKTepi KapacTeipbliaabl. ObIH apKbLIbI
OKBITY, IIaFbIH KypaM/JIaFbl OMbIHIAD, capajal OKbITY, TpobJeMabIK KargasTrap, 6eiiHe Tangay
’KoHe KaJbIITAaCThIPYIIbl 6aranay oficTepiHiH OKYIIbUIAPIbIH, TEXHMKAJbIK, TAKTUKAJIBIK KOHE
9JIeyMeTTiK JAaFAbUIapbIH HaMbITYIArbl peJi cunattanangbl. COHbIMEH Gipre cabak KYpPbUIBIMbIH
JkocrmapJiay, OKy HoTMKejepiH Oarajay >KkoHe Kayilci3 opTaHbl KaMTamachI3 €Ty KOJIgapbl

YCbIHbLIJIAAbI.

TyiiiH ce3mep: 6ackeT00JI, AeHEe MBIHBIKTBIPY, OKBITY 97iCTeMeCi, ObIH apKbIIbI OKbBITY,
TaKTUKAaJIbIK, OJijIay, capajall OKbITY, IMQPJIbIK TEXHOJIOIMS, KAJIbIITACThIPYIIbI Oarasay.

Kipicme

Kasipri 6inmim 6epy kylieciHge AeHe MIBIHBIKTBHIPY MOHI OKYMIbLIAPABIH JEeHCAYJIbIFbIH
HBIFAMTYyFa, KO3FaJabIC O€JICeHITITiH apTThIPyFa, CalayaTThl OMip CAJIThIH KAJIBITITACTBIPYFa KOHE
TYJIFAJBbIK KacUeTTepiH JaMbITyra GarbITTajaraH. bya MiHgeTTepni skysere acbipyAa CIIOPTTHIK
OMBbIHIAPIbIH, COHBIH illliHIe 6acKeTOOAbIH, MaHbI3bI 30P. BackeT60/1 OKYIIbLIAPIbIH, JKbIITAMIBIK,
enTiNiK, Te3IMIIMIK, YilIeciMaiIiK, Ia0iK CUSIKThI JeHe KacMeTTepiH MaMbIThIIl KaHa KoiiMaii,
6ipiecin apekeT eTyre, epekeHi cakTayra skoHe OJbIH OapbIChIHAA KbIJIJaM IIEelIiM Kabblimayra
yiipeTtei.

HereHMeH 6acKeTOOJIbI OKBITY TEK TEXHMUKAJBIK 2JIEMEHTTEpPi KaiiTaaTyMeH IIeKTeaIMeyi
Kepek. OKYIIbI TOMThI JYPBIC aJbIIl KYPYZIi HemMece cebeTKe JaKThIPYyAbl MEHTEPYMEH KaTap, Oy
opekeTTepi OVibIH >KargaiiblHAA KalllaH ’KoHe Kajali KoJJaHy KepeKTiriH ge TyCiHyi Kaxker.
COHIBIKTAH OOCTYPJi TYCiHOIpYy MeH KepceTy 9JiCTepiH OKYIIbIHBIH OeJICeHMi KAaThICybIHA
HeTi3[e/lreH 3aMaHayM MeJaroruKajblK ToCiIAepMeH YiiiecTipy MaHbI3[IbI.

MakanaaHbIH MaKcaTbl — 0ackeT60JI OMBIHBIH OKBbITYOA KOJOAHBIIAThIH 3aMaHayu dfic-
Tociimepdi Taamar, ojJapAbl OKY yaepiciHme Tuimpmi maimanaHy koJjmapblH KepceTy. Herisri
MiHJeTTepi: TeXHUKAJIbIK KoHe TaKTUKAJbIK JaFabliapibl KaJAbIITACThIPY 8iCTepiH cumaTTay,
OKYIIIbLJIAP/IBIH, JKeKe epeKIIeTiKTepiH eckepy, UMOPIIbIK KypaagapIbl OPbIHIbI KOJIIaHY KOHE OKY
HOTVDKECIH 6arasayablH TUiM/Ii JKOIIAPbIH YChIHY.

1. BackeT60/AbI OKBITYIBIH, 9AiCTEMETIK HeTizaepi

BackeTb6os1bl OKBITY Oenriji 6ip sKyitenisikke cyiteHyi Tuic. AJgpIMeH OKYIIbLJIapFra Herisri
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KO3FaJIbICTap MeH Kayilci3AiK TananTapsl TYCiHAipineni, KeiiiH JOMTHI ce3iHy, ajbIll XYpY, Mac
6epy, Karblll aly, JaKThIPY KoHEe KOPFaHbIC KAJIITbl CUSIKTHI 6a3aJIbIK 2/ieMeHTTep yiipeTineni. Keneci
KeseHe Oy Jarabliap KO3FajbIC YCTiHAe JKoHe Kapchljaac 9peKeTi 6ap OibIH KaFmaiiiapblHaa
GexiTineni.

Tycinmipy >koHe KepceTy 9ici a/1i me MaHbI3aAbl. MyFanaiM KO3Fa/JbICTbIH Heri3ri Ke3eHaepiH
KbICKA 9pi TYCiHiKTi TyciHAipim, AypbIC OpbIHIANTY YJTiCiH KepceTeni. Anaiiga y3ak TYCiHAipy
OKVYIIBIHBIH, KO3FaJibiC GejJceHAiJirin TeMmeHaeTyi MyMKiH. COHIBIKTAH akKIapaTThl IIAaFbIH
besrikTepMeH Oepir, ap TyCiHAipyAeH KeliH GipaeH OpPbIHAAY TAIIChIPMAaChlH YABIMIACThIPFaH
IYpBIC.

Kaiiranay amici KO3rajibIC OarAbIChIH TYpPaKTaHIObIpyFa KeMeKTeceli. Bipak >XaTTbIFybl
e3Tepicci3 KaliTanai 6epy JKeTKiTikci3 60ybl MyMKiH. Bip maFmbIHbI 9pTYPJIi JKaFaaiga OpbIHAATY —
MBbICaJIbI, JOMTHI OPHBIHIA, SKYPY Ke3iHge, JKYTipy Ke3iHae skoHe 6arbITThl ©3T€PTe OTBIPHIIT aJIbIII

SKYPY — OKYILBIHBIH OHBI OJibIH OapbIChIHIA KOJJaHy MYMKIiH/IiTiH KeHeinTeIi.
2. O¥ibIH apKbLIbI OKBITY 9AiCi

OJibIH apKbLJIBI OKbITY — 0ackeT60s cabaKTapblHIA OKYIIbIIAPIbIH KbI3bIFYIIbIJIBIFbIH
apTThIPAThIH KOHE MarablIapabl HAKThI JKaFmalifa XakKblH OpTaja JaMbITyFa MYMKiHZIK 6epeTiH
Tocin. By aaicTe OKYILbI JaiibIlH KMMbLUIIbI FaHa KaliTasaMaiiabl, COHbIMEH Oipre OiibIH JKaFmaiibiH

GakplIall, KapCchliac IeH CepikTeCiHiH opeKeTiHe Kapaii menriM KaObLIIaiIbl.

MpbIcasbl, JOTTHI ajbIIl XYPY/Ii yiipeTy Ke3iHae OesriJieHreH ChI3bIKTap apachIMeH KO3Fay,
KeJleprijiep i aifHaJIbIN 6Ty HeMece AOTThI JKOFa/ITIal 6erii 6ip aitMakKa sKeTy TarcbipMaiapbl
opbiHAamabl. [Tac 6epy/i JaMbITy YIIIiH KYIIIIeH KO3FalIbICTa Mac aaMacy, 60C OpbIHFa HIBIFBII IOTI

Ka6I)IJ'I,H,ay JKoHe HbICaHa¥ra [O9JI I1aC 6epy JKaTTbIFyJIaphbl ¥ﬁbIMﬂaCTprbIHaﬂbI.

IlarpIH KypamMaarbl 2x2 koHe 3x3 oiibIHIaphl epekiie TuiMai. ObIHIIbUIAP CaHbI a3 OOJFaHIa
9P OKYVIIbI AOIIITEH KMi 9peKeT eTe/i, Mmadybul MeH KOPFaHbICKA OeiceHIipeK KaTbicaabl. Myralim
cabak MakcaTbIHA Kapaii epeskeHi >KeHiJ e3repTe ajaabl: MbICAJIbl, ceO0eTKe JIaKThIpMac OYPhIH
KOMaHIa KeMiHJe yII mac 6epyi Kepek Hemece OOIIThI aJfaH OKYIIbI GipHelle CeKyH[ illiHme

HIelrim Kabpuimaybl Tuic. MyHAaii mekTeysep 6eriii 6ip JarabIHbI JKATTBIKTBIPYFa KOMEKTeCe .
3. TexHUKaJBIK JarabuIapabl MEHTEPTYiH, 3aMaHayM Taciigepi

BackeT601IbIH HETi3Ti TeXHUKAJIbIK 3JIeMEeHTTepiHe MOIIThI aJlbIIl KYPY, I1ac 6epy, JOMThI KAFbIIl
aiy, cebeTKe JIaKThIPY, TOKTaY, OYPbUTY JKoHEe KOPFAaHbIC KAJITIbIH CaKTay sKaTaibl. by aemMeHTTEep i
OKBITYA KapamaiibIMHAH KypAejire kapaii eTy Karumachl cakTajaafbl. AJFaIIKbIJa OKYIIbI
KO3Fa/IbICThI 6asty KapKbIHMEH MeHrepe[i, KeiiH sKbIIAaMIbIK, KO3FaJIbIC OAFbIThI 3KOHE ChIPTKbI
Kegeprinep 6ipTiHaeI KocbUIaipbl.

IOmThI a/IbIl XYPY Ke3iHAe 6acThl YHEMI JOIKA KapaTa 6epmeii, alaHabl 6aKkblIay JaFdbIChIH
KaJIBINITACThIPY KaxkeT. OJT YIIiH OKYIIbI AOIITHI aJIBIII KYPill Kejie sKaThIll MYFaJIiM KepCeTKeH
6enriHi aTaysl, cepikreciHe mac 6epyi Hemece 6eiri 60ibIHIIA GAFBITBIH ©3repTyi MyMKiH. By

TarchIpMasap JOMThI 6aKbLIaYIbl KeHICTiKTI 6aFmapaayMeH 6aiiaHbICTbIpabI.

[Tac 6epy TeXHMKAChIH JaMbITY YIIiH KeyAeIdeH Iac, skepre COFbII nmac 6epy skoHe 6ip KoaMeH

6epy Tacinmepi yipetineni. OKymbliap mac KymiiH, 6arbIThIH JKOHE YaKbIThIH CepPiKTeCiHiH
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KO3FaJIbIChIHA CalikecTeHipyi Kepek. CebeTKe JIaKThIPYAbI YiipeTy/ie asKTbIH OpHAJIaCybl, JeHEeHiH
Terne-TeH/IiTi, MBIHTAKThIH OAFbITHI KOHE JIAKThIPYAAH KeliHTi KOJI KMMbLIbI 6aKblIaHaabl. MyFamiM
6ip yakbITTa ThIM KO KaTeHi Ty3eTyre ThIPBICIAi, 8P OKYIIbIFa 6ip HeMece eKi HaKThl YChIHBIC
6epreni Tuimmi.

4. TaKTUKAIBIK OiiJIay MEH HIeNliM Ka0bLIaayabl JAMbITY

TakTUKaAJBIK AAaibIHIBIK OWBIH JKarmalblH TYCiHyre, AYpPbIC MO3UINUS TaHIayFa >KoHE
KOMaHJaJacTapMeH KeJjlicin apekeTr eTyre Herismesnei. OKyIIbl TOMTHI 6epy HeMece JIaKThIpy
MYMKIiHJiTiH FaHa emec, Kapchllac OpHAJIacyblH, CepikTecTepiHiH KO3FaJbIChIH XKoHEe 60C

ajiMakTapmbl Ja Garajaybl KasKeT.

[Tpo6ieMabIK KaFgasTTap 9M4ici TaKTUKAJBIK OIayAbl JaMbITyFa KeMeKTecemdi. Mbicasl,
MyFaJiM 3x2 mabybll >KargaiblH YIBIMIACTBIPBII, IIa0ybLIZAYIIbl KOMaHOAAaH CaHJbIK
6achIMIBIKTBI MaiigaaaHyabl cypaiiabl. KopraHymIbliapFa JOM YCTaFaH OMBIHIIBIHBI TOKTATY SKOHE
rac 6arpITTapbIH Ka0y MiHgeTi 6epineni. XaTTeirynan keiiin «Kait coTTe mac 6epy TuiMai 601b1?»,

«KopranbicTa 60C KajraH aiiMak Kaii skepe 60JIbI?» JereH CypakTap TaJKblIaHaIbI.

[ITabybUT TAKTUKACHIH YiipeTKeH e 60C OPbIHFA IIbIFY, IIaC OepreHHeH KelfiH KO3Fasly, cepikTecke
TOCKAYbII KOO SK9HE KbUIIAM MIAa0YbIIFa MIBIFY CUSIKTHI 9peKeTTep KapacThIpbliafbl. KopraHbiCTa
OJBIHIIIBIHEI OaKbIJay, 63 aliMarbiHa skayall 6epy, JOII )KOFaJFaHHAH KeifiH KbLIgaM KOPFaHbICKa
KaJTy JKoHe KOMaHgaJacblHa KOMeK KepCceTy Jarabliapbl JaMbIThIIaIbl. BYJ TOCiIgep OKYIIbIHBIH,

OVIbIHFa CaHaJIbl KAThICYbIHA BIKIIAJI €Te/Ii.
5. Capasamn >koHe OKYIIbIFa OarbITTA/IFAH OKBITY

Bip CBIHBINITAFbl OKYIIBLIAPABIH (MU3MKAJBIK MYMKIiH/iri, KO3FaJbIC TaXipubeci skoHe
6ackeTOOJIFAa KbI3BIFYIIBIBIFBI OPTYPJi 60sybl MyMKiH. COHIOBIKTAH OapiblFbiHA Oipmeit
Kypaeinikreri Tarceipma 6epy Keiibip OKyIIbLIapFa ThIM KEHis, aj 6acKajaapblHa KUbIH G0JTYbI
pIKTMMaJI. Capasar OKbITY Ke3iHJie TarcbipMa JeHrelii OKYIIbIHbIH JalibIHABIK JopeskeciHe Kapait
peTTenei.

MpbIcasbl, 6acTamnkbl JeHreiaeri oKyImbl OOITHI OPHBIHIA aJIbIIl KYpemdi; Kejaeci meHreime
KeJeprijiep apacbiMeH KO3FaJjiafbl; KOFaphl JeHTelife KapChlIac KbICHIMBI JKaFmgaiblHIA JOMThHI
KOpFall, IYPBIC MIelliM Kabbuimaiabl. JIAKThIPY SKaTTHIFYJapbIHIA ce0eTKe MeifiHTi KallbIKThIKThI
e3TepTyre, aj Iac 6epy KesiHze cepikrecTep apachlHIarbl apaJIbIKThl peTTeyre 601aIbl.

OKyIIbIFa OGarbITTaJFaH OKBITyAAa TaHAAy MYMKiHZIiri me kapacTsIpblaambl. Benrimi 6ip
SKaTTBIFyla OKYIIbI ©3iHe KOJaiiibl JeHTeiimeH 6acTaiiabl KoHe HOTUKeCiHe Kapail Kypaeaipek
TalchbipMara eTefi. By Tacin skeTicTikKe XeTy ce3iMiH KyIIeiiTim, cabakka KaTbICy bIHTAChIH
apTThIpyFa KeMeKkTecei. MyrajaiM OKylIbUIapAbl 6ip-6ipiMeH caylbICThIPYAAH TOpi OJIapIblH, JKeKe

inrepineyiHe Ha3ap ayJapraHbl )KeH.
6. LIndpasik TEXHOJOTHUSIIAP JKOHE OeiiHe Tangay

Ludpablk TexHOMOTHUSIIAD 6ACKETOO TeXHMKACBIH yipeTyre KOChIMIIAa MYMKiHIiK Gepesi.
KosranbicTbl cMapThoHFa HeMece IUIaHIIeTKe TYCipir, OHbI 6asty peskuM/e Kapay apKbLIbl OKYIIbI
63 9peKeTiH yATriMeH cajbIcThipa asagbl. Mbicaibl, JaKThIPy Ke3iHe asiKThlH OpHaIacyblH, JeHe

Tere-TeH/IiTiH JXKoHe KOJIbIH COHFbI KMMbUIBIH TaJayFa 601abl.
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BejiHe Tanmaymbl KOJAJaHFAHAA HAKThl OKY MaKcaThl Oenrinenyi tuic. Bip 6eliHemeH 6apibIK
KeMIIJTIKTi i34eyiH opHbIHA, MyFariM Gip cabakTa 6ip FaHa 3/eMeHTKe Ha3ap aygapTybl MYMKiH.
OKyIIIbI a/IIbIMEH 63 dPEKeTiH CUIIATTaiabl, COOaH KeliiH MyFajaiMHiH Kepi 6aiiaHbIChIH ThIHIAI,

KO3FaJbICThI KaliTa OpbIHAAMAbI. By ©3iHiK Tangay MeH caHaslbl YiipeHy AarablIapblH JaMbITaabl.

Lndpasik Kypanmap yakbITThI ©JIIIE€yTe, I9J1 JaKThIPy CAHbIH TipKeyTe, SKaTThIFy HOTUKeIepiH
CaTBICTBIPYFA JIa Kapaiapl. JlereHMeH TeXHOJOTHSI CabaKThIH, HEri3ri MakCcaThIH aJIMaCcThIpMaybl
Kepek. bejiHe Tycipy Ke3iHIe OKYIIbIJIapAbIH KeJliciMi MeH JXeKe AepeKTepiH KOpray TajalTapbl
CaKTaJbII, KYPbUIFBIHBI KOJIIAHY KO3FalbIC OeCeHIiNiriH azanTnanTeiHAali yiAbIMIACTbIPBLTYbBI

KasKeT.
7. KaapInTacThIPyLIbI Oaraiay )XoHe Kepi 6ai1aHbIC

Baranay Tek cabak COHbIHIAFbl HOTVKEHi OeJIrijiey yIiIiH eMec, OKYIIbIHBIH YiipeHy 6apbIChIH
’KaKCapTy YIIiH KOJIaHbUTYbI KepeK. KabIITacThIPYIIbl Oarasay apKbUIbl MYFATiM OKYIIBIHBIH, Kaii
IarablHbl MeHrepreHiH, KaHAall KMbIHIBIKKA Ke3[deCKeHiH ’KoHe KeJjeci Kamamaa He icTeyi

KepeKTiriH aHbIKTaiabl.

Baranay enmemaepi cabak MakcaTbIHA COIIKeC api TYCiHiKTi 60FaHbl AypbIic. MbICaJIbI, TOMTHI
aJIBITI XKYPYyZe AOTIThI 6aKblIay, 6acThl KOTEPIIT aylaHAbl Kapay >kKoHe 6arbITThI KAyillCi3 e3repTy; mac
Oepymae moiAiK, YaKbITThl TAHAAY KOHE CepikTecke bIHFAIIbI IMac 6epy; JaKThIpyaa JeHe Telle-

TeHiri MeH KO3FaJIbIC PeTTiJIiri GarajaHabl.

Kepi 6ajimaHbic HaKThI 9peKeTKe 6arbITTadybl Kepek. «KaTe skacaablH» JereH >KajIlbl HiKipaiy
OpHBbIHA «mac 6epep aamblHAa cepiriHHiH 60C ajiMaKKa IIbIKKAHBIH OaKbljga» JereH HYCcKay
naiiganpipak. ©3iH-e3i 6aranay maparbl, KYNTBIK O0aKblIay XKoHe cabak COHBIHIAFbI KbICKA

pedurekcust OKyIIbUIAPFa 63 JKETICTIriH 6aiikayra KOMeKTece .
8. CaGaxThI JXOCIap/ay KoHe Kayinci3gikTi KaMmTamachi3 eTy

3aMaHayM aicTep cabaKThIH MaKcaThIMEH OajilaHbICKaH Ke3[e FaHa TUIMJOi HoTuKe Oepei.
Cabax KypbUIBIMbIHA Kipicre yiibIMAACTBIPY, JeHeHi KbI3AbIpy, Heri3Ti 6esimMaeri TeXHUKaJbIK -
TAaKTUKAJBIK TaIlCcbipMajap >XoHe KOPBITBIHIBI 66JiiM Kipemi. KpI3abIpy Ke3iHIe >KaJIlbl
KO3FaJbICTapMeH KaTap, 6ackeTboJiFa TOH KeHIJ XXYTipy, TOKTay, OarbIT ©3repTy KoHe AOIIeH

KapariaiibIM apeKeTTep OpPbIHAAIaIbI.

Herisri 6esimae TaricbipMaiap 6ipTiHaen KypaeaeHe i: KeKe TeXHMKAIaH JKYITHIK JKaTThIFyFa,
OJlaH IAFbIH OVibIHFA Keuryre 60saabl. KOphITHIHABI G6sTiMae KyKTeMe GipTiHgen TeMeHIeTimim,
cabak MaKcaTbiHa KaHIIaJbIKThl JKeTKEeHi TajKblIaHagbl. MyFaliM KaTTBIFy YaKbIThl ME€H
IeMaJsbICThl OKYIIbIJIaPAbIH XacblHA, JeHCAY/bIK JKaraaliblHa )KoHe OalibIHAbIK JeHTeliiHe Kapaii
peTTeiii.

Kayimci3gikTi cakray VIIiH ajJaHHBIH Tajifak eMeCTiri, >ka6abIKTapablH >KapaMIblJIbIFbI,
CITOPTTHIK asiKKMiM >XoHe OKYIIbIJIap apacblHOAaFbl apaKalllbIKThIK Tekcepisieni. [lomnka Tanacy,
ceKkipy >koHe KOHY Ke3iHe JypbIC KMMbLIAy TeXHMKAChIHA Ha3ap ayaapy KaskeT. KakThIFbICY KayTli

SKOFapbI KaTTHIFY/Iap TYCIHIiPiJIiTl, MyFasliM OiibIH 6apbIChIH YHEMi OaKbLIAI OThIPAIbI.
9. Yarimik cabak TarchIipMasiapbl

Bipinmri Tamcbipma — «BaFbITThI ©3TEPTIill ajbIll KYpy». OKYLIbLIap GesrijieHreH Kegeprijiep
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apacbIMeH JIOTIThI OH JK8HEe COJI KOJIMEeH aJbll Kypefi. MyFaaiM Ko3FasibIc Ke3iHae 6acTbl KeTepill,
ajJfa Kapay/bl JKoHe JIOTTHI JeHeMeH KOopraybl eckeprefi. Tarceipma 6acTankbl JeHrelae 6asy
OPBIHIAJIBII, KeiiiH KbUIIaMIbIK OipTiHaen apTThIPbLIaIbI.

Exinmi Tariceipma — «Ilac 6ep ge, 60c opbIHFa MIbIK». OKYIIbLIAP XKYIIIIEH HEMeCe YIII aJlaMHaH
TOITACKII, ITac 6epreHHeH KeiiH 6acka OpblHFa KO3rajaabl. MakcaT — mac 6epin KaHa Koiimaii,
Keyieci opekeTKe maiibiH 60sy. MyFanim mac Ao firiHe, KO3FaabIC YaKbITbIHA JKOHE CepiKTecIeH

OaliaHbICKA Ha3ap ayaapajbl.

YuriHini Tamnceipma — «3x3 memnim Kabbuimay oiibIiHbI». KoMaHganap MIarbiH ajaHga OiiHaigbl.
MyraniMm cabak MakcaTbhIHA Caji KOChIMIIA IMApT KOS aJaabl: MbICAJbl, JAKThIpYyFa OeitiH 60c¢
OVBIHIIBIHBI Taby HemMece mac 6epreHHeH KeiiH OpbIH aybICThIPY. OVbIH COHBIHIA OKYIIbLIAP
KaHgali IemriMHiH THimMzai 60JFaHBIH KbICKAllla TaJmaiabl. Byys TamceipManap TeXHMKAJbIK

JaFIbIHbI TAKTUKAJIBIK OJiJTayMeH 6aiiyIaHbICThIPAIbI.
KopbITBIHbI

BackeT60/1 OVBIHBIH OKBITYIbIH 3aMaHayu ©Hic-Tacijamepi OKYIIbIIAPIAbIH TEXHUKAJIbIK
IabIHABIFBIH XKeTUIAIpYMEH KaTap, TaKTUKAJbIK OWJIAyblH, mepbecTirid, KapbIM-KaTbIHAC
MOJIeHMETIH KoHe KOMAaH/Ia/IbIK JKayaIlTKepIIiIiriH JaMbITyfa MyYMKiHIiK 6epefi. ObIH apKbLIbI
OKBITY MeH IIaFblH KypaM/IaFrbl OMbIHAAD JaFabUIap/abl HAKTHI KaFAaiyiapaa KoJgaHyra KeMeKkTecce,
capaJjamn OKbITY 8p OKYIIbIHBIH KeKe MYMKIiHiriH eckepyre kargaii xkacaiigbl. bejiHe Tanpgay,
IM@PIIBIK Kypaagap sKoHe KajbIIITaCThIPYIIbl 6arasay OKy YIepiciH KepHeKi api MaKCaTThl eTyre
BIKITAJI €Tel].

onicTepdi TaHmayma MyFajaiM cabakK MaKCaTblH, OKYIIbIIAPAbIH KaCbIH KOHE O alibIHJIbIK
IeHreifin eckepyi KaxkeT. EH HOTMsKeJIi TACi — IOCTYpJli TYCIHAIpYy MeH KepceTyai 6eiceHai OibIH
TarchipMagapbiMeH, HAaKThI Kepi 6aiiylaHbICIIeH JKoHe Kayillci3 KaTThIFy OpTachkIMeH YIITACThIPY.
OchIHAM Kyiteni KYMbIC OKYUIbIIapAbIH 6acKeTOOJFa KbI3bIFYIIBIJIBIFBIH apPTTHIPBII, JeHE
IIBIHBIKTBIPY CabarbIHbIH, CaIlachlH JKaKCcapTyFa Heri3 6ojafbl.
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Bys 3epTTeyme opTa koHe KOFaphl 6iJiM 6epy KyleciHmeri moHapasbIK bIKITAAIaCTbIKThIH
MaHbI3bI, 9Cipece OpraHMKAJbIK XMMMUs, 61onoTus, pM3uKa KkoHe KOJIOTUS MOHAEpPiH e3apa
0aliyIaHbICThIPA OKBITY MOCeJIeCi KapacThIpblIIaabl. 3ePTTEY HOTYOKEIEepi aTaJFaH MIoHAepIi e3apa
YIJIeCTipill OKbITY OKYIIBIIAPAbIH Kypaesai XUMUSIJIbIK TYCiHiKTepZi TepeHipeK YFbIHYbIHA KoHE
6imimai TiMai MeHTepyiHe MYMKiHZIK OepeTiHiH KepceTeni. OKy 6armap/iaMmagapbiH capajiay skoHe
TeJarOTMKAaJIbIK TOKipubenepiH HOTYDKEIEPiH Tanaay MoHapasIbIK OKBITY 9iCTePiH KoIgaHy 6imim
aJIyIIbLIaPAbIH TAHBIMIBIK O€JICeHIIIiriH apTThIPBIN, CHIHK OJiJIay JaFAblIapblH JaMbITYFa, COHOAM-
aK aJraH OimiMIepiH NMpaKTMKaJbIK TarcbipMasap MeH 3epTXaHaJbIK JKYMbICTAp OGapbIChIHIA
YIITACTBIPHII, KOJIAHY KabieTiH KeTiAipyre bIKIaI eTeTiHiH KepCeTTi.

CoHBIMEH KaTap Makajaja IMoHapasblK OKbITY TocijmepiH 6isiM 6epy ymepiciHe eHTri3ymiH
MYMKiHIiKTepi MeH TYbIHAANThIH Macejieiepi cumaTTagaabl. ATam aiiTKaHIa, Iearortepaiy e3apa
BIHTBIMAKTACTBIFBIH YIIBIMIACTBIPY, OKY OargapiiaManapblHbIH Ma3MYHbBIH COMKeCTeHipy JKoHe
KaKeTTi MaTepualAbIK-9iCTeMeNiK pecypcTapMeH KaMTaMachi3 eTy MaceJiejiepiHe Hasap
aygapbuiaabl. 3epTTey KOPBITBIHIBLIAPBI TEOPUSJIBIK OiiMIi MpaKTUKAIbIK iC-9peKeTIeH
YIITAaCThIPAThIH KeIIeH i OKbITY KYiieCiHiH KaXXeTTiiriH aikeiHmaiabl. MyHgai Tocia 6imxim
ayIIbUTapAbIH, OPraHMKAIBIK XMMUSIAAFbI KYOBIJIBICTAp MEH IIpOllecTep KOHiHAeri TyTac api skaH-
SKaKThl TYCiHITiH KaJbIIITACTBIPYFa KaFmai skacaiabl. HoTyokeciHae opraHMKAIbIK XMMUSHBI JKOHE
OHbIMEH cabaKTac >KapaTbUIBICTAHY MOHAEPiH OKBITYIbIH TUIMAIIITi apThIN, OKYIIbIIaPAbIH
FBIIBIMM-3€PTTEY KYMbICTAPhIHA KAThICYbIHA JKOHE OoJialllaK Kaciby KbI3MeTKe JasipjaHybIHA Heri3

KajlaHaIbl

KinT ce3mep: nmoHapasbIk 6iaiM 6epy, OpraHMKaIbIK XMMUSHbI MHTErpauysiay, CbIHM TYPEbIIaH
oJiyiay, OKbITY 9licTeMecCi, TAaHbIM/IbIK JaMYy.

Kipicme.

OpraHuKajablK XMMUSIHbI 0M0J0rus, GU3MKaA KOHE DKOJOTUs CUSIKTbl 6acKa IMoHIepMeH
MHTEerpanyusiay OKyIIbIapabl TUiM/Ii OKBITY YIIIiH IIENIyIli MaHbI3Fa e, OMTKeHi 6y XUMUSITBIK
rpolecTepAi KaH-XaKTbl TYCiHYy MeH OJlapAbIH MPaKTUKAJIbIK KOJJAHbITYbIH KAMTaMachl3 eTei.
OKy mpolieciHae MoHapajblK OaiiJaHbICTapPAbIH, 9cipece XMMMUS MeH CMEXIi FhIIbIMOAp
apacbhIHIAFbl ©3apa GalilaHbICTapIbIH MaHbI3IbUIBIFBIH achblpa Oarajiay MyMKiH emec. MyHpaait

6aI7IJIaHbICTap OKBITYDAa TYTACTBIKTbl KaMTaMacChbI3 ETe,Zli, OKyHmblJIapFa OPraHMKAJIbIK
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peaxkusUIapabIH, KYpPIAeaiIirid, omapablH, OMOJOTHUSIBIK KOHE 3KOJOTUSUIBIK MOHIH TYCiHyre
MYMKiHIiK 6epepi. [ToHapasbIiK ToCi COHbIMEH KaTap ChIHM TYPFBIAAH Oiiay KabineriH,
AHAJIMTUKAJBIK JardblIapabl JaMbITYFa >KoHe OiMiMIi 3epTXaHaJbIK >KoHEe MPaKTUKAJbIK ic-
apekeTTepae KOJJaHy MYMKIHZIriH apTThIpyFa bIKIAI eTe/li, Oy XMMUS KoHe KapaTbUIbICTAHy

FBUTBIM/IAPbI CaJIaChIHIAFDI O1/TIKTI MaMaHAAPAbI Jaspiay YIIiH KaxKeT.

Mamanpgap rmoHapasblK OaiaHbICTaPAbIH OKY MIPOLIECiHiH TMiMIUTITIH apTThIPYIaFbl POJIiH aTar
KepceTei, OYJI 8pTYpJIi FhUIBIMM cajlajiapAaH ajJblHFaH OLTiMaepi, COHbIH, illiHAe OpTraHUKAaIbIK
XUMMSI, 6MOJIOTHS KoHe (DU3MKAHBI MHTErpanusaay apKblabl Ky3ere acaabl XKoHEe XMMMUSIIBIK
nmporecTepai TyTac >KoHe Kyiesai TYCiHyAi KaJbITacTeipaabl. MyHIa MHTerpanus Tek
OpraHMKaJbIK peaKkUMsIapabl KOHE OJIapIblH 3aHIbIIBIKTAPhIH JKaKChl MEHTepyre raHa eMec,
COHBIMEH KaTap OJIapAbIH OMOJIOIUSIJIBIK JKOHE SKOJIOTMSIUIBIK MOHIH TYCiHyTe e MyMKIiHIiK 6epei.
CoHbIMeH KaTap, MeHapalblK ToCUIAepIiH ©3eKTijiri acipece opraHMKaIbIK XMMMUSHBI OKBITY
6apbIChIH/IA AViKbIH KOpiHei, i TKeHi MoHAEPIiH YitaeciMi MaTepuaabl TEPEHIPEK TYCiHyTe KoOHE
OHBI 3epTXaHAJIbIK KoHE MPAaKTUKAIBIK TalIChbipMasiap/ia TUiM/Ii KOJITaHyFa MYMKIiH/IiK 6epeJti.

Marepuangap MeH JJicTep.

byn MakasaHbIH MaKCaTbhl — OpPTaHMKAJbIK XMMMSHBI OKBITY yHepiciHme IMoHapabIK
6ajiytaHbICTapAbl KOJAAHYIbIH 3aMaHayu 9iCTepiH KapacThIpy XKoHE OJIapAblH OKYUIbIIAPIbIH,
XMMMUSI MEH KapaTbUTbICTAHY MOHAEpi 60bIHIIA 61TiMII MeHTepy JleHreliiHe bIKITaJbIH aHbIKTAY.
3epTTey 6apbIichiHaa 6110I0rMs, GM3MKA KOHE SKOJIOTHS CUSKThI FhIIBIM CasialapbIHbIH OiTiMaepin
e3apa YIIITacThIPY KOJAgapblHa Ha3ap aymapbuiaabl. COHBIMEH KaTap ITOHAPAJIbIK bIKIAIIaCThIKThIH
OpraHMKAaJbIK peaKkIysIapAbIH KYPYy MeXaHU3M/IePiH, XUMUSIIbIK, 3aHAbUTbIKTAP/IbI JKOHE OJIapIbIH
TOXipnOeiK MaHbI3bIH TEPEH TYCiHyTe 8cepi KapacThIPbLIaAbl. 3€PTTEYIiH HEeri3ri 6arbITTapbIHbIH
6ipi — opraHMKAJIBIK XMMUSHbBI OKBITY 9/IiCTEeMECIH KeTi/IIipy apKbIIbl OKYIIbLIAPIbIH TAHBIM/IBIK
KabiseTTepiH HaMbITy, CbIHM O¥jay JarAblIapbIH KaJbIIITACTHIPY KOHE OJIapabl 3€PTXaHaJIbIK
ToXipubesepai opblHAAYFa, FRIIBIMU i3I€HICTEp KYPri3yre api TeOpUSIIbIK 6iTiMaepiH Taxkipubeme
KOJIIaHyFa Jasipiay.

OpraHuKaablK XMMUSIHBI OKBITYAA IIOHAPAJbIK OaiiaHbICTapAbI JKY3€re achbIlpy OKYIIbIIaPIbIH
XMMMSIIBIK, JKOHE JKapaTbUIbICTAHY OArbIThIHIAFGI OiTiMIepiH ©3apa cabaKTacThIKTa MeHrepyiHe
MYMKIiHIiK 6epeTiH MaHbI3Ibl I1eJarormKablK TOCiJ OOJIBII caHaaambl. By TOCiI opTYpIIi FIIBIM
cajajiapblHIa KaJbIIITacKaH Oimimaepmai OGipikTipy skeHe ojapAbl OKYy yAepiciHae maiimanaHy
apKbIJIbl XMMMUSIJIBIK KYObUIBICTAP MEH IIPOLIeCTep TypaJbl TYTac TYCiHiK KaJbIIITAaCThIPYFa
OarpITTa/IFaH. OCipece OpraHMKAaIbIK XMMUSHBIH OM0I0THS JXKoHe (M3MKa IoHIepiMeH 6aiiaHbIChI
epekire mMaHre me. Ceb6ebi OChl MOHAEP apachbIHIAFbl ©3apa bIKIAAJACTBIK OPraHMKaIbIK
KOCBUIBICTAPAbIH KYPBIJIbICHIH, KAaCUETTEPiH JXoHe OJiapIblH TaOMFATTarbl, Tipi arsajapaarbl
KbI3METiH TepeHipeK TYCiHIipyTe skarmaii >kacaiiabl. HoTuskeciHme oKyIIbIIapabliH MOHIK 6imiMaepi
KeHeJiin, TeopusuTbIK MaTepuaIbl MEeHTrepy carachl apTaibl )KoHe alFaH OiTiMIepiH MPaKTUKAJIbIK
MiHIEeTTepi Melryae KoJgaHy MyMKiH/Iir KaJbIITTacabl.

HaTtwmkenep.

Kasipri 6iim 6epy skyiiecinme moHapabIK bIKMAIAACTHIK Maceseci epexiie MaHbI3fa ve. OHbIH

©3€eKTiJIiri FBIJIBIM MEH TeXHOJIOTUSHBIH KapKbIHIbI JaMybIMEH KoHe MeKTellTeri 6iniMm 6epy
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Ma3MYHbIHA KOWMbIJIATBIH JKaHA TajarnTapMeH 0aiaaHbICThI. I9CTYpJli OKBITY KyileciHae moHaep
Ke0biHe XKeKe KapacCThIPbIIbII, 0JIapAbIH apachIHAAFbI ©3apa 0aiiIaHbICKA KeTKIIIKTI JeHTreliIe KOHiI
6eninbeimi. CoHbIH cajamapblHAH OKYIIbIIAp 9P IOH OOlibiHINA 6eriii 6ip 6iniM KedeMmin
MeHTepTreHiMeH, oJlapAbl ©3apa 6aiIaHbBICTBIPYAa, TAOMFM KYObUIBICTAPIbIH cebemn-cangapbiH
TYCiHIipyZe skoHe ayiFaH 6iiMaepiH HaKThl Maceenep i menyre KoAAaHyaa KMbIHIbIKTAPFa Tall
60J1ybl MYMKiH. OCbIFaH GaitaHbICThI Ka3ipri 6isiM GepymiH Herisri MiHmeTTepiHiH 6ipi — FHUTBIMMU
IYHMEeTAHbIMbI KAJbIIITACKAH, CbIHM TYPFbIJAH OJiyiaii ajJaThIH KoHe OGiliMiH Toxipubeme THUiMIi
najimasana 6isieTiH TyaFaHbl gaspiay. byn MiHaeTTi ky3ere achIpya IoHaPaIbIK 6aiilaHbICTap bl
KOJIZaHy MaHbI3Ibl POJI aTKapaabl. Ocipece OpraHMKaabIK XMMUSHbBI 6M0I0THUs, PM3UKa KoHE
9KOJIOTUS TI9HepiMeH 6aiiaHbICThIpa OKBITY OKYIIbUIAPIbIH, XMMMUSIJIBIK KYOBIIBICTAPIAbI JKaH-
JKaKTbI TYCiHYiHe )XKoHe FhIIbIMM OiTiM[Ii TyTac Kyiie peTiHae KabbligayblHa MYMKiH/iK Gepepi [1].
Opra"HMKaJIbIK XMMUSHbBI OKBITYIA TI9HAPAJIBIK OaliJIaHbICTAPIbI JKY3€re achIpy 8pTYPJIi FhIIbIM
cajajapblHbIH OiMiMaepiH OipiKTipill, XMMMSIBIK 3aHIBIJIBIKTAp MEH IIPOLeCcTepaiH MOHIiH
TepeHipeK TYCiHAipyre GarbITTaJFaH OKY YIEpiCiH YiibIMIACThIPYIbI KO3eiini. MyHaii cabakTapaa
OpraHMKaJbIK KOCBIJIbICTaPAbIH KacueTTepi, oMapablH Tipi ar3ajmapaarbl peJii, KopilaraH opTara
ocepi koHe (M3MKAJBIK-XUMMSIJIBIK epeKIIeJlikTepi e3apa OajiylaHbICTa KapaCTbIPbLIAIbI.
HaTuskeciHge OKyUIblIap TEOPUSJIBIK MaTepuajabl MeHIepill KaHa Kolimaii, OHbIH KYH[eJiKTi
eMipzeri skoHe TabUFaTTarbl MaHBI3bIH TYCiHyTe MYMKiH/iK asagbl. COHBIMEH KaTap MoHapaIbIK
TOCIJI OKY MaTepUaIbIHbIH TOXipuOesikK MaHbI3bIH apTTBIPBII, GiJTiM aJylIblIapAbIH 3€PTTEYIIITiK

IarablIapblH TaMbITYFa bIKIAJ €TeI].

[ToHapasbIK O6aliaHbICTapFa HETi3eareH OKbITY OapbIChIHAA dPTYPJIi ITeIarOrMKaIbIK dlicTep/ i
THUIMAI yitecTipyre 6omaabl. OnapablH KaTapblHAa TYCiHAipy, Mikipranac, mpo6JieMaabiK
TarceipMaap, 6akpuiay, Taxipube Kyprisy, CalbICThIPY, TAIAAY )KoHe KOPBITBIHIBI sKacay ajicTepi
katanbpl. ByrFaH Koca, uUMGPABIK TeXHOJOTUSJIApAbl, BUPTYaAnbl 3epTXaHajapAbl >KoHe
KOMITBIOTEPJIiK MOJebAeyi KOJdaHy OpraHMKaablK XUMUSAAFbl KypAesi mpoiecTephi KepHeKi
TYpZe TYCiHAipyre MyMKiHIiK 6epezi. MbIcasbl, OpraHMKaIbIK MOJIEKYJIaJIapAblH KYPbLUIbICHIH
MoJebAey Ke3iHae XUMMSUTBIK 6iiM (hu3yKamarbl MOIEKYIIbIK KYPhIIBIM TYPaJIbl TYCiHIKTEPMEH
YIITaCThIPbLICA, KOMipCy/iap, Maitjaap MeH akybi3gapAbl 3epTTey 6apbIiChbIHAA OMOMOTHS TTOHIMEeH
6aiiylaHbIC OpHAThUTAAbI. AJT OpraHMKaJbIK KOCBLIBICTaPAbIH, KOPIIaFaH OpTara acepiH KapacThIpy

SKOJIOTMSIIBIK O1TIM/Ii TepeHIeTyTe sKaFia skacaiIbl.

CoHbIMeH 6ipre opraHMKaabIK XMMMUSIHBI OKbITY/Ia TI9HAPAIbIK OaiiaHbICTapAbl YIABIMIACTBIPY
6esrini 6ip KMBIHABIKTApPMEH Je cUIlaTTajdafbl. OPTYpJai NMoHIepae 6ip-6ipimen cabakrac
YFBIMIAP/IbIH OPTYPJIi KOHTEKCTE TYCiHAipinyi OKyIIbIIapAblH MaTepUaIabl KaObUIIaybIHA Keaepri
KenaTipyi MmymKid. CoHpaii-ak oKy 6argapiamManapbiHAa YKCac TaKbIPBIITAPABIH OPTYPJIi YaKbITTa
KapacThIpbUTybI 6iiM/Ii ©3apa 6aiiIaHbICTBIPYAbI KMbIHAATaAbl. MyHal Macesenepi menry yurid
MOH MyFajiMJepiHiH 6ipaecKeH sKYMBICBIH YIBIMIACTBIPY, OKY MaTepyuaJgapblHbIH Ma3MYHbIH
@3apa CoMKeCcTeHipy koHe cabaKTapabl skocmapsay 6apbIChIHIa OpTaK MaKcaTTapabl aHbIKTAY
KakeT. [ToHapasibIK ToCilAi JKyliesi KoJAaHy OKY YaKbIThIH THMiIMi MajiganaHyra, KajiTaJjaHaTbhlH
MaTepuanagapabl OHTaJaHObIPYFa KOHEe OKYIIbLIApIbIH OiliMiH GipTyTac Kyjiere KeaTipyre

MYMKiHIiK 6epemi. Ocbl TYpFbIZaH ajJfaHa, OPTaHUKAJIbIK XMMUSHBI OKbITYIa ITOHAPAIbIK
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GajtyaHbICTapAbl TaiganaHy OiliM camachlH apTTHIPYAbBIH, FBUIBIMM AYHMETaHbBIM]bI
KAJIBITITACTBIPY/IbIH JKOHE TeOPUSUIBIK O1/TiM/Ii TPaKTUKAIbIK 9PEKETIIEH YIITACThIPYIbIH MaHbI3IbI

TeJaroTMKaJIbIK KYPaJTbl 60JIbIT TabbLIambI [2].

OpraHMKaablK XMMUSHBI OKbITY OapbIChIHAA MOHAPAJbIK OaiiylaHbICTAPAbl KOJIAHY OiiM
aaymbUIapAblH TaOUMFATTAFbl KYOBUIBICTAP MEH XMMMSIJIBIK IIpOIlecTep/ii ©3apa cabaKTacThIKTa
TYCiHYiHe MYMKiHAiK 6epeni. TaburaTTarsl 6apibiK 3jieMeHTTep 6ip-6ipiMeH ThIFbI3 OaiiaHbICTA
opeKeTTecei, ajl Tipi ar3ajaapablH TipIIUTiri 6MOXMMUSIIBIK JKoHe 6M0(U3MKAJIBIK IPOILeCTepIiH
Y3[IiKci3 )KypyiMeH cumnatTanagbl. OCbIFaH 0aiiJIaHbICThl OPraHMKAIBIK XMMUSHbI 61010THS, hU3MKa
SKOHE 9KOJIOTHS TI9HAepiMeH KipiKTipe OKbITY apKblIbl OKYIIbIIAPABIH «TAOMFAT — aflaM — KOFaM»
apachbIHAAFbI ©3apa 6aiiaHbICThI TYCiHYiHe KaFaii skacanagbl. MyHIai TOCI XMMUSIIBIK, 61TiMHIH
asiCbIH KeHEMTIN KaHa KOo¥Maii, OKYIIbLIapAbIH FhIIBIMM IYHMETAaHbIMbIH KaJbIIITACThIPYFa, aJFaH
6iiMaepiH KyHIesikTi eMip/ie KOJgaHybIHa )KoHe KOpIaraH opTara skayalKeplrilikieH KapayblHa
bIKMANI eTeni [6].

OpraHMKaablK XMMUSIHBI OKBITYZa IOHAPaJIbIK OGailIaHbICThI JKY3ere achIPyIbIH MaHbI3 b
OarpITTapbIHBIH Oipi — Tipi arsamapablH KypaMbIHaA KipeTiH OpraHMKajbIK KOCBLIBICTAPIbIH
KYPBUIBICBIH, KACHMeTTepiH KkoHe OMOJIOTUSIIbIK KbI3METiH e3apa 6aiiyIlaHbICThIpa KapacTbhIpy.
Mpbicasibl, aKybI3[ap, Maiiyiap skoHe KeMipCyaap TaKbIPhIIITAPbIH MEHTEPY Ke3iHAe OKYIIbLIap Oy
3aTTapIbIH XMMUSIJIBIK KYpaMbIMeH, MOJIEKY/Ia/IbIK KYPbUIbIChIMEH, (DYHKIIMOHAJIIBIK TOTITapbIMEH
SKoHe XMMMSIJIBIK KacueTTepiMeH TaHbicamabl. COHbIMEH KaTap OJIapbIH Kacyllagarbl KbI3MeTi,
ar3aHbIH HeprusiMeH KamTaMachI3 eTiIyiHaeri pesii )koHe 3aT aamacy MpoliecTepiHe KaTbICYbl
6uosiorus maHiMeH 6ainanpicTa Tycinaipineni. OcbIHAAl MOHAPAIBIK bIKIIAJIACTHIK OPraHMKAIbIK
3aTTapAblH TEK XMMMUSJIBIK epeKIile/JiKTepiH FaHa eMec, OJMapAblH Tipi Kylienepaeri MaHbI3bIH Aa
TepeH TYCiHyTre KeMeKTece/Ii.

OpraHuKaIblK KOChUIBICTAP/IbIH KACMETTEPiH 3epTTey Ke3iH/ie TeOPUsUIbIK GiiMIi TosKipmbestik
SKYMbICTApMeH YIITACThIPYIbIH MaHbI3bl 30p. MacesieH, IVIIOKO3aHbIH, XUMMUSIIBIK KacueTTepiH
camnaJiblK peaxkiusilap apKblibl aHBIKTAY, aKybI3JapFa TOH TYCTi peaKUUsIapabl XKYpPri3y skoHe
KaHbIKIIaFaH OPTraHMKaJIbIK KOChLIBICTAPAbIH KaCHeTTePiH 3epTTey OKYIIbIapAbIH 3KCIIEPUMEHTTIK
JMaFrabUIapblH KAIBIITACThIPaAbl. MyHIait TamchipMasap 6apbIchiHAA GiiM amymibliap XMMUSIIBIK
peakIMsUIapIbIH JXYPY epeKIIeNTikKTepiH 6aKplIal, aJbIHFaH HOTUKeIep/i TaaaaiIbl 5koHe FhUIbIMU
KOPBITBIH/ABI kacaiiabl. COHbIMEH KaTap OPraHMKAIbIK 3aTTapAblH JXKaHYbl MeH 3Heprusi 6eyiH
KapacTeipy pu3muka moHiMeH OaiilaHbIC OpHATyFa MYMKiHIiK 6epeni. Al opraHMKaabIK
KOCBIIBICTApbIH KOpIlIaFaH OpTajZa Tapajybl, MyHali OHiMIepiHiH JacTaHy acepi )kaHe MoJuMep
KQJIIbIKTapbIH KaiiTa eHAey MacejeepiH Talgay XMMUSHbIH 9KOJOTUSIMEeH O0aiilaHbIChIH KepceTei
[5]-

OpraHuKaabIK XMMUSTHBI OKBITYIA TT9HAPAJIBIK OailIaHbICTAP/IbI Ky3€ere achblpy YIIiH 9pTYpIIi
glicTep MeH OKYy KypaJmapblH MaiimanaHyra 6osambl. OsapablH KaTapblHA CaJbICTBIPMAaJIbl
KecTeJiep, MOJIeKYJIQJIbIK MOZe/IbIeD, 3ePTXaHAJIbIK TaKipubenep, mpobieMabIK CypakTap, 3epTrey
TarceipMasapsl koHe UMPIbIK 6i1iM 6epy pecypcrapsl kaTanbl. Mbicanbl, «AKybI3ap, Maitiap
kKoHe KeMipcyiap» TaKbIPhIOBIH KAapacThIPy Ke3iHe OKYIIbIap OpPTaHMKAIbIK KOCBIIBICTAPIbIH

KYPBUIBICHIH CATBICTBIPBII, OJIapAbIH KACUeTTePi MeH O6MOJOTUSIIBIK, KbI3METTEPiHiH apachIHAaFbl
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6ailJTaHBICTHI aHBIKTAM ananbl. An «IloauMepsiep KoHe KOpIlaraH OpTa» TaKbIPbIObI OOJBIHIIA
rmjpacTMaccanapiblH KacueTTepiH, KOJIAaHBIJIYy cajgajapblH KoHe TaburaTTa bIAbIpay
epeKIIeNiKTepiH 3epTTey apKbUIbl XUMMUSJIBIK OLTiIMIiI 9KOJIOTUSIJIBIK Macejeaephi LielryMeH
OajimaHbICThIpYFa 60maabl. MyHIal TarichbIpMajiap OKYLIIbUIAPAbIH, TOTUKAJIBIK OJJIaybIH, aKIapaTThl

Tangay KabisieTiH koHe 3epTTeYIIiTiK KbI3bIFYIIBIIBIFBIH apTThIPAAbI [3],[4].

[ToHapanblK GaiilaHbICTApPFa HETi3[elreH OKbITY OKYIIbIAPABIH OiiMiH XKyiieneyre skoHe
OPTYPJIi MOHIepAe MeHrepiireH akmapaTThl OipTyTac TyciHikKe 6ipikTipyre MyMKiHZIiK Gepepi.
9cipece MpobeMabIK-3epTTEYIIIiK TarcbIpMaiapabl KOATAaHy OiiM amymibuiapAbiH 63 OeTiHIne
i3meHyiHe, ToxXipnbe HOTVDKeNIEpiH TYCiHIiIpYyiHe JKoHe TeopUsIbIK OiiMAi HaKThI Karmaiiapma
najigananyblHa Karaait skacaiabl. COHbIMEH 6ipre MYHIal OKBITYIbI TUIMIi YIBIMIACTBIPY YIIiH
XUMMS, 6MoIoTHSI, PU3MKaA KOHE SKOJIOrMS MOHAEPiHiH OKY MasMYHBbIH ©3apa CojikecTeHIipiIl,
MyFasiMaepIiH 6ipseckeH JKyMbICBIH KAMTaMachi3 eTy KaskeT. Ocbliaiiiia, OpraHMKaabIK XMMUSHBI
OKbITYJIa MoHapaibIK OaiJaHbICTAPAbI XKYiiesni maiganany 6iniM 6epy camacblH apTThIpYFa,
XUMMUSITBIK YFBIMIApAbl TepeH MeHrepTyre >KoHe OKYIIbIIapblH FbIIBIMM-3€pPTTEYIIiTiK

KY3BIPETTiIiriH JaMbITyFa OarbITTaJFaH TUiMOi IMegarorMKajiblK TOCiA GOJBIN TabbLIambl.
KopsIThIHABLIAP.

JKyprisisireH 3epTTeyaiH HaTMUXeJepi OpraHMKaJbIK XMMMUSIHBI OKbITYAa ITOHAPAaJbIK
6aiiytaHbICTAPIbI KOJIAHY OKYIIbIJIAPAbIH OKY MaTepuaJiblH JKyliesey, XKMHAKTay KoHe apTypJi
FBUTBIM CaJlajlapbIHAH ajIFaH OiliMaepiH e3apa 6aiiyIaHbICTBIPY KAOieTiH JaMbITYIbIH TUiM/Ii SKOJIBI
6oabin Tabbuiambl. [IoHapadbIK TOCIMT XUMMS, 6MOJOTUS, GU3MKA KOHE IKOJOTUS IMoHOepi
apachlHIAarbl CabaKTACTBIKThI allbIIl KOPCETYre, COHIali-ak OipHelle FbIJIBIMHBIH TOFbICHIH/IA
KOJIIaHbIATBIH FHIIBIMM-3€PTTEY d/IiCTePiHiH, MaHbI3bIH TYCIHAIipyre MyMKiH/iK 6epemi. COHbIMEH
KaTap Oy/I TOCiJI OKyIIbIJIapFa TeK XMMMUSJIBIK YEBIMAAP MeH 3aHIbLIBIKTApAbl MeHTrepill KaHa
KoiiMaii, 6acka FbLIbIM CajiajapbIHIAFkl GiTiMaepiH e oKy yaepicinme TuiMai maiiganaHyra skarmaii
skacaiigbl. OpraHMKaJbIK XMMMUSIHBI KYHIETIKTI eMipaeri KyOblIbICTApMEH K9He MPaKTUKAJbIK,
MaceJiesiepMeH 6aiIaHbICThIPA OKBITY OiJTiM aayIIbIIaPAbIH FAUIBIMM TYHMETAHBIMbIH KEHENTilI,
TeOpUSITBIK OUTiMAEPiH ToKipubee KOMTaHy JaFabUIapbIH KAJAbITITACTHIPYFa bIKITAJT €TEe/Ii.
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7-9 chiHBIITapaa (pM3MKaHbI OKBITY YAEPiCiH
JK xemeriMmeH gepoecTeHaipy JKoHe
BU3YyaJIM3aIUSIAY JKOJIAAPhbI

AVipaHa Monbik
7M01510-®Pursnka 6inim 6epy 6aFgapnamachliHbiH, 2-Kypc MarucTpaHThbl, J1.H. TymMuneB aTbiHOaFbl Eypasus ynTTbik
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XAPUSATNAHLbI PUBLICATION ID TIPKEY KY®nNITI
KasaH 2026 BLM-ART-2026-200309 N2 KZ45VPY00102718

7-9 ceiabIITapaa hpu3MKaHbI OKBITY YAEPiCiH JKacaHabl MHTE/UIEKT KOMeriMeH

JepoecTeHaipy )KoHe BU3yaIu3anysiiay Koagapbl
MorbIK AjinaHa BosaTKbI3bl
JL.H. I'ymunee amoiHdarsl Eypasus yimmelx yHueepcumemi, Acmaua, Kazakcman
(E-mail: aidokabolatovnaO03@gmail.com)

Aupgarma: Makananma 7-9 cbiHbBIITapaa Gu3MKaHbI OKBITY YIEpiCiH >KacaHIbl MHTEJJIEKT
(ChatGPT, Gemini, Foxar, Curipod) kemerimeH gepbecTeHIipy >kKoHe BU3yaIM3alusaay Koagapbl
KapacTeIpbUIFaH. [eHepaTuBTI MOAeNbAEP/IiH, AUIAKTUKAIBIK 9JI€yeTi capanTaibll, GU3UKaIbIK
KYOBIJIBICTAPABI TYCIHAIPY, KYpIesi ecenTepai OKyIIbl KabiseTiHe GeltiMaey >koHe TaHBIMIBIK
MOTMBALIMSIHBI apTTHIPY 9iCcTeMeci YChIHbIIFaH. AGCTpaKTili YFpIMIapabl KaObLIAAYObI JKAKCAPTY
MaKcaTbhIHIA cabaKTapAa MHTePaKTUBTI MOOeNbAEeY i KipiKTipyaiH TMiMAi sKoJIgapbl KOPCETIII.

B cTraTbe paccMOTpeHbI MyTH MIEPCOHATU3ALNY U BU3yaIM3aluy Mpoiecca 0oydeHns: pusuke B
7-9 Kjaccax ¢ IIOMOIIbIO TeXHOJOrui mckyccrBeHHoro uHtemiekra (ChatGPT, Gemini, Foxar,
Curipod). [TpoaHanu3upoBaH AUAAKTUUECKMIT TTOTEHIMAA TeHepaTUBHBIX Moesieit, ImpejioskeHa
MeTOAMKa MX IMpUMeHeHUs OJis 0ObsICHeHUsT PU3UUEeCKUX SIBJIEHNI, afanTalyy CJIOKHBIX 3a7a4
MOJi CITOCOOHOCTM yYalllMXCS UM TIOBBIMIEHMSI MO3HaBaTeJbHOW MoTuBamuu. [TokazaHbl
3¢ deKkTUBHbIE ITyTU MHTETPALMM UHTEPAKTMBHOTO MOIEIVPOBAHMS [IJISl YIYUIIEHMS] BOCIIPUSITHS

aOGCTPAKTHBIX TTOHSITUIA.

The article examines ways to personalize and visualize physics education in grades 7-9 using
artificial intelligence technologies (ChatGPT, Gemini, Foxar, Curipod). The didactic potential of
generative models is analyzed, and a methodology for applying them to explain physical
phenomena, adapt complex problems to student abilities, and increase cognitive motivation is
proposed. Effective ways of integrating interactive modeling to improve the perception of abstract
concepts are demonstrated.

Tyitingi cesmep: skacaHIbl MHTEJIEKT, (PM3MKAHbI OKBITY, OKBITYAbI mepbecTeHipy,
BU3yanM3anysi, upIbIK ratdopmanap.

KazakcraH Pecry6iKachiHbIH 6iiM 6epy skyitecid uudpibik TpaHchopMalusiiay KaFaaibIHaa
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’KapaThIIBICTAHy FBUIBIMAAPbIH, acipece (uM3MKa MOHIH OKBITYIbIH CAalachlH apTThIPy ©3€KTi
Macenenepaid 6ipi 6osbin Kana 6epexni. Ocipece, Herisri MekTenTiH 7-9 ChIHBIOTApbhl —
OKYIIbLIAPIbIH FRIJIBIMM IYHMETAaHBIMBI KAJIBIIITACAThIH, (PM3MKa II9HI aJIFalll peT Jepyek JKeKe IoH
peTiHze OKbIThIIA 6aCTaliThIH MaHbI3Obl Ke3eH. AJlaiifa, Ka3ipri MekTeI TaKipubeci KepceTKeHael,
OKYJIBIKTarbl abCTPaKkTiyi opmyiasap MeH TeOPUSIJIbIK YFBIMIAPAbIH eMipMeH GaiilaHbICIIaybl
OKYIIbLIAp/bIH MIOHTe JAereH bIHTAChIHbIH TOMeHIeyiHe aKeneni. Ocbl opaiiia, >kacaHAbl MHTEJIJIEKT
(CKU) texHosorusiIapblH 6iiM 6Gepy ymepiciHe eHrisy OKbITyAbl mepbecTeHIipyniH >KoHe
BU3yIM3alMSIayIblH, KyaTThl KYpa/iblHA aliHaJbIN OThIP. [1]

TIcMXOIOTUSIBIK -TIeJarOTMKAJIbIK, Heri3gep koHe OKYIIbUIaPAbIH, JKac epeKIeiri

7-9 CBIHBII OKYIIbLIAPHI KAC epeKIesTiK MCUX0J0TUIChl TYPFbIChIHAH JKACOCITipiM/IiK IaKKa eTy
Ke3eHiHge 6omanbl. by Ke3eHe 6asanapAblH CbIHY OMIaybl JaMbIM, TAHBIM/IBIK KbI3bIFYIIIbIIbIFbI
TYpPaKChI3 00Jybl MYMKiH. JIacTypsai cabakTapaarbl MOHOTOHIBIJIBIK OKYIIbIIAPIBIH MU
OenceHainirin TeMmeHnmeTeni. Al JKacaHIbl MHTEJUIEKT Kypaamapbl (Mbicanabl, Gemini, ChatGPT,
Foxar, Curipod) skacecmipiMmaepniH KIMUIIOBbIA (DparMeHTap/bIK) Oiijay epekilejgikTepiHe
6ertimpaesin, akmapaTThl BU3Yajabl, MHTEPAKTUBTI ¢opMarTa Kabbuimayra MYMKIHAIK 6epefi.

Byrinri Tagga skacaHIbl MHTEJJIEKT aJaM3aTThIH KYHIEIiKTi eMipiHae — cMapT@oHIapaarbl
IaybICTBIK KOMEKIIiJiepJeH 6acTarn, KyHIe/liKTi akmapar i3fey, KOHTEHT skacay skoHe JKocrmapsiay
KylienepiHe meifiH askpipamac 6esikke avHanmbl. Okymbiap JKU-mi KyHAENiKTI emMipae epKiH
KOJIHaHFaHIbIKTAH, OHBI OiiM 6epy ymepiciHe me KipikTipy 3samaH Tanabbl 60/bII TabbLIagbl.
MexkrTen Kabbipracbinga JKM-ai gypbic 6aFbITTa KOJAaHY OHbI TEK OMbIH Kypajbl eMeC, TaHbIM/IbIK
’KOHEe 3epTTeYIIiTiK KOMeKIIl peTiHae Kabbuimayra yiiperei.

Kazipri Tangma KasakcrtaH Pecmy6iMKacbhlHBIH 0iniM 6epy kyieciH umudpiasik
TpaHchopManysiay OarbIThIHAA ayKbIMIbI JKYMBICTAP aTKapbuIyaa. JlereHMeH, pecnyoIrKainrizik
JleHTelile KalabIK 03bIK JINIeli-MeKTeNTep MeH eHipJiK HeMece IIaFbIH JXMHAKTaIFaH aybUIAbIK
MEKTeIITep apachIHAAFbl IMUQPIIBIK TEHCiI3AiK (LMP/IbIK aJIaKThIK) 9JIi Je ©3eKTi Macese KyliiHae
KaJIbIl OThIp [2, 232 6.]. AcTaHa, AJIMaThl JXKoHe 6acka Ja ipi KajajapablH MaMaHIAHIbIPbIIFAH
MeKTeIlTepiHAe >KOFapbl KbUITAMIBIKTHI MHTEPHET SKeJIiCi, MYJbTUMEeANUSUIbIK CHIHBIIITAD JKOHE
MHTEPaKTUBTI MaHesbJiep JKeTKUTIKTi 60/FaHbIMEH, IIaJIFail eHipaep/e skacaHabl MHTeIekT (JKI)
KypajagapbiH ¢pu3uKa cabakTapblH/Ia XKyliesli Typae KoJIIaHy MaTepuainaiK-TeXHUKAIbIK 6a3aHbIH,
OpTYpJIiiriHe koHe ycTasmapabiH, HMQPbIK KY3bIPeTTUIITiHIH HeHreliiHe 6aiIaHbICThI 9J1i /e
6acTamKkpl caTbia TYP.

Xansixapansik 03viK maxipube (QunasaHous, Oumycmik Kopes, CuHzanyp):

AtasnraH enmeppid opTa 6iimM 6epy XKyiieciHIe OKY YIepiCiH TOJBIKTA agarnTUBTI >KacaHIbl
MHTEJUIEKT I1aTdhopMaapbiHa KipiKTipy KeHiHeH sKoJFa KoiibuiraH. Mbicanbl, OHTYCTiK Kopest MeH
CuHramyp MeKTeIlTepiHJe ChIHBIITAFbl 9pOip OKYUIBIHBIH JKeKe IUIaHIIeTiHe OpHAThIJIFaH
3USTKEPIIK Kyiienep ¢pusuKa ecenTepiH HemMece 3epTXaHabIK KYMbICTAPAbl OPbIHIAY OapbIChIHAA
OKYIIBIHBIH XibepreH KaTeJjiepiH je3ne aHbIKTaiAabl. KV OKYIIBIHBIH, KOTHUTUBTIK KabinetiHe
Kapaii TarchbipMaHbl aBTOMATThl TYpPAe KypAeneHAipeni HeMece KeHijImeTin TyciHgipeni. Byn
OKBITYIIBI TOJBIK AepbecTeHmipyai (TlepcoHasM3amnusa) KaMTaMachl3 eTil, 9p OaJlaHbIH KeKe
KapKbIHBIMEH JTaMybIHA JKaFaai >kacabl.
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Omandslk 6inim Gepy maxcipubeciiy epexuienikmepi:

Ka3zakcTaH MeKTenTepiHeri moH MyfFajiMaepi skacaHAbl MHTENJIEKT KypaadapbiH (aTan
aintkanga, ChatGPT, Gemini, Jeda Al, Curipod) keb6iHece cabakTaH ThIC YaKbITTa - cabakkKa
dlicTeMeJTiK JAbIHABIK Ke3iHIe NUIOaKTUKaIbIK MaTepuaagap a3ipiey, AeHTeiIiK TarcsipMaiap
KYpPYy HEMece MHTePaKTUBTI TIpe3eHTalus kacay MaKcaTbIiHa 6esiceH i KoagaHaasl. An dusmka
cabarbl 6GapbIChIHA CHIHBIITAFbI 8P0Oip OKYILIbIFa skeke JKI-penmeTUTOp HeMece KOMEKIII peTiHae
TiKeJieit yakpIT GeIill nmajimanany Taxipubeci ai ge amicTemMestik TYPFbIAAH TOJIBIK JKylieleHOereH.
KebiHe oKbITY (ppOHTANBIBI (3KAJIThI ChIHBIIIKA OaFbITTAJIFAH) CUITATTA KAJIbIIT KOSIbI 11a, JKeKke
nmapasay (muddepeHumanus) KaFrMgachl Keiime akcar sKaTaIbl.

MaceneHi weuty #condapsl MeH 60aaulax nepcnekmusaiap:

OTaHIbIK [eJarorTephiH skaHa TeXHOJIOTHUSIapabl MeHrepyre AereH >KOFapbl Oeifimmimiri,
«nudpner KazakcTaH» skoHe YIATTHIK 6iniM 6epy miaaTdopmManapblH KeTUIIipy GarbIThIHIAFBI
MeMJIEKETTiK 6acTamanap 6yJI aJakThIKThI KbICKA Mep3iM illiHze Ko1Fa 30p aneyeT 6epeni. Erep
KasakcTaHIbIK MeKTenTepae KU KypanmapblH cabakTa KOJIaHYAbIH OipblHFal oficTeMestiK
HYCKAyJIBIKTaphl 93ipJeHil, MyFajiiMiepre apHaJIFaH apHaiibl KaCioM maspiiay KypcTapbl Xyiesi
TYpHe VibIMIACTBIPBIJICA, HEri3ri MeKTell OKYIIbIJIapbIHbIH (pM3MKa MMoHiHe JereH TaHbIMIBIK
KbI3BIFYIIBIIBIFBI MEH caltasibl 6iJ1iM KOpCeTKillli XaJbIKapajblK CTAHAAPTTap JeHTeiliHe KoTepiaeTi.
byn perte, )KU Tek KeMeKIlli Kypaa FaHa eMeC, OKYIIbIIapAblH, CbIHM OiayblH JaMbITaTbIH
MaHbI3Ibl OMIAKTUKABIK pecypcka aiiHammak.’)KacaHAbl MHTE/VIEKTTiH MepcIlieKTHUBaaphl KoHe
(bU3MKaHbI OKBITYIbI JepbecTeHIipy KO gaphl

IMegarorukaabIK-IICUXOJOTUSIJIBIK aCIEKTiiep JX9He JXacocCHipiMmaepaiH KOTHUTUBTIK

epeKierikrepi

7-9 CBIHBIT OKYIIbIAPbIHBIH, skac Ke3eHi (11-15 skac) - 6y TY/IFaHbIH KaJbIITACYbIHIAFbI €H
KapKbIHAbI, 9pi Kyphaesi keseHaepaiH 6ipi. [IcUXOIOIUSIBIK TYPFbIIAH Oy Ke3me GaamapabiH
KebOiHe abcTpakTisi oityay kyiteci KanbinTaca 6acTaraHbiMeH, Gu3MKa KypChIHIAFbI Kypaei
dbopMmysanap MeH TYCiHiKCi3 KyObLIbICTap HAKThI TOXKipMOEMeH yITacraca, oJapAblH II9HTe JereH
KbI3BIFYIIBUIBIFBI T€3 CYbINAbI [3, 180 6.].

Byriuri Tagga «uudpiasik yprnak» (Gen Z skoHe Alpha) akmapaTThl TeK KiTallTaH OKY apKbIJIbI
eMec, BU3yaJIJIbl, MHTEPAKTUBTI JKoHe AMHAMMKAaJbIK OpTaaa Kabbuimayra garabuianrad. Omapabiy,
aKkmapaTThl Kabblagay KbUITaMABIFBI KOFApbl, Oipak Ha3apblH 6ip Xepae ycTam TYpy YaKbIThI
(attention span) Kbicka Gosanbl. [acTypii cabak 6epy opicTepi Oya TajanTapibl TOJBIK
KaHaFaTTaHbIpa aIMaliThIH TYCTa, kacaHibl MHTe1eKT (PKW) TeXHOIoTHsIIaphbl OKYITbIIAPIbIH, MU
OesiceHAiMIriH OSATYIbIH XOHEe TAaHBIMJIbIK MOTMBALMSHbBI TYPaKTaHABIPYIbIH KyaTTbhl TeTiTiHe
artHananbel. KM KemeriMeH skacajafaH OWMBIH 3JIeMEHTTepi, BUPTyalabl 3epTXaHaaap MeH
MHTEPAKTUBTI TamcbipMasap skacecHipiMaepiH MCUXOJOTUSIIBIK, epeKIleikTepiHe cail KeJim,

cabakka JereH imki MmotuBauusiabl (intrinsic motivation) Tikeneit siHTaNaHAbBIpaAsl. [4, 208 6.]
®@u3uKaHbI OKBITY/IA )KaCaHAbl MHTE/JIEKTTI KipiKTipyaiH amicTeMmestik Mmoaenbaepi

dusuka cabakrapbiHga KM xypasgapblH Kyiieni maimasady YIIiH MyFaJiMHIH Kociou

IasipJIBIFBI MEeH IUIAKTUKAIBIK YCTaHBIMAAPhI 6Te MaHbI3nbl. OKbITY omicTemecine JKU-mi eHrisy
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Ke3iHge TeMeHeri Il Heri3ri Mojiesib/li 6acIIbIIbIKKA aayFa 60J1a bl :

1. Myranimuilg Kemekmrici peringe (Teacher-Centric AI Support): Byn menreiige
nenaror KU mnatdopmanapsi (ChatGPT, Gemini, Jeda AI) cabakThI skocIapiay, apTypii
IoeHreigeri ecernrep XMHAFbIH KYPacThIPY, AUAAKTUKAIbIK KapTOukajap MeH TeCT
TarcbipMasapblH reHepauysiiay YiliH KongaHaael. Bya myraniMHiH KYHIETIKTI pyTUHABI
SKYMBIC YaKbITbIH aiiTap/IbIKTail YHEM/IEII, ITbIFapMaIlbUIbIK JKYMbICTApFa KoOipeK KoHiI

6esyre MYMKIiHiK Gepe/Ti.

2. OKyLIBIHBIH, MHTEePaKTUBUTI cepikTeci peringe (Student-Centric Al Tutor): byn
MopeJible OKYIIbLIapablH e3mepi JKU kyltesepiMeH TiKesei sKkyMbIC icTeiifi. Mbicasibl,
MeXaHMKa Hemece TepMOJIMHAMMKa TapaylapblHaH KUbIH ecell HIbIFapFaHaa, OKYIIbI
JKU-Te cypak KOWbII, JKayarnThIH JaiiblH IIEIliMiH eMecC, OHbI IITbIFAPY SKOJIBIH KaTaM/IbIK
typae (hint-based learning) cypait anagpbi. Bya cbiHUM O¥ayabl JKoHe ©3iHIK i3/1€HICTi

IaMbITagbl.

3. Bipikripinren seprreyminik opra (Blended Inquiry-Based Environment):
@Ou3MKaIbIK 3aHIapAbl 3€pTXaHaIbIK HeMece XK00asIbIK JKYMbICTap apKblIbl 6Ty Ke3iHge
KN men AR/VR TexHonmorusmapsl O6ipikripinin xommanbimagbl. OKyIIbLIap o3
TUIIOTEe3aMapblH TEKCepil, dKCIepuMeHT HaTuxkenepiH XU kemeriMmeH Tanmar,

rpaduKTep MEH ecerTeylepai aBTOMAaTThl Typle eHIeyadi yiipeHeni.

Kynpenikri emip men 6inim 6epyaeri K ca6aKTacTbIFbI

Kasipri KapKbIHIbI TaMbINl KeJjie XaTKaH kahaHabIK UMOPIbIK Ooyipe KacaHAbl MHTEJIeKT
TEXHOJIOTUSIJIAPbl afaM3aTThlH, KYHIETiKTi TYPMbICI MeH 9JeYMeTTiK OpTachIHbIH akbIpamac
6esmirine aitHanabl. Byrinri TaHma 6anasap MeH skacecHipiMaepaiH eMipi cMapT-KypbUIFbLIAPChI3,
IaybICTBIK KOMeEKIIijepeH 6acTar, KOHTEHT YChIHATBIH aJTOPUTMAEpre, aBTOMATThl aygapMa
KyiiesiepiHe skoHe aKMapaTThl JIe3[e OHNENTIH HeiipoxKerisepre AeifiHri nu@pibiK 5KOXKylieMeH
TBIFBI3 OaitnaHbICThl. OKYyLIBLIAD CHIPTKBI asieMe JKU sieMeHTTepiH TYpakThl TYpAe KOJAAHBbIII,
OHBIH, XXbUIIAM/IBIFBl ME€H bIHFAMIBIIBIFbIHA YIPEHIN KanraH. Anaiima, Oy mIbIHAWbI 6Mip MeH
MeKTeIl KaObIpFachIHAAFbI J9CTYPJIi OiiM Gepy yaepici apachlHAa Kejige omicTeMeTiK alllaKThIK
HemMece UM PIIbIK Y3iTiC OpbIH KaTapbl. [5]

Erep mexTemnTeri ¢usuka cabakTapbl TeK Kara3s XysiHmeri dopmynanapMeH, ecKipreH
KecTeJiepMeH JXKoHe abCTPaKTiJli ecel MIBIFAPYMEH FaHa LIeKTeJIce, OKYIIbUIap MOHHIH KYHIeiKTi
eMipMeH 0aliJlaHbIChIH KOpe aJiMaii, OHbIH MaHbI3IbIJIBIFbIH ce3iHOel Kamambl. OChl TYpEbIIA 6iTiM
6epy MeH IIbIHaMbI 6Mip apacbkiHmarbl KU cabaKkTaCThIFBIH KAMTAMAChI3 €TY OKbITYIbIH TUiMITIriH
apTTBIPYABIH 6aCcThl MapThl 6OJBINT Tabbutagbl. ®VU3MKa FHUIBIMbI TAOUFAT ME€H TEXHUKAHbBIH TiJi
6onraHabikTaH, JKU KypaagapblH Oy MoHre KipiKTipy apKblabl KYHAENTiKTi emipmeri
KYOBIJIBICTApPabl ChIHBINI OejiMeciHe oKeynyre 6osambl. OKYIIbIIAP YIIKBIIICHI3 YIIaKTapbl,
3JIeKTPOMOOMIIbAEPIi HeMece aKbUIABI Yii XKylielepiH KyHie Kepil KypreHaikTeH, myramxim KU
riaTopMasapbl apKblJIbl OChI TEXHOJOTUSUIAPbIH KYMBIC iCTey MPUHIUITIHIETi (GU3NKaJbIK

3aHJapabl KOPHEKi Typ/e KepceTill, MoHHIH MaHbI3bIH TepeHipeK YFbIHAbIpA alabl.

dusumka Ca6aKTaprHﬂ,a ’)KacaHObl MHTENIeKTTi KOJOaHYIObIH IIepCIIeKTMUBaJapbl MEH
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IUAAKTUKAJIbIK MYMKIiHAiIKTepi eTe 30p. ATam aiTKaHOa, Ke3re KepiHOeliTiH, abcTpakTini
(bu3MKaIBIK IIPOLIECTEP MEH MUKPOJJIeM KYObIJIbICTaPBIH TOJABIKTBIPBLIFAH IIbIHABUIBIK sKoHe JKI
rmaTdopmanapel apKbLIbI VI e1IeMai GopMaTTa KepceTy OKYIIbIAPAbIH KEHICTIKTIK OlayblH
JaMBITBII, (GU3UKAaJbIK 3aHIbUIBIKTAPAbl TePeH TYCiHy KabineTiH OGipHelle ece apTThIpabl.
CoOHBIMEH KaTap, 8p OKYIIBIHBIH KaObImay >KbIITaMIbIFbl MEeH TaHBIMIBIK AeHreiii apTypii
6onrauapikTaH, JKU anroputmpepi yarepimi 6asy OKyIIbIFa KOCBIMINA KeHiAmeTinreH
TYCiHIipMeJiep MeH >KeHiJ ecelTep YCbIHCA, AApbIHAbI OKYIIbIJIapFa KypAesi 3epTTeyuilik
TanceipMasap Gepisim, cabaxk imriHgeri capangay HaKThI Ky3ere acagbl. bys op 6ajaHbIH ©3

KapKbIHbIMEH JaMybIHa KOJIAIJIbI KaFaai skacaiapl.

3uaTkepiiik miatdopmanapabliH KeMeriMeH OKYIIbIap KOIIIJIiK aafblHIa KaTe XibepyneH
KbICBLTY CUSIKTBI IICMXOJIOIMSITIBIK KedepTijiepeH TOJbIK apbiaaabl. Onap JKIM-keMeKIIiMeH JKeke
IMaJorT KYpbll, 63 OeTiHIIe kayal 6epil, KaTejaepiH Aep Ke3iHIe Ty3eTe ajaThliH Xeaea Kepi
6aiimaHpICc asagpl. By oKymIbuIapabiH, O0bIHIAFEl (VM3MKA MOHiIHE AeTreH KOPKBIHBIII Ce3iMiH
SKOTBIT, TIOHTe JereH TaHbIMIbIK MOTMBALMSIChIH )KOHe ©3iHe JereH CeHiMIiIiriH aiTapabiKTai
keTtepeni. KU Kypanmapsl JaiiblH aKapaTThl 6epin KaHa KOiiMaii, OKYIIbIJIapAbl HeTe JKoHe Kajaii
IlereH cypakTap TeHiperiHie i3geHyre urepMmeseni.

OTaHabIK 6imiM Gepy Tokipmubeci MeH XaJlbIKapaIbIK O3bIK TOXipMOEHi CalbICTBIPFaH Ke3e
KeJlibip alipipMambUIbIKTap Oajikananmbl. KasakcTaHHBIH O3bIK MEKTeITepiHae IMGPIbIK
MHQPaKyphLIbIM 3KaKChl JaMbIFaHbIMEH, OHipJiK MeKkTenTepae KU KypanagapsiH cabakTa Kyiiesi
KOJJaHy 9Ji me 6acTamkbl caTbiga Typ. Al OuHasHaus Hemece CUHTAINyp CUSIKTHI eepe
amantusTi JKU mtaTdhopmanapsl OKYIIBIHBIH YATepiMiHe Kapail TalchIpMaHbl aBTOMATThI TYpAe
Oeiiimaen, ToJbIK AepbecTeHaipyni kamTaMachi3 eTeqi. Enimisme myranimaoep JKU-ni kebinece
cabakka OaibIHOBIK Ke3iHIe OMIAaKTUKAJbIK MaTepyuaja HeMece Mpe3eHTalus Kacay YIIiH
KOJITaHCaA, OHbI CHIHBITITA 9P OKYIIIbIFAa )XeKe perneTUTOp peTiHAe malimanaHy aficTeMeci aJi me
KeTingipiny ycTinae. [lereHMeH, OTaHABIK MeJarorTep/iH skaHa TeXHOJIOTUSIIapAbl Te3 MeHrepyre

JeTeH YMThUIBICHI 6Y/I a/IIAaKThIKThI KbICKA Mep3iM/Ie JKOIFa 30p MyMKiH/IiK 6epei.

KopbIThIHABUIAN Kejie,Heri3ri MeKTemnTiH 7-9 ChIHBIMTAPbIHAA (U3MKA IMOHIH OKBITY YIEpiciH
>KacaHIbl MHTEJUIEKT TEXHOJIOTUSIIAPbIMEH YIJIECTiPY OKYIIbLIAPbIH, TAHBIM/IBIK O€JICeHAITITi MeH
MOHTe JereH ilmKi MOTMBAIMSICbIH apTTBIPYABIH €H TUiIMJi CTpaTerusiiapbIiHbIH 6ipi 60bIT
TabbL1ambl. JKyprisisireH Tanagaynap MeH aaicTeMesTiK TYKbIPbIMIAP ’KacaHIbl MHTEJIEKTTIiH TeK
aKIapaTThIK Kypas FaHa eMec, COHbIMEH KaTap OKbITYIbl AepbecTeHmipeTiH, abCcTpaKTimi
bu3MKaNbIK KYOBUIBICTAPAbI YII OJIIeMOi BU3yanusalus apKblabl TYCiHIIpeTiH KoHe

OKYIIBLIAPABIH, CbIHM OMIAybIH JAMBITATBIH KyaTTbl IUAAKTUKAIBIK PECypc eKeHiH KOPCeTTi.

Kynpenikti emip MeH 6is1iMm 6epy OpTachIHbIH, ThIFbI3 CA0AaKTACTHIFBIH KAMTAMAChI3 €Ty apPKbIJIbI
6i3 okymuIbIapabIH «hu3nKka — OYI TEK Karasgarsl Gopmy/iagap» AereH KacaH TYCiHITiH e3repTim,
OHBIH, HAKThl 6Mip MeH KaHa TeXHOJIOTUSIapaarbl KOJIAHBIChIH aliKbIH CEe3iHIipe asaMbI3.
XasiblKapasibIK O3bIK TOXipubeaepi eximisgin 6imiM 6epy sKyiieciHiH epekienrikTepiHe 6eitimmeii
OTBIPBIN €HTi3y, MYFAJIIMAEPIiH 8icTeMesiK 9eyeTiH apTThIpy JKOHEe OKY yaepiciH mudpiibIK
TYPFBIIAH Callaibl YIBIMIACTBIPY OTAHABIK OpTa MEKTeNTepAeri 6i/iM camachiH kaHa JeHrelire

KeTepyre MyMKiH/IiK 6epe/ii.
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By peTTe yCHIHBIJBIIT OTHIPFAH dIicTeMesiK TacCiamep sKacecHipiMIaepmdiH sKac epeKkiesik
TICMXOJIOTHUSICBIHA OHTAIbI COVIKeC KeJTill, oJlap bl TEK TepeH MoH/IiK 6i/iMMeH FaHa eMec, COHbIMeH
KaTap KapKbIHAbI JaMbIT KeJjie KaTKaH kahaHABIK HM@PIbIK aeMae epKiH 6armap skacayra
KabineTTi, )kaH-KaKThI O9ceKere KabiJIeTTi Ty/IFa peTiHAe KaJbIIITaCThIPYFa 30D Y/IeC KOCaIbl.
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